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Abstract

Pre-election polls are increasingly being used to forecast and study elections in new
and weak democracies, but the tension that surrounds elections in less liberal regimes
may make data from such surveys particularly prone to measurement error. I com-
pare polls conducted before and after the 2011 Ugandan election, and data gathered
at various points of the election cycles in 34 African countries to show that before elec-
tions, survey respondents become increasingly wary of the interview and its purpose,
especially in less liberal regimes; that those who are wary report more support for the
incumbent, his policies and the state; and that the effect of wariness on attitudes is sig-
nificantly higher on surveys that take place immediately before elections. Misreporting
increases the estimated level of support for the incumbent, and may also significantly
change the apparent correlates of regime support across the election cycle. Pre-election
polls, ironically, may be particularly poorly suited to forecasting elections or capturing
the effects of campaigns on political attitudes.
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As pre-election polling has become more common in new, weak and semi-democracies,

the data have been put to immediate use forecasting elections, and as a benchmark for

determining whether elections were manipulated (Conroy-Krutz, 2013; Perrot et al., 2014;

Bratton et al., 2016). Studies that seek to explain why leaders manipulate elections they

would win anyway use pre-election surveys as evidence that the leaders in question are

genuinely popular (Simpser, 2013; Gehlbach and Simpser, 2015). Studies on the effects of

electoral cycles on attitudes and behaviors capture these effects by comparing pre- and post-

election survey data (Michelitch and Utych, 2016; Conroy-Krutz and Kerr, 2015; Cantu and

Garcia-Ponce, 2015; Hall et al., 2015; Eifert et al., 2010). Pre-election surveys are also used,

either alone or pooled with other survey data, to test general theories of behavior unrelated

to elections themselves (Bratton, 2008; Boas, 2005; Lupu, 2013).

Pre-election polls are of clear value in countries where data are scarce, and the proximity

of these data to an election makes them particularly attractive for predicting and analyzing

election outcomes. Nevertheless, I argue that the conclusions that have been (or will be)

drawn from these data may not be robust, because the very proximity of the surveys to

elections makes them especially prone to bias.

Incumbents in illiberal regimes use a variety of tactics to keep citizens from voting for

the opposition, and these should also discourage them from revealing support for the the

opposition on surveys. Indeed, where regimes conduct sham elections as a way to identify

their opponents or “demonstrate” overwhelming public support (Magaloni, 2007; Brownlee,

2011; Knutsen et al., 2017), the difference between casting a ballot and giving a survey

response is not obvious, especially if respondents believe the regime is conducting the survey.1

A voter who perceives too high a cost to opposing the regime in the privacy of the polling

booth is also unlikely to voice opposition out loud to a stranger at her door.

The sensitivity of political surveys should increase in election years, because that is also

when the consequences of opposition peak. In more repressive regimes, voters have an incen-

tive to avoid reporting opposition to the regime in order to avoid making themselves targets

of state-sponsored intimidation and violence, which is greatest in the year immediately pre-

ceding an election (Hafner-Burton et al., 2014; Daxecker, 2014). Even where new regimes are

not violent, they are likely to be clientelist: access to critical government goods depends on

prior support for the ultimate winner of the election, which in illiberal regimes is, by design,

most likely to be incumbent.2 To prevent defection and reduce post-election free-riding, the

incumbent may insist that voters publicly declare their support before the election (Kitschelt

and Wilkinson, 2007; Nichter, 2009). Many of the ways in which voters declare – attending
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rallies or displaying party paraphernalia – are linked specifically to campaign periods and

the arrival of an interviewer during a campaign may be seen as an attempt to garner just

such a public declaration.

Where voters understand that supporting the incumbent is the strategic choice, those

whose sincere preference is for the opposition have several options, all of which are likely to

produce unease. They may tell the truth and accept the risk; they they may lie and suffer

cognitive dissonance; or they may try to hide their preference by refusing political questions,

while knowing that they may inadvertently reveal their preference anyway. Opposition voters

who face consequences for their opposition should therefore be more likely than either sincere

regime supporters3 or opposition voters in liberal regimes to show discomfort or anxiety

during the survey. I use an item on the Afrobarometer public opinion poll, which asks the

interviewer to note whether the respondent was at ease during the interview, to capture

these voters. If the risks of opposing the regime increase during election years, and they are

sufficient to reduce stated support for the opposition, we should see that respondents are

more likely to be wary immediately before elections, and that those who are coded as wary

are more likely to support the regime than similar voters who are less concerned.4

I compare Afrobarometer data gathered on either side of the 2011 Ugandan election,

and data gathered closer and farther from elections in a cross-national sample of 34 African

countries. I show that, in accordance with expectations, survey respondents are increasingly

likely to be coded as wary in the year before an election, especially in highly illiberal regimes;

that those who are wary report more support for the incumbent and his policies despite a

likely sincere preference for the opposition; and that wariness has a significantly larger effect

on political attitudes on surveys that take place immediately before elections than on those

that take place at other times in the election cycle. Though the presence of misreporting on

surveys in weak democracies has already been demonstrated (Garcia-Ponce and Pasquale,

2015; Frye et al., 2017; Bratton et al., 2016), my results provide evidence that the extent of

bias varies over time, with the worst error in the data we might otherwise find most valuable:

that gathered immediately before an election. Misreporting will lead to overestimates of

regime support, of unknown magnitude, and may mask or even invert the correlates of

regime support, by causing those who are most starkly opposed the regime to offer the most

positive evaluations.

