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Abel Escribà-Folch∗, Covadonga Meseguer†, and Joseph Wright‡.§

March 31, 2017

Abstract

Remittances – money migrant workers send back home – are the second largest source of inter-
national financial flows in developing countries. As with other sources of international finance,
such as foreign direct investment and foreign aid, worker remittances shape politics in recipient
countries. We examine the political consequences of remittances by exploring how they influence
anti-government protest behavior in non-democratic recipient countries. While recent research
argues that remittances have a pernicious effect on politics by contributing to authoritarian
stability, we argue the opposite: remittances increase political protest in non-democracies by
augmenting the resources available to potential political opponents. Using cross-national data
on a latent measure of anti-government political protest, we show that remittances increase
protest. To explore the mechanism linking remittances to protest, we turn to individual-level
data from eight non-democracies in Africa to show that remittance receipt increases protest in
opposition regions but not in progovernment regions.
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Introduction

Do remittances spur anti-regime protests in authoritarian regimes? Remittances – money migrant

workers send back home – are the second most largest financial inflow for developing countries, only

behind foreign direct investment.1 As a result, there is growing scholarly interest in understanding

how out-migration and remittances influence a number of important outcomes in recipient coun-

tries (Kapur, 2014; Meseguer and Burgess, 2014) such as poverty, economic stability, corruption,

exchange rate regimes, institutional quality, public spending, and political stability (Chami et al.,

2008; Singer, 2010; Abdih et al., 2012; Ahmed, 2012; Pfutze, 2012; Easton and Montinola, 2014).

Given the growing size of inflows, remittances are often compared to other forms of foreign

income such as foreign aid or oil rents. Yet remittances differ from these other income in-

flows in that they are private transfers sent by migrant workers and accrue directly to house-

holds, groups or even organizations within recipient countries. As with aid, oil rents, and even

foreign investment, some argue that remittances stabilize authoritarian governments (Ahmed,

2012). Conversely, more recent evidence shows that remittances promote democratization in party-

based regimes by undermining electoral support for incumbent dominant parties (Pfutze, 2012;

Escribà-Folch, Meseguer and Wright, 2015). Indeed, in the decades following the end of the Cold

War, electoral defeat has been the most common way non-democracies collapsed, with nearly one-

quarter (16 events) ending when autocratic parties lost elections.2

Anti-regime collective action, such as non-violent protest campaigns, may also destabilize

autocracies and result in regime transition (Bratton and van de Walle, 1997; Ulfelder, 2005;

Chenoweth and Stephan, 2011; Rivera and Gleditsch, 2013). In fact, popular uprisings are the

second most common way autocracies have ended since 1989, accounting for 20 percent (13 events)

of all regime collapse events.3 As popular revolts ousting autocratic leaders have become more

common, the incidence of coups has decreased.4 Large, sustained anti-government protests have

1In 2015, according to UNCTAD and World Bank data, developing countries received $681 billion in FDI, while
remittances amounted to $431.6 billion.

2Data are from Geddes, Wright and Frantz (2014).
3In the 2000s, uprisings became as important as electoral defeats with both types of failure accounting for 24

percent of all autocratic regime failures.
4See Andrea Kendall-Taylor and Erica Frantz, “Autocrats now more vulnerable to being ousted by revolt,” The

Washington Post, 9 April 2014. See also Erica Chenoweth and Maria J. Stephan, “How the world is proving Martin
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precipitated the downfall of a number of autocracies in the recent decades (McFaul, 2002), in-

cluding the revolutionary wave in Eastern Europe Communist regimes, the Color Revolutions in

some post-Communist regimes, and, more recently, the Arab Spring in the Middle East and North

Africa. Our results show that, by fostering anti-regime protests in autocracies, remittances can

then promote regime change. Unable to influence policy through political parties, and often only

participating in farcical elections, citizens living under autocracy may dissent by engaging in costly

contentious action.

Therefore, understanding how international factors, such as migrants’ remittances, influence

contentious participation contributes, first, to research on the international dimensions of de-

mocratization. While research on protest in autocracies is relatively scarce (principally be-

cause of the low reliability of some existing protest data or their limited geographical and

temporal coverage), existing research mainly focuses on the domestic determinants of protest,

such as economic conditions, elections, democracy, technology, and other political opportunities

(Bratton and van de Walle, 1997; Scarritt, McMillan and Mozaffar, 2001; Meyer, 2004; Beaulieu,

2014; Brancati, 2014; Chenoweth and Ulfelder, 2015; Ruijgrok, 2016). Protest diffusion across bor-

ders and economic globalization are the main international factors researchers have thus far consid-

ered (Bunce and Wolchik, 2006; Beissinger, 2007; Bellinger and Arce, 2011; Gleditsch and Rivera,

2015). And to the extent that scholars look at migration, they focus on emigration policy, not

financial flows (Barry et al., 2014).

Second, research linking remittances to political behavior generally focuses on new democra-

cies (especially Mexico), and primarily uses individual or subnational data to analyze different

types of political participation. While some studies find that remittances reduce political in-

volvement, especially, turnout (Germano, 2013; Pfutze, 2014; Goodman and Hiskey, 2008), oth-

ers find that remittances increase non-electoral political engagement (Pérez-Armendáriz and Crow,

2010; Dionne, Inman and Montinola, 2014; Pérez-Armendáriz, 2014; Córdova and Hiskey, 2015).

We contribute to this literature by focusing on autocracies to examine how remittances influence a

relatively costly form of political engagement, namely anti-government protests, using a new latent

Luther King right about nonviolence,” The Washington Post, 18 January 2016.
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measure of political protest and then exploring the causal mechanisms at the individual level with

survey data.