The results contrast with findings from Europe that data quality improves immediately

before elections because campaigns increase information and interest (Banducci and Stevens,

2015); my findings highlight that in illiberal regimes, campaigns can also increase subjects’
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discomfort, reducing data quality overall. Practically, the results indicate we should be cau-

tious using pre-election polls to predict election outcomes or evaluate their validity. We

should also be cautious about publicly releasing these data: polling results that exagger-

ate support for the incumbent can potentially help him dominate the electoral space and

preemptively legitimize manipulated returns.5 Theoretically, the results present a possible

alternative explanation for variations in public opinion across campaign cycles; scholars in-

terested in the effects of campaigns should consider and rule out this possibility, especially

when analyzing variables that may plausibly be connected to approval of an illiberal regime.

1 Misreporting Before and After the 2011 Ugandan

Election

For the analyses below, I use the Afrobarometer, a commonly-used publicly-available survey

that now covers a majority of African countries. The Afrobarometer is well-established, with

similar protocols across country-rounds: data from different Afrobarometer surveys can be

credibly compared. Importantly for detecting misreporting, the survey contains a battery

of variables on the conditions of the interview and the characteristics of the respondent,

including the enumerator’s assessment of whether the respondent was uneasy or wary during

the interview.6 If election campaigns are tense enough to cause systematic misreporting,

there should be an increase in the share of respondents coded as wary in the pre-election

period. Those who are wary should report more support for the incumbent, and the effect

should be stronger before the election, when the stakes of publicly supporting the opposition

are highest.

I first test for exacerbated bias by comparing two surveys that took place before and

after a contentious election in a single electoral autocracy, specifically the 2011 election in

Uganda. The first survey, Afrobarometer Round 4.5.2, was the second of two special pre-

election polls conducted in the weeks before the February 2011 election.7 The second is

Afrobarometer Round 5, a regularly-scheduled survey that took place less than a year after

the election, from December 2011 through February 2012. These surveys are particularly

close together by the standards of Afrobarometer surveys. In comparing them, I am holding

a number of variables constant. The sampling frames were the same for both surveys and

the demographic characteristics of the two samples are very similar (see Figure 3 in the

appendix). The Ugandan party system is also quite stable. The same two major parties,

represented by the same two candidates, have competed in every election since 2001.
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The surveys provide clear evidence of increased wariness among Ugandans interviewed

immediately before the election. On the pre-election survey, a full 30% of respondents were

coded as wary, a ten-fold increase over the share of respondents who were similarly coded as

wary on the post-election survey less than a year later (3%). Voters in opposition strongholds

were 5 percentage points more likely to be coded as wary, significant at the 10% level.

Table 1 and Figure 1 show that in addition to being more common before the election,

wary respondents were far less likely to report support for the opposition before the election,

choosing instead to either support the incumbent or refuse to respond. In the model, I isolate

those who have a likely sincere preference for the opposition, since these voters have the

greatest incentive to misreport is response to repression by the incumbent. I use respondents’

ethnicity as an exogenous proxy for likely opposition support. Three ethnic groups voted

as blocs against the incumbent in 2006, 2011 and 2016 – the Itesot and Kumam, in eastern

Uganda, and the Acholi in the north.8 I include a three-way interaction between opposition

ethnicity, wariness and the survey round, as well as the interaction’s constituent terms.9

The table presents the results of a multinomial logit with three choices: the incumbent

president, the leader of the opposition, or refusal or non-response.10 Support for the oppo-

sition is the omitted category. The figure plots the effect of wariness on reported support

for the opposition, by opposition and non-opposition ethnic groups, before and after the

election. I control for education, urban residence, age and gender; the full models including

controls are shown in Table 5 in the appendix.

The results show that wariness induces respondents with a likely sincere preference for

the opposition to hide that preference immediately before the election. As shown in Figure 1,

wariness does not significantly affect vote choice for those not of opposition ethnic groups, nor

does it affect vote choice after the election is over. Before the election, however, wary voters

in opposition strongholds are significantly less likely to say they support the opposition.

Wary opposition voters on the pre-election survey were an estimated 25 points less likely

to report an intention to vote for the opposition, 6 points more likely to report support

for the incumbent and 20 points more likely to refuse to answer: systematic non-response

by opposition supporters further increases the incumbent’s share of those who report a

preference.11 Opposition voters who did not appear concerned, on the other hand, were 20

points more likely than other voters to report support for the opposition, just as we would

expect from voters who are not falsifying their preferences.
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Table 1: Survey timing, wariness and attitudes: Ugandan sample

Incumbent Non-response
Opposition ethnic group -0.129 0.206

(0.248) (0.369)

Pre-election 0.675∗∗∗ -0.956∗∗∗

(0.148) (0.273)

Wary 0.449 0.869
(0.522) (0.534)

Wary × pre-election -0.496 0.164
(0.565) (0.541)

Opposition × pre-election -0.976∗ 0.117
(0.391) (0.835)

Wary × opposition -0.840 -0.728
(1.007) (0.981)

Wary × opposition × pre-election 2.722∗ 2.100∗

(1.211) (1.046)
N 3948 3948

Standard errors in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Presents the results of multinomial logit in which support for the opposition is the omitted category.
Controls not shown include rural residence, education, gender, and age. The model includes random errors
at the level of the enumerator.
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Figure 1: Effect of wariness on vote choice, by ethnicity, pre- and post-election

Presents the effect of wariness on support for the opposition, as estimated from a multinomial logit in
which voting for the incumbent and non-response were the other choices. Controls not shown include rural
residence, education, gender, and age. The model includes random errors at the level of the enumerator.

2 Alternative Sample and Dependent Variables

Uganda is among one of Sub-Saharan Africa’s more repressive regimes, and vote intentions

may be particularly sensitive because the question is so overt, raising concerns that the

results above are not typical. I provide evidence of pre-election preference falsification on

the full cross-national Afrobarometer sample, and for a set of dependent variables from which

one could infer that a respondent might plan to vote against the regime, but which do not

require the respondent to directly make such a statement. I use Afrobarometer Round 5

(2011-2013), which includes 35 countries which range from 0.07 to 0.78 on V-Dem’s liberal

democracy score12 for 2012. I create an indicator for every round that took place within

a year of a presidential or general election,13 and interact this with the respondent-level

wariness dummy used above. Unlike in the model above, I do not include the additional

interaction with likely opposition support, in part because likely opposition supporters are

not necessarily as identifiable in other countries as they are in Uganda and in part because

the dependent variables are scales rather than discrete choices, so there may be measurable

pro-incumbent movement even for those who already weakly favor the regime.14

As in the Ugandan sample, the share of respondents coded as wary increases significantly
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as elections near: respondents interviewed in the year before an election are 5 points more

likely to be coded as wary, using the model and controls shown in Table 4. Not surprisingly,

the effect is driven almost entirely by less liberal regimes: an interaction term between the

survey timing and V-Dem score is large and highly significant. In regimes less liberal than the

median, respondents are 11 points more likely to be coded as wary on surveys that take place

during an election year. In the most liberal regimes, the share of wary respondents is roughly

the same during election and non-election years. This provides additional evidence that

increased wariness before an election is a response to increased repression by the incumbent.

The results in Table 2 and Figure 2 confirm that wary respondents in the full sample

give more pro-incumbent responses even when they are not directly asked who they will

vote for, and that the extent of misreporting increases in election years. The dependent

variables in these analyses include approval of the incumbent’s performance; assessment of

how often the incumbent ignores the law; overall satisfaction with democracy; and perceived

government discrimination against the respondents’ ethnic group.15 The results shown in

Table 2 are generated from a logit model with random effects at the level of the enumerator,

which are perfectly nested within countries.16 The figure provides the effect of wariness on

these variables during election and non-election years. The effects of controls including rural

location, education, gender, age, V-Dem score and a dummy for North Africa, are shown in

Table 5 in the appendix.

The results show that those who are coded as wary are significantly more likely to give

pro-incumbent responses on surveys in the year before an election. In non-election years,

wary respondents are neutral to negative about the incumbent, with significantly more com-

plaints about violation of rule of law and discrimination. In election years, however, wary

respondents are far more likely than non-wary respondents to say they approve of the in-

cumbent and are satisfied with democracy, far less likely to say the incumbent violates the

law, and equally likely to say that they are discriminated against.

3 Ruling out Alternative Explanations

The results above indicate that those coded as wary are more positive toward the incumbent

during election years, which I have taken as evidence of misreporting by respondents. One

possible alternative explanation for this pattern is that these respondents actually changed

their minds right before the election, perhaps because the incumbent was an adept cam-

paigner. In this case, however, there should be an increase in support for the incumbent
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Table 2: Survey timing, wariness and attitudes: full Afrobarometer sample

(1) (2) (3) (4)
Presidential Incumbent Democratic Government

approval ignores law satisfaction discrimination
(or strong approval) (often or always) (> not at all) (often or always)

Wary -0.020 0.072 0.076 0.247∗∗∗

(0.035) (0.040) (0.039) (0.039)

Election year -0.559∗∗∗ 0.149 -0.340∗∗∗ -0.237
(0.110) (0.117) (0.098) (0.143)

Wary × election year 0.429∗∗∗ -0.431∗∗∗ 0.305∗∗∗ -0.249∗∗

(0.074) (0.083) (0.078) (0.091)

Constant 0.608∗∗∗ -0.515∗∗∗ 0.808∗∗∗ -0.836∗∗∗

(0.131) (0.141) (0.124) (0.167)
N 47627 41654 51023 45099

Standard errors in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Presents the effect of wariness on reported attitudes, conditional on the proximity of an election. Controls
not shown include rural location, education, gender, age, poverty, religion, V-Dem score and a regional
dummy for Middle East-North Africa. The model is a logit model with random effects at the level of the
survey enumerator.

among all respondents, not just the wary ones. The results in Tables 1 and 2 show that those

who were not coded as wary actually became significantly less supportive of the incumbent

during election years.