We discuss and test two competing theories. One set of theories argues that remittances re-

duce anti-government protest by either: (1) increasing family income and thus reducing grievances

against political incumbents; or (2) by providing dictatorships with more resources to fund patron-

age to buy political support or to fund repression. Put together, these explanations predict that

remittance recipients disengage from contentious politics. We offer an alternative theory, suggesting

that remittances increase anti-government protest by either: (1) augmenting the resources avail-

able to potential political opponents and groups; and/or (2) by severing clientelistic links between

individuals and the state, which tends to reduce support for incumbent governments.

Using new global data on a latent measure of anti-government political protest for the sample

period 1976-2010, we show that remittances increase protest in non-democratic countries. To

explore the causal pathway linking remittances to protest, we turn to individual level data from

eight non-democracies in Africa to show that remittance receipt increases protest in opposition

districts and regions but not in progovernment ones. This reveals that context mediates the impact

of remittances within countries as well, and provides evidence consistent with the contention that

protests increase resources for mobilization.

In what follows, we first review the literature on remittances and political involvement. We

then discuss the causal mechanisms in order to derive our main hypothesis concerning the impact

of remittances on protests in autocracies. The next section presents the data and methods used to

test our hypotheses. The cross-national and individual level results are discussed in turn. The last

section concludes.

Remittances and Political Behavior

Remittances are a substantial inflow of income for developing countries. Unlike other sources of

unearned foreign income such as oil rents or aid, remittances accrue directly to individuals and

households that receive them. Further, remittances are a countercyclical source of income for fami-

lies (Frankel, 2011). Remittances stabilize households’ wealth and potentially contribute to poverty
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reduction and economic development (Adams and Page, 2005; World Bank, 2006a; Chami et al.,

2008). Due to these characteristics, there is a growing interest in understanding the distinctive

political consequences of remittances in recipient countries.

Remittances may have both a disengagement and an empowerment effect on recipients. The

existing evidence is not conclusive, in part because it fails to consider the mediating effect of

political context at both the country and subnational levels. On one hand, there is growing evi-

dence that worker remittances cause recipients to disengage by reducing electoral turnout (Pfutze,

2012; Germano, 2013; Pfutze, 2014; Goodman and Hiskey, 2008; Dionne, Inman and Montinola,

2014) and depressing support for incumbent parties among those left behind (Pfutze, 2012,

2014; Escribà-Folch, Meseguer and Wright, 2015).5 Further, Doyle (2015) shows that remit-

tance recipients are less likely to support leftist parties because they reduce recipients’ sup-

port for redistribution through taxation. Being countercyclical, remittances may reduce eco-

nomic grievances and dissatisfaction with government policies, leading to disengagement from

local politics (Bravo, 2007; Goodman and Hiskey, 2008). Indeed, recent research on Latin Amer-

ica suggests that remittances make recipients less dependent on state-delivered goods (Burgess,

2005; Adida and Girod, 2011; Aparicio and Meseguer, 2012; Duquette, 2014), which can explain

why remittances reduce incumbent support when these parties rely on clientelism (Pfutze, 2014;

Dı́az-Cayeros, Magaloni and Weingast, 2003).

On the other hand, numerous scholars point to an empowerment effect of remittances. Both

monetary (and social) remittances are associated with more non-electoral political participation,

such as activism in civic associations, contacting local officials, attending political meetings, and

persuading others in political discussions (Levitt, 1998; Burgess, 2005; Goodman and Hiskey, 2008;

Pérez-Armendáriz and Crow, 2010; Dionne, Inman and Montinola, 2014; Pérez-Armendáriz, 2014;

Córdova and Hiskey, 2015). In turn, greater activism at the local level is associated with higher

levels of government accountability and less corruption (Burgess, 2005; Tyburski, 2012).

Remittances may therefore influence anti-government protest as well. However, there is lit-

tle systematic research on this and less so in autocratic contexts. Pérez-Armendáriz and Crow

5Conversely, Germano (2013) finds that remittance recipients were less likely to punish the incumbent party in
the 2006 Presidential Mexican election due to increased satisfaction with the economy.
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(2010) report no link between financial remittances and protest in Mexico; and while

Dionne, Inman and Montinola (2014) show that remittance receivers are more likely to protest

and contact public officials in Africa. In an unpublished paper, Maydom (2016) uses individal data

to show that remittances increase protest in a sample of Middle East countries, most of them autoc-

racies. Barry et al. (2014) argue that open emigration policies reduce protest in non-democracies

by allowing dissenters to leave. Yet open emigration policies may increase protest if migrant re-

mittances decline when economies weaken in destination countries. Focusing on other forms of

contentious politics, Regan and Frank (2014) find that remittances reduce the risk of civil war on-

set during economic crises, arguing that remittances compensate recipients for a decline in social

welfare payments. In contrast, Miller and Ritter (2014) find that remittance inflows increase the

risk of civil war as they are a source of resources that fund rebellions.

Autocracies, Protests, and Remittances

In this section, we present two competing sets of hypotheses linking remittances to protest in

autocracies. These two theories build on alternative arguments and mechanisms. Some of the

mechanisms specify how remittances alter autocrats’ policies while others link remittances to re-

cipient political behavior. We emphasize the latter. Existing research finds that remittances can

have both an engagement as well as a disengagement effect. The literature has identified different

causal mechanisms underpinning these two opposing effects. In what follows, we posit that the

mechanisms underpinning a positive macro-relationship between remittances and protest are likely

to obtain in authoritarian regimes. We then discuss how exploiting individual-level micro data

allows us to explore alternative mechanisms linking remittance to anti-regime protest.

Remittances Dampen Protest

Two mechanisms suggest that remittances should reduce anti-regime protest: individual grievance

and government substitution. Grievance-based approaches to contentious politics posit that eco-

nomic or political deprivation motivates individuals to dissent (Gurr, 1970). Comparative evi-

dence shows that poor economic conditions and relative deprivation are correlated with protests,
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especially in non-democratic and weak polities (Brancati, 2014). Remittances may thus discour-

age protests by providing families with additional (external) income that shapes recipients’ atti-

tudes and consequent behavior. If remittances increase economic and, in turn, political satisfac-

tion with the status quo, they should induce disengagement from the political system (Germano,

2013; Regan and Frank, 2014).6 Similarly, remittances may insulate recipients from local eco-

nomic conditions and, hence, from adverse government policies shaping them, prompting less polit-

ical participation to hold decision-makers accountable (Bravo, 2007; Goodman and Hiskey, 2008).

Barry et al. (2014) also posit –but do not test– that remittances mitigate protest by increasing

the opportunity cost of challenging the regime. Indeed, existing evidence indicates that migrant

remittances are an important source of income for households in many developing countries, re-

sulting in less poverty (Adams and Page, 2005; World Bank, 2006a; Gupta, Pattillo and Wagh,

2009) and more consumption and investment, including local public goods (World Bank, 2006a,b;

Fajnzylber and López, 2007; Chami et al., 2008; Adida and Girod, 2011). Hence, countercyclical

remittance inflows (Frankel, 2011) have a compensation and insurance function (Doyle, 2015) that

can demobilize citizens during times of economic downturn and declining government spending

(Ponticelli and Voth, 2012).

A second argument contends that remittances reduce protests via autocratic governments’ poli-

cies. By increasing tax revenue from consumption levies, remittances may augment the govern-

ment’s available revenue, thereby increasing funds for patronage to cement the support of its win-

ning coalition.7 Even if not generating extra state-revenue, remittances may still allow governments

to divert public resources away from public goods: by increasing households’ income, remittances

permit autocratic governments to substitute patronage spending and repression for public goods

spending (Ahmed, 2012, 2013; Tyburski, 2014). Diverting resources to patronage and military

spending can increase citizen loyalty and improve the coercive capacity of the regime, which in

turn reduce the opportunities for protesting (Easton and Montinola, 2014).

6Doyle (2015) finds, for example, that remittance recipients are less likely to support redistribution in Latin
America.

7There is some controversy over this issue. In general though, remittances are considered to be largely non-taxable
due to tracking difficulties and their high elasticity (Ahmed, 2012; World Bank, 2006c). Yet, some research suggests
that remittances can increase revenues via consumption taxes (Singer, 2012). Escribà-Folch, Meseguer and Wright
(2015) find no evidence of such relationship in a sample of autocracies.
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Both the grievance and substitution mechanisms support the first hypothesis: remittances reduce

anti-government protest in autocracies.

Remittances Foster Protest

Several alternative mechanisms potentially link remittances to more protests in autocratic countries:

increased individual resources and citizen exit from regime clientelism. First, the resource model of

political participation contends that higher individual or household income should increase political

engagement (Brady, Verba and Scholzman, 1995). A remittance-driven boost to income could thus

increase political participation by fostering organizational capacity, self-perceived effectiveness, and

available time among those who oppose the incumbent government. Additional remittance income,

according to this logic, enables recipients to hold their government accountable by mobilizing

political engagement, a process shaped by domestic political opportunities.

The political opportunity structure, however, can vary considerably across different con-

texts. In polities with institutionalized channels for political engagement, additional resources

may simply allow dissenting citizens to increase mobilization and influence within the institu-

tions of contestation. In contexts where institutional channels are limited, in contrast, addi-

tional resources may boost less institutionalized forms of political engagement, such as protest.

Machado, Scartascini and Tommasi (2011), for example, find that more contentious and uncon-

ventional types of participation are more common in polities with weaker institutions and, hence,

fewer political opportunities. This may explain why Dionne, Inman and Montinola (2014) find that

remittances reduce some forms of political engagement, such as turnout, while, at the same time,

encouraging others form of engagement, such as contacting government officials.

Additional income thus increases the capacity for political mobilization, allowing dissenting cit-

izens to engage in the forms of participation more viable and likely to succeed given a particular

opportunity structure. In democracies, this could entail remittance recipients voting less, but also

having more resources to organize at the community level, to participate in and fund political

parties, or to lobby political representatives (Burgess, 2005; Pérez-Armendáriz and Crow, 2010;

Pérez-Armendáriz, 2014; Córdova and Hiskey, 2015). Alternatively, where formal political repre-
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sentation is weaker, voting is subject to manipulation, and incumbent turnover unlikely, remittances

may spur more contentious political engagement, such as anti-regime protest.

A closely related argument suggests that remittances may not only prompt protests by increas-

ing individual or household resources, but also by directly funding opposition political organizations

in recipient countries. Additional external funding can increase opposition organizational resources

and, in turn, boost anti-regime collective action capacity (Burgess, 2014). This mechanism entails

emigrants deliberately influencing politics in their home countries (Levitt, 1998; Kapur, 2010). For

example, O’Mahony (2013) and Nyblade and O’Mahony (2014) demonstrate that emigrants from

developing countries send more money home at election time. Other studies find that remittances

increase the risk of civil war onset and terrorist atttacks by increasing resources available to armed

groups (Collier and Hoeffler, 2004; Mascarenhas and Sandler, 2014; Miller and Ritter, 2014). Re-

mittances can thus serve as an external ‘political investment’ to fund opposition political activity

and mobilize citizens (O’Mahony, 2013). Similar to other forms of investment, though, additional

remittance resources may show decreasing marginal returns. In authoritarian contexts where op-

position groups have limited access to resources and face organizational restrictions from the state,

remittances should increase opposition capacity to challenge the government.8

Second, remittances can sever clientelistic ties between citizens and the regime, thus ‘liberating’

the former from the latter. While this logic can be used to explain why tacit regime supporters would

demobilize by, for example, failing to turn out to vote when they receive ample remittance income,

the logic may extend to all citizens who are economically reliant on the incumbent regime. The

demobilization argument assumes that income (and possibly a public good) is the sole component of

an individual’s utility function. However, if individuals’ utility also includes political or ideological

preferences, receiving remittances can increase autonomy from the state-delivered goods, activating

latent dissatisfaction with the regime (Pfutze, 2014; Escribà-Folch, Meseguer and Wright, 2015).