A second alternative explanation is that those coded as wary expanded in the pre-election

period to include respondents who support the incumbent, perhaps because it was the op-

position that was engaging in intimidation or clientelism.17 If this were the case, we would

expect that those coded as wary would be more likely to believe they were being monitored

by the opposition during election years. Instead, the opposite is true: wary respondents on

pre-election surveys were significantly more likely than either non-wary respondents or those

interviewed after an election to say that the they believed the government sent the enu-

merator to interview them. Indeed, replacing enumerator-coded wariness with self-reported

government monitoring generates substantively similar results (though not all variables re-

tain significance), providing evidence that wariness is capturing increased monitoring by the

state (see Tables 9 and 10 in the appendix).
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Figure 2: Effect of wariness on attitudes, election and non-election years

Presents the effect of wariness on reported attitudes, conditional on the proximity of an election. Controls
not shown include rural location, education, gender, age, poverty, religion, V-Dem score, and a regional
dummy for North Africa. The model is a logit model with random effects at the level of the survey
enumerator.

A final alternative explanation is that voters decide to vote for the incumbent because

they are given a bribe to do so, but that bribes are targeted to the same types of people

who are more likely to be coded as wary (e.g. young men), so that only these types of

voters change their minds. Controlling for self-reported receipt of a “voting incentive”,and

specifically receipt of an incentive in an election year, fails to reduce the increased impact

of wariness on pre-election surveys, in both samples (see Tables 11 and 12.) Wariness is

therefore not a proxy for receipt of a payout.

4 Substantive Implications

The first implication of the above analysis is that surveys conducted in election years will

tend to overestimate support for the incumbent. Without an objective measure of vot-

ers’ preferences (e.g. unmanipulated voting returns), it is impossible to know the precise

magnitude of the overestimation in a given country: if those coded as wary are the only

respondents at risk of misreporting, then the total error may be small, especially in more

liberal regimes. However, we cannot know from these data how many respondents felt they

were being monitored, and misreported accordingly, without betraying their anxiety to the
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enumerator. Indeed, the share of those who believed they were being interviewed by the

government (62%) was far higher than the share who were coded as overtly wary, as is the

share of people who reported that one must “be careful what you say about politics” (64%).

If these respondents are also inclined to misreport, attitudes among “non-wary” respondents

may already contain pro-incumbent bias, and the extent of overestimation may be substantial

enough to meaningfully affect the predicted outcome of an election.

More importantly, bias is likely to be systematically higher among certain types of respon-

dents, potentially changing our substantive conclusions about the demographic correlates of

attitudes in pre-election data. In Tables 3 and 4, I show that two demographic characteristics

that have significantly different effects on surveys conducted during election years – gender

in Uganda and education in the full sample – are also significant predictors of pre-election

wariness. It is possible that different groups respond differently to electoral campaigns, but it

is also possible that the changes are artifacts of variable rates of misreporting across groups.

Model 1 of Table 3 identifies who was most likely to be coded as wary on the pre-

and post-election rounds in Uganda. The results indicate that while men and women were

similarly wary after the election, women were significantly less likely than men to be coded

as wary before the election, possibly because men are the primary targets of pre-electoral

violence (Bardall, 2011). This suggests that men will disproportionately give pro-incumbent

responses on the pre-election survey, but not on the post-election survey, altering the effect

of gender on regime support. Indeed, in Model 2, I show that the impact of gender on

reported support for the incumbent reverses across the waves: before the election men were

5 percentage points more likely to report an intention to vote for the incumbent, while after

the election, women more likely to support the incumbent. Models 3-4 show a similar reversal

across waves on two variables that recent literature has linked with gender: political interest,

and policy priorities (Coffe and Bolzendahl, 2011; Isaksson et al., 2012; Logan and Bratton,

2006; Gottlieb et al., 2016).18 In other words, the effect of gender on Ugandans’ attitudes is

highly conditional on the timing of the survey, and this is plausibly the result of changes in

the extent of misreporting by men and women.

In Table 4, I show a similar pattern in the full Afrobarometer sample. Model 1 in Table

4 indicates that younger, rural and less educated respondents are particularly likely to be

coded as wary, especially before the election. Model 2 shows that one of these – education

– also has a significantly stronger effect on predicting presidential approval on pre-election

surveys. During non-election years, those with no formal education are only 4 points more

likely to approve of the incumbent than those with a secondary degree. During election years,
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this difference increases to ten points. Models 3-4 of Table 4 show a similar pattern for two

additional outcomes associated with education – satisfaction with democracy (Bratton and

Mattes, 2001; Doorenspleet, 2012) and political interest (Croke et al., 2016; Keller, 1980).

Though it is certainly possible that campaigns have differential effects on the more- and less-

educated, an alternative explanation may be that highly educated respondents are less wary

about reporting support for the opposition, while less educated respondents feel increasingly

vulnerable as elections approach.