External income finances private consumption – and even local public goods – that substitute for

direct transfers and public services provided by the state.9 As a result, as Magaloni and Kricheli

8In contrast, in open political contexts, where opposition parties have access to ample (often public) resources for
campaigning and other activities, the impact of remittances should be smaller.

9For example, on Mexico see Adida and Girod (2011) and Duquette (2014), on Yemen see Chaudhry (1989), and
on Senegal see Diedhiou (2015).
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(2010, 128) point out, “[c]itizens with alternative sources of income can better afford to make “ide-

ological investments’ in democratization and oppose the regime.”10 This would open the possibility

not only for reduced support for the regime, but also for increased protest. Existing evidence shows

that remittances are related to lower turnout for incumbent parties in both new democracies and

dictatorships (Ahmed, 2011; Pfutze, 2012, 2014; Escribà-Folch, Meseguer and Wright, 2015), but it

is silent regarding protest. Although clientelism is present in many electoral democracies, extensive

patronage networks used to co-opt potential political opponents are a key instrument of political

survival in autocracies (Wintrobe, 1998; Bueno de Mesquita et al., 2003). Consequently, if remit-

tances provide citizens with an exit option from state-delivered goods, this additional income could

increase protest.

Both the resource and exit mechanisms support the following alternative hypothesis: remittances

increase anti-government protest in authoritarian regimes.

In the next section, we test these two competing hypotheses. To do this, we use macro-data on

remittances and political protest at the country-level. However, this approach cannot disentangle

the specific mechanisms linking remittances to protest if any, particularly at the individual level.

The resource-theory argument suggests that additional remittance income augments individuals

(or groups) capacity to mobilize, given a particular preference. While, resource mobilization theory

does not distinguish between regime supporters and opponents – and thus contends that additional

resources increase mobilization among supporters and opponents alike (Chenoweth and Ulfelder,

2015) – we posit that ideological distance from the incumbent regime is a good proxy for the

cost to the regime of buying the tacit support of citizens. Consequently, those whose political

preferences are furthest from the regime are the least likely to be part of the ruling coalition and

thus unlikely to benefit from clientelistic favors and, hence, the most likely to be activated by

external resources. The resource mechanism linking remittances to protest should therefore be

strongest amongst ideological opponents outside the regime’s patronage network and weakest in

areas with strong clientelistic ties to the regime.

10Similarly, McMann (2006, 28) posits that individuals’ ‘economic autonomy,’ defined as “the ability to earn a living
independent of the state,” can explain citizens’ willingness to challenge local authorities instead of self-censoring their
preferences.
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On the other hand, the exit mechanism suggests that remittances sever clientelistic ties be-

tween tacit regime supporters and the state by increasing the price of loyalty the government

must pay to retain support. Since regime opponents are unlikely to benefit from clientelistic ex-

changes in the first place, the exit mechanism – and consequent increase in economic autonomy

– should increase protest among tacit regime supporters tied into the regime’s coalition. Exist-

ing evidence suggests that remittances lower turnout for incumbents in dominant-party regimes

(Escribà-Folch, Meseguer and Wright, 2015), and that this decrease in support is strongest where

clientelism is prevalent and where regime support is traditionally higher and persistent (Pfutze,

2012, 2014). For instance, in Mexico, Pfutze (2014) finds that electoral disengagement among pre-

vious supporters occurred in stronghold municipalities. If remittances allow tacit supporters to

exit from the incumbent regime’s clientelistic network to protest against the regime, the evidence

linking remittances to protest should also be found in areas where the regime’s patronage network

is most extensive and its historical support higher.

Using individual-level data, we can disentangle the resource mechanism from the exit mechanism

because although both mechanisms may predict an aggregate increase in protest, they generate

different expectations at the subnational level. If the resource mechanism is correct, remittances

should increase protest among citizens most opposed to the regime and/or those more ideologically

distant from the regime. Alternatively, if the exit mechanism is correct, remittances should increase

protest in areas that have long supported the regime and were part of the regime’s clientelistic

network. However, if the weakening of clientelism only leads to political apathy among previous

supporters of the regime, then we would not observe an increase in protest among remittance

recipients in progoverment areas. After testing the macro-relationship between remittances and

protest using global country-level data, we test these latter propositions using individual level

survey data from sub-Saharan Africa.

Data and Analysis

Protest To measure protest, we use data from Chenoweth et al. (2014). This paper constructs

a latent protest variable from an item response theory (IRT) model that combines information
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from multiple existing datasets to estimate a latent mean value of yearly protest levels in each

country in the world from 1960 to 2010. The latent estimates are derived from an IRT model that

is dynamic in the treatment of the item-difficulty cut-points of the latent variable (Fariss, 2014);

further the model employs a Poisson distribution to model count data.11 Appendix A provides more

information on this variable, including the list of the eight extant protest data sets (such as Banks’

Cross-National Times Series Data, Social Conflict in Africa Data (SCAD), and the Social, Political,

Economic Event Database (SPEED) Project) used to construct the latent protest variable.

Remittances Our main independent variable, Remittances, is taken from the World Development

Indicators (WDI) and measured in US constant dollars. We use the logged value of the lagged 2-year

moving average of real remittances.

Control variables To model the relationship between worker remittances and protest, we ac-

count for potential confounding variables that are likely to determine both. We control for structural

factors associated with protest capacity and the size of remittance flows: GDP per capita and Pop-

ulation, both logged and lagged one year.12 Poor domestic economic growth may cause grievance

that fuels protest, while bad economic times may also cause citizens to elicit more remittances from

abroad. We include the lagged two-year moving average of Growth. Migrant flows – rather than

remittances themselves – may explain protest, particularly if dissenting citizens exit rather than

protest. Thus we control for Net migration lagged one year.13

Further, political protest in neighboring countries can spur protest via diffusion effects as

the Arab Spring and the Colored Revolutions illustrate (Bunce and Wolchik, 2006; Beissinger,

2007; Gleditsch and Rivera, 2015), while neighboring country economic factors that produce those

protests may, in turn, influence remittance flows. Therefore, we include a measure of Neighbor

protest, defined as the lagged mean latent level of protest in countries with capital cities within

4000km of the target country’s capital. Finally, we include an indicator of multiparty election pe-

riods because elections may spur anti-government protests (Hyde, 2011; Daxecker, 2012; Beaulieu,

11Replication files show that the latent estimate derived from a negative binomial distribution yields similar results.
12Omitting these two variables from the specification yields much stronger results than those reported below.
13These four variables are from the World Development Indicators.
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2014; Brancati, 2014; Hafner-Burton, Hyde and Jablonski, 2014), and there is evidence that elec-

tions attract significant remittances inflows (O’Mahony, 2013). We define Election periods as the

calendar year of a multiparty election or the year prior to or afterwards.14

Estimation

We begin with a linear OLS model that includes country- and (5-year) time-period effects as well as

baseline control variables (Xi,t−1): GDP per capita, population, neighbor protest, net migration,

and election period.15 The robustness section discusses tests that drop all control variables as well

as tests that include additional variables: oil rents, foreign aid, trade, capital openness, movement

restrictions, and refugee population outside the home country.16

Protesti,t = α0 + β1Remiti,t−1:t−2 + β3Xi,t−1 + ηt + ζi + εi,t (1)

where Protesti,t is the latent mean of the protest variable, Remiti,t−1:t−2 is the lagged 2-year

moving average of remittances (logged constant dollars), Xi,t−1 is a set of covariates, ηt are period

fixed effects, ζi are country fixed effects, and εi,t is the error term that allows for regime-case

clustering.17 We estimate this specification in a sample of 84 non-OECD countries that are coded

as autocracies in Geddes, Wright and Frantz (2014). The sample period is 1976 to 2010.

14Data on elections is from Hyde and Marinov (2012). Multiparty elections are those where the opposition was
allowed (nelda3) and where there were multiple candidates on the ballot (nelda5). We include only executive and
parliamentary/legislative elections, excluding constitutional referenda (type).

15A Hausman test indicates that we can reject the null that the difference in coefficients is not systematic, indicating
that a fixed effects estimator produces different estimates than a random effects estimator. That said, the estimates
for Remittances are almost identical in the FE and RE models. We opt for a fixed effects approach because these
are important for the specification of the 2SLS-IV estimator.

16Oil rents data is from Ross and Mahdavi (2015). Aid and trade data is from the WDI. The capital account open-
ness index is from Chinn and Ito (2008). Movement restrictions data is from CIRI (Cingranelli, Richards and Clay,
2014). And refugee population data is from the UNHCR.

17Robustness tests indicate that modeling HAC errors instead of cluster-robust errors produces smaller error esti-
mates.

12



OLS test

The first column of Table 1 reports results from an OLS test with country- and time-period fixed

effects.18 The first column shows that the estimated coefficient for Remittances is positive and

statistically significant. Note that the estimates for Growth (negative) and Elections (positive) are

in the expected direction and statistically significant. The standardized estimate (unreported) for

Remittances (0.088) is roughly the same (absolute) size as the standardized estimate for Growth

(-0.071), suggesting the substantive effect of remittances on protest may be as large as that of

growth.

Table 1: Anti-government protest and remittances

OLS 2SLS

Dependent variable Protest Remittances Protest
(1) (2) (3)

Remittances 0.102* 0.387*
(0.04) (0.18)

GDP per capita (log) 0.329 -0.131 0.326
(0.20) (0.42) (0.22)

Population (log) 0.993* -0.210 0.823
(0.44) (0.69) (0.49)

Neighbor protest 0.291 0.223 0.158
(0.25) (0.35) (0.28)

Growth -0.019* 0.040* -0.031*
(0.01) (0.01) (0.01)

Net migration 0.123 -0.166 0.172*
(0.08) (0.13) (0.08)

Election 0.116* 0.002 0.115*
(0.05) (0.08) (0.05)

Instrument 0.902*
(0.20)

Kleibergen-Paap Wald F statistic 19.9
Weak ID critical value (10%) 16.4
∗ p<0.05. Years: 1976 - 2010. 124 regimes in 84 countries; 1493 observations. Country-
and period-fixed effects included in all specifications but not reported. Standard errors
clustered on regime-case.

These findings remain robust when we alter the specification to drop control variables (Xi,t−1)

18Random effects models yield similar results, except for the estimates of the structural covariates (GDP per capita
and Population).
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or add covariates (conflict, trade, capital openness, foreign aid, oil rents, movement restrictions,

and refugee population). They find support in models that use random instead of fixed-country

effects, with errors clustered on country instead of regime-case, and when estimating HAC errors

that allow for autocorrelation and heteroskedasticity. Changing the approach to modeling the time

trend in the data – for example by estimating year instead of period effects or by employing a

linear or quadratic time trend – produces nearly identical results. Similarly, when we denominate

the remittance variable by GDP or by population, the results remain robust.19

To explore the findings further, we show that the results are strongest among personalist dicta-

torships, which have weaker institutions, and weakest among military juntas. Finally, we find little

support for the main findings in the pre-1991 period but strong support in the post-1990 period.