5 Conclusion

The results of the above analysis show that wary survey respondents in Africa’s new democ-

racies are more likely to give pro-incumbent survey responses, and that both the share of

wary respondents and the extent of misreporting among these respondents increases imme-

diately before elections, when the risks of publicly opposing the regime are highest. The

results do not necessarily capture the full extent of misreporting in these data: there may

be respondents who falsify their preferences without appearing wary to the enumerator, and

there is little way to tell who these respondents are. Instead the results demonstrate that

whatever bias there is in the data, it is likely to be greatest on surveys that take place

immediately before elections.

Using pre-election data naively may cause analysts to overestimate support for the incum-

bent, especially in repressive regimes, with implications both for forecasting and for explain-

ing the apparent popularity of semi-autocratic leaders. Comparing pre- and post-election

polls may cause scholars to attribute to shifting attitudes what is actually differential misre-

porting, especially when the comparison shows an apparent increase in anti-incumbent views

after the election. Data gathered immediately before elections in weak or clientelist democ-

racies should be analyzed in light of the potential for exacerbated bias. Those with a choice

of polling data should consider using data gathered at other times, even for election-related

inquiries. Additionally, we should be cautious about releasing pre-election data: though the

results are mixed, it is possible that releasing poll results that inflate support for the in-

cumbent may plausibly further demobilize opposition supporters (Goeree and Großer, 2007;

Marsh, 1985). To the extent that the specter of a landslide victory for the incumbent further

increases the costs of persisting in open opposition to the regime, the release of biased polls

may actually help convince opposition voters to capitulate, creating the very conditions it

purported to measure.
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Table 3: Correlates of wariness and political attitudes: Ugandan sample

(1) (2) (3) (4) (5)
Wary Vote for Political Priority: Priority:

incumbent interest governance poverty
Age 0.006 0.013∗∗ -0.003 0.007 0.001

(0.013) (0.004) (0.005) (0.006) (0.004)

Female 0.336 0.214∗ -0.588∗∗∗ -0.652∗∗∗ 0.292∗∗

(0.234) (0.083) (0.137) (0.154) (0.101)

Education -0.061 -0.085∗∗ -0.007 0.236∗∗∗ -0.150∗∗

(0.079) (0.031) (0.042) (0.043) (0.046)

Rural -0.412 0.299 0.287 -0.010 0.344
(0.363) (0.160) (0.249) (0.208) (0.182)

Pre-election 4.148∗∗∗ 0.937 0.418 -0.663 1.284
(0.949) (0.600) (1.115) (0.947) (0.841)

Age × pre-election -0.015 -0.008 0.016 0.001 -0.008
(0.013) (0.006) (0.016) (0.009) (0.009)

Female × pre-election -0.572∗ -0.432∗∗ 0.945∗∗∗ 0.921∗∗∗ -0.381∗

(0.274) (0.133) (0.243) (0.242) (0.161)

Education × pre-election -0.078 -0.010 0.063 -0.014 -0.017
(0.086) (0.039) (0.072) (0.076) (0.076)

Rural × pre-election -0.213 0.137 -0.361 0.185 -0.588
(0.449) (0.251) (0.390) (0.366) (0.337)

N 4359 4359 4331 4359 4359

Standard errors in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Presents the results of logit models in which respondent’s wariness and respondent’s reported support for
the ruling party are the dependent variables. Data are from Rounds 4.5.2 and Round 5 of the Uganda
Afrobarometer.
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Table 4: Correlates of wariness and political attitudes: full Afrobarometer sample

(1) (2) (3) (4)
Wary Presidential Democratic Political

approval satisfaction interest

Age -0.007∗∗∗ 0.006∗∗∗ -0.001 0.007∗∗∗

(0.001) (0.001) (0.001) (0.001)

Female 0.248∗∗∗ 0.045 0.126∗∗∗ -0.521∗∗∗

(0.028) (0.026) (0.029) (0.028)

Education -0.125∗∗∗ -0.041∗∗∗ -0.051∗∗∗ 0.170∗∗∗

(0.008) (0.007) (0.008) (0.008)

Rural -0.020 0.130∗∗∗ 0.162∗∗∗ 0.107∗∗

(0.034) (0.030) (0.034) (0.033)

V-Dem score 0.110 0.160 2.041∗∗∗ 0.134
(0.319) (0.272) (0.244) (0.258)

North Africa 1.646∗∗∗ -0.692∗∗∗ -0.085 0.684∗∗∗

(0.151) (0.130) (0.112) (0.129)

Election year 2.068∗∗∗ -0.277 -0.824∗∗∗ -0.492
(0.297) (0.256) (0.240) (0.257)

V-Dem × election year -3.981∗∗∗ 0.188 1.833∗∗∗ 0.701
(0.638) (0.531) (0.482) (0.501)

Age × election year -0.005∗ -0.000 -0.000 0.000
(0.002) (0.002) (0.002) (0.002)

Female × election year 0.040 0.031 0.142∗ -0.041
(0.061) (0.056) (0.062) (0.065)

Education × election year -0.064∗∗∗ -0.068∗∗∗ -0.056∗∗ 0.051∗∗

(0.019) (0.017) (0.018) (0.019)

Rural × election year 0.186∗ -0.048 0.109 0.133
(0.079) (0.071) (0.079) (0.080)

Constant -1.403∗∗∗ 0.729∗∗∗ 1.181∗∗∗ 1.034∗∗∗

(0.160) (0.137) (0.126) (0.133)

N 51023 47627 51023 50513

Standard errors in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Presents the effect of wariness on reported attitudes, conditional on the proximity of an election. Controls
not shown include rural location, education, gender, age, poverty, religion, Polity score and a regional
dummy for Middle East-North Africa. The model is an OLS with random effects at the level of the survey
enumerator. 14
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Notes
1Most surveys go out of their way to reassure respondents that they are not affiliated with the regime

and that their responses will be kept confidential, but it is unclear why voters in repressive regimes would
believe this. Indeed, in the data I analyze below, a majority of respondents say they think the survey is
being conducted by the government, even when the enumerator has told them otherwise.

2My argument necessarily assumes that the incumbent party is more powerful than the opposition. I
assume this largely because regimes that are liberal enough to allow a strong opposition to flourish are
generally not the countries where we would expect voters to be so afraid of either party that they would
strategically misreport their preferences (beyond the impacts of social desirability or enumerator effects
(Adida et al., 2016; Carlson, 2016)). Where we expect substantial strategic misreporting, therefore, we
should also expect this misreporting to favor the incumbent.

3It is also possible that even in illiberal regimes, respondents in opposition strongholds may be more
concerned about appealing to local opposition leaders than the national regime, and therefore that wariness
will be correlated with regime support. I provide several analyses to rule out this possibility below.

4There are many apolitical reasons for voters to be uncomfortable, including time pressures or a general
desire for privacy, but little reason to think these should vary systematically with the timing of the survey.

5It is possible that both of these occurred with the 2011 Ugandan election I analyze here. Despite good
evidence of manipulation (EUEOM, 2011; Callen et al., 2016; Klimek et al., 2012) a number of scholars
have argued that the election was fundamentally valid because official returns were close to pre-election polls
(Conroy-Krutz, 2013; Perrot et al., 2014). The polls were trumpeted by the incumbent as evidence of his
overwhelming popularity both before and after the election.

6The indicators codes respondents as “at ease” (85%), “suspicious” (12%), or somewhere in between
(3%). I code the latter two categories as “wary”.

7The first pre-election poll, conducted six weeks earlier, produced almost identical results.
8I do not assume that all members of these groups oppose the regime, or that all members of other

groups support the incumbent: I assume only that there is a substantial correlation between ethnicity and
vote choice, such that one can be used as a proxy for the other. The results are robust to redrawing the
boundaries of the opposition, by either omitting any one of the three groups, or by adding voters from the
capital city of Kampala, where the incumbent generally fares poorly.

9It is possible that in opposition strongholds, some respondents face pressure to vote as a bloc with their
neighbors, and publicly report support for the opposition when they actually intend to vote for the incumbent.
In this case, misreporting by some respondents in support of the incumbent will be counteracted by others
misreporting support for the opposition, and the coefficient represents an underestimate of pro-incumbent
misreporting.

10I omit the small share of respondents who indicated they would vote for a minor or independent party
as it is unclear whether we should expect wary respondents to be less likely to give this response (because
it indicates the respondent would not support the incumbent) or more likely (because it indicates the voter
will waste their vote on a party that can’t win). The main results are robust to adding “minor party” as a
fourth category.

11We should expect non-response to go down in before an election simply because more people will be
paying attention to politics and have firmer opinions to report (Banducci and Stevens, 2015). Non-response
may also go down as a function of vote-buying, if vote-buying is intended to increase mobilization. Not
surprisingly, therefore, subjects who are not wary become far more likely to report a preference – for either
incumbent or opposition – before the election. Increased non-response among wary right before the election
therefore implies that respondents are attempting to hide their sincere preferences.

12I use the liberal democracy score because I am concerned less about the mere presence of elections than
about the freedom of citizens to oppose the regime without risk.

13Table 7 in the appendix presents a model with election proximity measured continuously from the date of
the survey, in blocks of 90 days. Since this creates within-country variation, I also add country fixed effects.
The results are the same as those using the dichotomous measure. I choose the dichotomous measure because
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I believe that the incumbent behaviors that create wariness are not continuous, but increase sharply during
election years.

14In the models below, I collapse the scales into dichotomous indicators so that the predicted values can
be expressed intuitively as proportions of the sample. The results are the same if the indicators are left as
scales.

15There are dozens of possible dependent variables on the Afrobarometer. I select these because they
capture of range of theoretically important attitudes, and in many cases also proxy for other related variables.
Presidential approval is correlated with trust in the ruling party. Perception that the executive ignores the
law is correlated with perceived corruption and with respondents’ agreement that the incumbent should
be beholden to the law. Satisfaction with democracy is correlated with perceived extent of democracy.
Replacing the shown dependent variables with related indicators does not substantively change the results.

16Table 8 shows that the results are robust to using random effects at the level of the country, or clustering
standard errors by country or enumerator.

17Recent studies have suggested that opposition parties carry out both (Vicente, 2014; Collier and Vicente,
2014).