2SLS-IV tests

Although the approach in equation (1) accounts for unobserved cross-sectional factors that might

jointly determine remittances and political protest, a correlation between remittances and protest

may still reflect an endogenous relationship, either as the result of a mismeasured remittance

variable or unmodeled strategic behavior. For example, if would-be protesters seek out external

resources such as remittances to finance (or ameliorate the costs of) protest behavior, an estimate

of βRemittances in equation (1) is likely to be biased upwards. If, alternatively, regimes that are likely

to face protests restrict the flow of private external resources in anticipation of anti-government

protest, then an estimate of βRemittances would be biased towards zero.

To address endogeneity, we construct an instrument from the time trend for received remit-

tances in high-income OECD countries and a country’s average distance from the coast. First we

sum remittance receipts in high-income OECD countries (per capita constant dollars) in each year:

OECD Remitit =
∑

j Remitjt, where j are high-income OECD countries, none of which are autoc-

racies. Remittances received by citizens in high-income OECD countries mostly come from other

rich OECD countries. The World Bank, for example, estimates that 83 percent of emigrants from

high-income OECD countries migrate to other high-income OECD nations (World Bank, 2011, 12).

19See the Appendix B.
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Thus domestic factors in OECD countries, such as growth, business cycles, and fiscal policy, which

influence remittance receipts from other high-income OECD countries also determine the extent to

which migrants from non-OECD countries who work in wealthy OECD countries send remittances

back home. We find that the yearly average of high-income OECD remittances is correlated with

remittances sent to non-OECD countries. Remittances received in high-income OECD countries are

unlikely to directly influence political change in remittance-receiving non-OECD countries except

through their indirect effect on remittances sent to other countries. We account for the possibility

that remittances received in OECD countries reflect global economic trends that also influence

domestic politics in autocratic countries by modeling calendar time in various ways (period effects,

linear trend, non-linear trend).20

The high-income OECD trend in remittances received varies by year. To add cross-sectional

information, we weight the trend by the natural log of the inverse average distance from the coast.21

This means that the trend in OECD remittances is weighted more heavily in countries such as the

Philippines and El Salvador (both in the top decile for shortest distance to coastline), while being

weighted less in Central Asian countries and those such as Chad that lie far from ocean coasts.

We call this variable OECDRemitxDistance. This strategy is similar to Abdih et al. (2012), who

use the ratio of coastal area in a recipient country to total area as a cross-sectional instrument.

Distance from the coast is correlated with ease of emigration and therefore emigrant population

and remittances received, but this geographic feature is not endogenously determined by domestic

political outcomes. Other ways through which distance from the coast might influence politics

are captured in GDP per capita, population, neighbor protest, and, most importantly, country

fixed-effects. The latter model the influence of time invariant factors correlated with distance from

the coast, such as distance from advanced market economies or the costs of transportation and

communication technology, that may directly influence protest.

The 2SLS-IV model is the following, where Zi,t is the excluded instrument,

20In a robustness test, we also directly ‘block’ the causal pathway that runs through OECD economic growth by
including this variable in the 2SLS specification.

21Data on this variable is from Nunn and Puga (2012). See Appendix C for further information on the instrument
construction.
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OECDRemitxDistance, in the “first stage”:

Protesti,t = α0 + R̂emiti,t + Xi,t + ηt + ζi + ε1
i,t (2)

Remiti,t = α0 + Zi,t + Xi,t + ηt + ζi + ε2
i,t (3)

In these models, the set of covariates (Xi,t) includes the following: GDP pc (log), Population (log),

Growth, Neighbor protest, Net migration, and Election period.

Columns 2 and 3 of Table 1 report results from 2SLS-IV tests with country- and time-period

fixed effects. The second column shows results from the first stage, where the excluded instrument

is used to predict the endogenous remittance variable. The F-statistic is greater than the weak ID

critical value, indicating that the excluded variable strongly predicts the endogenous variable. The

2SLS test therefore does not suffer from a weak instrument.

The estimate for βRemittances in column 3 is positive and statistically significant. The size of

the estimated effect is larger than the estimated OLS effect. If we believe the excluded instrument

is truly exogenous then the 2SLS estimate indicates the OLS estimate is biased downwards. This

might result from an unobserved process whereby autocratic governments likely to face protests

restrict the flow of private external resources in anticipation of protest, whereas those unlikely to

face imminent protest do not impede remittances from abroad.

Robustness tests reported in the Appendix C show the result remains consistent when we: (a)

add the OECD growth trend to the specification; (b) alter the way the time trend is modeled (linear

and quadratic time trends); (c) drop control variables; (d) add control variables (aid, trade, oil,

capital opennes, conflict, movement restrictions, or refugee population); or denominate remittances

by GDP or population. When we examine the finding by geographic region, we find that the result

is stronger when we drop Latin American regimes but weaker when we exclude sub-Saharan African

regimes.22 Finally, the estimate of interest is similar to the one in Table 1 (column 3) when we

drop each country from the sample, one at a time.

When comparing these findings to extant research, we emphasize that the remittance – protest

relationship in both the OLS and 2SLS tests is weaker when we restrict analysis to Latin America,

22See 2SLS results that use multiply imputed data, however, in Appendix D.
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which has been the focus of much of the published research on the political consequences of remit-

tances. Further, our instrument strategy relies on information from OECD countries such as the

U.S. and Western Europe; thus the 2SLS results reflects remittances sent from OECD countries

and not remittances sent from oil-producing countries, such as monarchies in the Middle East.23

Individual-level data

Remittances are a large source of foreign revenue in sub-Saharan Africa (SSA): inward remit-

tances in 2014 amounted to $34.5bn in 2014, similar in size to FDI inflows ($36.5bn) (World Bank,

2016). To explore how remittances influence protest behavior in non-democracies, we utilize

Afrobarometer data from the 2008 survey. Of the surveyed countries, eight are coded as non-

democracies by Geddes, Wright and Frantz (2014) during the survey period: Botswana, Burkina

Faso, Mozambique, Namibia, Tanzania, Uganda, Zambia, and Zimbabwe. These eight countries

include dominant-party polities such as Botswana and Tanzania, as well as personalist autocra-

cies such as Burkina Faso and Uganda. Some of these autocracies (Burkina-Faso and Zimbabwe)

are among the top ten emigrant countries in the region; and they include major migration corri-

dors, such as Burkina Faso-Cote d’Ivoire, Zimbabwe-South Africa, and Mozambique-South Africa

(World Bank, 2016). According to the 2008 Afrobarometer, in Zimbabwe and Burkina Faso, the

percentage of respondents that declare receiving remittances is among the highest in SSA.

There is little research on the relationship between remittances and politics in SSA, let alone on

the relationship between remittances and protest. As in the case of the general literature reviewed

above, the evidence is inconclusive. Some studies suggest that remittances may induce political apa-

thy by, for example, reducing voter turnout (Ebeke and Yogo, 2013; Dionne, Inman and Montinola,

2014), while others show that remittances may decrease support for democracy among those

who value economic stability over political freedoms (Konte, 2016). Emigration and remittances

may be a release valve for dissenting citizens that contributes to regime survival (Bratton, 2008;

Masunungure, 2011). Using Afrobarometer data for 20 countries, Dionne, Inman and Montinola

23Ahmed (2012) uses information from oil prices and Muslim population (in recipient countries) to model remit-
tances, likely reflecting remittances sent from oil-producing countries in the Middle East.
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(2014) find that remittances correlate with protesting; however this study does not explore the

mechanism underlying this relationship nor whether the result is driven by autocracies or democ-

racies or whether there exists subnational variation.

In the previous sections, we have shown that remittances increase protest in autocracies. How-

ever, designs using aggregate data cannot adjudicate between the mechanisms linking the two.

In particular, we want to know whether remittances increase protest in autocracies because they

provide resources to regime opponents that previously could not afford making investments in

contentious activities (resource mechanism); or alternatively, whether remittances increase protest

because individuals that were caught up in clientelistic exchanges are now able to exit those net-

works and reveal their political preferences (exit mechanism). In the first case, remittances should

increase protest among citizens who live where clientelism is less pervasive, such as geographic

locations where the individuals are less likely to support the regime. However, if remittances have

a “liberating” effect, the increase in protest should be largest in progovernment areas where clien-

telistic networks are strongest. While previous research shows that remittances induce electoral dis-

engagement in dominant-party regimes (Escribà-Folch, Meseguer and Wright, 2015; Pfutze, 2014),

these findings are uninformative about costlier forms of dissent, such as protest. Regardless of

whether remittances are conducive to less electoral engagement, if severing clientelistic ties is the

underlying mechanism linking remittances to protest, the effect should also evidence in traditional

regime-strongholds.

To explore these mechanisms, the dependent variable in our individual-level analysis is a bi-

nary indicator of protest, derived from the following question: Q23C: Attend a demonstration

or protest march. We group the three ‘Yes’ outcomes together (Yes, once or twice, Yes,

several times, Yes, often) and group the two ‘No’ responses together, while treating ‘Don’t

know’ responses as missing. Twelve percent of respondents in the eight non-democracies partici-

pated in a protest.

The main explanatory variable is an ordered measure of frequence of remittance receipt from

the following question: Q87: How often receive remittances.24 Just over 14 percent of re-

24In robustness tests, we employ a binary indicator of remittance reciept that groups the positive responses (‘Less
than once a year’, ‘At least once a year’, ‘At least every 6 months’, ‘At least every 3 months’, and ‘At least once a
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spondents report receiving remittances; and 14.6 percent of remittance receivers protest while 11.6

percent of non-receivers protest.

To examine whether remittances augment resources for political opponents or “liberate” tacit

supporters from clientelistic ties to the regime, we test whether the influence of remittances varies

according to the local political context and, therefore, we group districts and regions within countries

into two categories: progovernment regions and opposition regions.25 We choose this geography-

based strategy for delineating supporters from non-supporters for two related reasons.

First, clientelism in many sub-Saharan African countries entails the exchange of local-level

electoral support for local public (i.e. locally nonexcludable) goods (Ichino and Nathan, 2013;

Nathan, 2016; Young, 2009).26 Indeed, studies of voting behavior and electoral dynamics in this

region presume that the exchange of votes for goods takes the form of local public goods, not

private, excludable goods (e.g. Baldwin 2015; Carlson 2015; Rozensweig 2015; Ejdemyr, Kramon,

and Robinson 2016); and studies of ethnic favoritism suggest that this occurs via targeted spending

on local public goods such as schools and bore holes (e.g. Baldwin 2015; Kramon and Posner 2016).

These studies indicate that clientelistic practices may require local elites (or brokers) to monitor

local-level incumbent support and to supply local public goods (Baldwin, 2015; Koter, 2013). In

short, a local geographic measure of incumbent support, we posit, captures the most salient feature

of clientelism in these eight sub-Saharan African countries in 2008.

Second, using geographic location to capture the clientelistic operations that underpin incum-

bent support circumvents inference issues that arise when relying on individual-level survey data

to distinguish regimes supporters from opponents in political contexts where opponents face the

prospect of state-led violence. Self-reported data on voting intentions, we posit, is likely to suffer

from non-response bias in non-democratic settings because there is a real threat of political violence

against regime opponents. Indeed, a non-trivial share of respondents refused to answer questions

month’) together and groups negative responses together, while treating ‘Don’t know’ as missing.
25We use these terms to denote binary concepts. Thus “progovernment” regions are those that in which citizen

support for the incumbent is likely to be highest, while “opposition” regions are those where incumbent support is
likely to be lowest. Empirically, we show that results remain when we vary the threshold for distinguishing geographic
units placed in these two categories.