18I coded those who listed a political problem as their top concern, including corruption, democracy or
term limits, as these are the policy problems most likely to imply opposition to the regime. I also coded those
who listed poverty as their primary concern, since this is the area where men’s and women’s priorities most
strongly diverge (Gottlieb et al., 2016). Since respondents can only give one top priority, these outcomes are
(imperfect) substitutes for each other.
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Figure 3: Effect of survey round on sample characteristics: Ugandan sample
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Table 5: Full results - Uganda analysis

Incumbent Non-response
Education -0.164∗∗∗ -0.158∗∗∗

(0.028) (0.037)

Age 0.018∗∗∗ 0.010
(0.004) (0.006)

Rural 0.176 -0.297
(0.143) (0.187)

Female 0.060 0.202∗

(0.080) (0.100)

Opposition ethnic group -0.129 0.206
(0.248) (0.369)

Pre-election 0.675∗∗∗ -0.956∗∗∗

(0.148) (0.273)

Wary 0.449 0.869
(0.522) (0.534)

Wary × pre-election -0.496 0.164
(0.565) (0.541)

Opposition × pre-election -0.976∗ 0.117
(0.391) (0.835)

Wary × opposition -0.840 -0.728
(1.007) (0.981)

Wary × opposition × pre-election 2.722∗ 2.100∗

(1.211) (1.046)

Constant 0.488 0.852
(0.369) (0.450)

N 3948 3948

Standard errors in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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Table 6: Full results - Afrobarometer analysis

(1) (2) (3) (4)
Presidential Incumbent Democratic Government

approval ignores law satisfaction discrimination
(or strong approval) (often or always) (> not at all) (often or always)

Wary -0.020 0.072 0.076 0.247∗∗∗

(0.035) (0.040) (0.039) (0.039)

Rural 0.114∗∗∗ -0.126∗∗∗ 0.157∗∗∗ 0.034
(0.027) (0.031) (0.030) (0.030)

Education -0.053∗∗∗ 0.064∗∗∗ -0.061∗∗∗ -0.006
(0.006) (0.007) (0.007) (0.008)

Female 0.049∗ -0.055∗ 0.150∗∗∗ 0.023
(0.023) (0.026) (0.026) (0.026)

Age 0.006∗∗∗ -0.000 -0.000 0.000
(0.001) (0.001) (0.001) (0.001)

V-Dem score 0.277 -2.048∗∗∗ 2.562∗∗∗ -1.451∗∗∗

(0.233) (0.248) (0.211) (0.312)

North Africa -0.656∗∗∗ 0.610∗∗∗ 0.003 0.000
(0.128) (0.135) (0.111) (.)

Election year -0.559∗∗∗ 0.149 -0.340∗∗∗ -0.237
(0.110) (0.117) (0.098) (0.143)

Wary × election year 0.429∗∗∗ -0.431∗∗∗ 0.305∗∗∗ -0.249∗∗

(0.074) (0.083) (0.078) (0.091)

Constant 0.608∗∗∗ -0.515∗∗∗ 0.808∗∗∗ -0.836∗∗∗

(0.131) (0.141) (0.124) (0.167)
N 47627 41654 51023 45099

Standard errors in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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Table 7: Effect of proximity on presidential approval, using continuous measure

(1) (2) (3) (4)
Presidential Incumbent Democratic Government

approval ignores law satisfaction discrimination
(or strong approval) (often or always) (> not at all) (often or always)

Election proximity (in 90 days) -0.008 -0.097∗∗∗ 0.004 0.018
(0.022) (0.023) (0.018) (0.018)

Wary 0.046∗∗∗ -0.045∗∗∗ 0.018∗ -0.000
(0.010) (0.010) (0.008) (0.008)

Rural 0.039∗∗∗ -0.021∗∗∗ 0.032∗∗∗ 0.000
(0.004) (0.004) (0.004) (0.004)

Education -0.012∗∗∗ 0.012∗∗∗ -0.010∗∗∗ -0.000
(0.001) (0.001) (0.001) (0.001)

Female 0.004 -0.009∗ 0.017∗∗∗ 0.000
(0.004) (0.004) (0.003) (0.003)

Age 0.001∗∗∗ 0.000 -0.000∗ 0.000
(0.000) (0.000) (0.000) (0.000)

Wary × election proximity 0.006∗∗∗ -0.007∗∗∗ 0.002∗ -0.003∗∗∗

(0.001) (0.001) (0.001) (0.001)

Constant 0.539∗ -0.697∗∗ 0.843∗∗∗ 0.508∗∗

(0.212) (0.224) (0.174) (0.178)
N 47627 41654 51023 51023

Standard errors in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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Table 8: Model 1 of Table 6, with differing effects/clusters

(1) (2) (3) (4)
Pre-election -0.563∗∗∗ -0.548 -0.490∗∗∗ -0.490∗∗

(0.110) (0.333) (0.092) (0.174)

Wary -0.022 -0.134∗∗∗ -0.051 -0.051
(0.035) (0.029) (0.060) (0.079)

Rural 0.117∗∗∗ 0.194∗∗∗ 0.183∗∗∗ 0.183∗∗

(0.027) (0.022) (0.040) (0.065)

Education -0.054∗∗∗ -0.060∗∗∗ -0.067∗∗∗ -0.067∗∗

(0.006) (0.006) (0.010) (0.021)

Female 0.043 0.013 0.002 0.002
(0.023) (0.021) (0.024) (0.032)

Age 0.006∗∗∗ 0.003∗∗∗ 0.002 0.002
(0.001) (0.001) (0.001) (0.002)

V-Dem score 0.209 0.464 0.307 0.307
(0.233) (0.708) (0.192) (0.531)

North Africa -0.675∗∗∗ -0.387 -0.484∗∗∗ -0.484
(0.127) (0.368) (0.130) (0.478)

Vote incentive -0.233∗∗∗ -0.282∗∗∗ -0.327∗∗∗ -0.327∗∗

(0.033) (0.027) (0.054) (0.105)

Wary × pre-election 0.427∗∗∗ 0.443∗∗∗ 0.359∗∗ 0.359∗

(0.074) (0.059) (0.127) (0.146)

Constant 0.684∗∗∗ 0.565 0.646∗∗∗ 0.646
(0.131) (0.341) (0.134) (0.342)

Random effects Enumerator Country – –
Clustered SEs – – Enumerator Country
N 47627 47627 47627 47627

Standard errors in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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Table 9: Effect of perceived government monitoring: Uganda sample

Incumbent Non-response
Opposition ethnic group 0.239 0.254

(0.303) (0.388)

Pre-election 0.469∗ -1.139∗∗∗

(0.208) (0.263)

Government interviewer 0.255 -0.061
(0.160) (0.178)

Government × pre-election 0.207 0.583
(0.282) (0.323)

Opposition × pre-election -1.269∗∗ 0.243
(0.462) (0.985)

Government × opposition -0.790 -0.151
(0.414) (0.299)

Government × opposition × pre-election 1.427∗ 0.565
(0.595) (0.736)

Constant 0.175 1.006∗

(0.366) (0.431)
N 3747 3747

Standard errors in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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Table 10: Effect of perceived government monitoring: Afrobarometer sample

(1) (2) (3) (4)
Presidential Incumbent Democratic Government

approval ignores law satisfaction discrimination
(or strong approval) (often or always) (> not at all) (often or always)

Government interviewer 0.172∗∗∗ -0.132∗∗∗ 0.089∗ 0.007
(0.033) (0.037) (0.037) (0.037)

Pre-election -0.594∗∗∗ 0.254∗ -0.442∗∗∗ -0.368∗

[1em] (0.118) (0.127) (0.108) (0.156)
Gov’t × pre-election 0.211∗∗ -0.351∗∗∗ 0.249∗∗∗ 0.119

(0.070) (0.078) (0.075) (0.091)

Constant 0.509∗∗∗ -0.311∗ 0.697∗∗∗ -0.814∗∗∗

(0.137) (0.149) (0.133) (0.175)
N 40736 35935 43114 38583

Standard errors in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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Table 11: Outcomes controlled for vote-buying: Uganda sample

Incumbent Non-response
Opposition ethnic group -0.105 0.221

(0.267) (0.360)

Vote incentive received -0.099 -0.241
(0.149) (0.175)

Pre-election 0.765∗∗∗ -0.909∗∗

(0.166) (0.289)

Wary 0.426 0.890
(0.506) (0.533)

Incentive × pre-election -0.495∗ -0.580∗

(0.229) (0.279)

Wary × pre-election -0.464 0.165
(0.548) (0.540)

Opposition × pre-election -1.087∗∗ -0.005
(0.404) (0.855)

Wary × opposition -0.831 -0.752
(1.002) (0.968)

Wary × opposition × pre-election 2.835∗ 2.238∗

(1.206) (1.066)

Constant 0.513 0.908∗

(0.375) (0.450)
N 3910 3910

Standard errors in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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Table 12: Outcomes controlled for vote-buying: Afrobarometer sample

(1) (2) (3) (4)
Presidential Incumbent Democratic Government

approval ignores law satisfaction discrimination
(or strong approval) (often or always) (> not at all) (often or always)

Wary -0.022 0.075 0.075 0.248∗∗∗

(0.035) (0.040) (0.039) (0.039)

Vote incentive received -0.237∗∗∗ 0.279∗∗∗ -0.123∗∗ 0.107∗∗

(0.037) (0.040) (0.042) (0.040)

Election year -0.567∗∗∗ 0.148 -0.315∗∗ -0.242
(0.111) (0.118) (0.099) (0.144)

Wary × election year 0.427∗∗∗ -0.426∗∗∗ 0.301∗∗∗ -0.250∗∗

(0.074) (0.083) (0.078) (0.091)

Incentive × election year 0.019 0.034 -0.130 0.041
(0.080) (0.087) (0.084) (0.103)

Constant 0.685∗∗∗ -0.609∗∗∗ 0.849∗∗∗ -0.872∗∗∗

(0.131) (0.141) (0.125) (0.167)
N 47627 41654 51023 45099

Standard errors in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001
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