26We emphasize that clientelistic exchange based on local public goods provision is prevalent in many parts of the
world (Stokes et al., 2013).

19



about which party they support. For example, in Zimbabwe, where the survey was implemented

during an election period in which the regime targeted supporters of the political opposition, nearly

a third of respondents refused to answer the question about the political party for which they vote.

The left panel of Figure 1 shows that the non-response rate for the question about the political

party for which they vote is considerably higher than for other questions on the survey. Further, as

the right panel shows, the non-response rate is positively correlated with Freedom House scores.27

Consistent with the contention that self-reported data on party voting may be unreliable, we

find that after controlling for a host of individual-level demographic and economic variables, the

strongest predictor of refusing to respond to the party support question is whether the survey

respondent resides in an opposition region.28
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Figure 1: Non-response rates.

Rather than using self-reported data on individual voting intentions, we posit that geographic

differences better capture the distinction between opposition areas and progovernment areas. To

measure the concept of opposition and progovernment geographic regions, we utilize the region

and district variables from the survey.29

27Higher scores indicate fewer political rights.
28See Appendix D for a description of the data and the results.
29There are 111 regions and 614 districts in the 8 non-democratic countries. In reported results with fixed effects,
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We begin the analysis at the regional level. In four countries, we code as progovernment those

regions that contain areas of strongest co-ethnic support for the regime leader.30 In Uganda, for

example, we code the Western region, where the president’s co-ethnics are highly concentrated and

are over-represented in elite military and ruling-party positions, as the progovernment region; the

other four regions (North, East, Central, Kampala) are coded as opposition regions. Similarly, in

Zimbabwe we code Shona regions (Mashonaland East, West, and Central) as progovernment while

placing other regions in the opposition – or non-progovernment – category.

In the four countries where regional-ethnic cleavages are not politically salient during the survey

period, we use more ad hoc criteria to distinguish opposition regions from incumbent-supporting

ones. In Botswana, we code 9 urban regions (of 24 total regions) as opposition, placing all others in

the progovernment category. In Burkina Faso, we code the birth city and home regions of the regime

leader (Centre and Plateau Central) as progovernment, while in Tanzania we code the regions in

Zanzibar as opposition with all mainland regions as progovernment. Finally, in Zambia we code

the incumbent leader’s (Mwnawasa) home region as progovernment, with the others as opposition.

Importantly, we test a model that excludes these latter four autocracies from the analysis because

we are less confident that our coding of regions as progovernment is capturing the relevant regional

political cleavage in these four cases.

Classifying regions in progovernment and opposition using ethnicity when it is political salient

enables a test of the resource and exit mechanisms because many studies of clientelism and patron-

age in the region show that ethnicity predicts the distribution of prebends, particularly in dominant-

party regimes where the incumbent parties have the monopoly of the distribution of clientelistic

goods (Posner, 2005; Chang and Kerr, 2016). For instance, Franck and Rainer (2012) find that

“ethnic favoritism” explains the pattern of public goods spending in health and education in many

sub-Saharan countries, including some of the autocracies in this study.31 Further, Van de Walle

(2007) argues that limited party resources and historical patterns of regime sustainability aimed

we examine data from 109 regions and 439 districts with variation in the outcome variable. In the Appendix E, we
describe the coding of the opposition/progovernment variable at the regional and district level in detail.

30The ethnic groups are the following: Tsonga-Chopi in Mozambique; Ovambo in Namibia; South-Westerners
(Ankole, Banyoro, Toro) in Uganda; and Shona in Zimbabwe.

31For example, in Burkina Faso and Uganda, the existence of a co-ethnic leader in power led to a substantial
reduction of infant mortality among co-ethnics.
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at co-opting ethnic brokers and regional elites made large scale clientelism less frequent in SSA in

comparison with dominant-party regimes in other regions. Indeed, in countries like Zambia and

Uganda, the ethnic cleavage is so salient that regardless of whether co-ethnics receive any tangible

benefit, the belief that they will be better off under a co-ethnic leader is enough to make ethnicity

a strong predictor of incumbent support.

As a second measure of local clientelism and opposition levels, we focus on geographic dis-

tricts, a smaller subnational unit than the region. We calculate the average level of support

for the incumbent within each district. First, we combine responses from three Afrobarom-

eter questions – Q49A: Trust the president, Q49E: Trust the ruling party, and Q70A:

Presidential performance – to construct a scaled index at the individual level.32 Then we

take the mean level of this scaled index for all respondents in each district. This provides a con-

tinuous measure of local-level incumbent support (bounded at 0 and 1) at the district level, which

we call progovernment. Note that if respondents refuse to respond to these questions because

they fear reprisal for answering sensitive questions, this non-response is registered by lowering

the mean level of incumbent support in the district. Thus, rather than throwing out information

from non-responses, which could systematically bias estimates, we use this information to measure

district-level lack of incumbent support.

To account for potential confounders that may be independently influencing both protest and

remittance receipt at the individual level, we include the following variables: cellphone usage, travel,

age (log), education, wealth, male, and employment status. In addition to standard demographic

(gender, age, and education) and economic variables (wealth and employment), this list includes

cellphone usage because it can facilitate protest by lowering coordination costs and is an essential

technology for transferring remittances (Ebeke and Yogo, 2013; Manacorda and Tesei, 2016). Fi-

nally, respondents who travel more, either due to their individual preferences or endowments, may

view exit – rather than voice – as a less costly form of dissent. These individuals may also be more

likely to have family abroad, which causes them to travel more and to receive remittances. The

32We first create a binary indicator of incumbent support from the responses for each question such that “some-
what”/“approve” and “a lot”/“strongly approve” indicate support. The three items have an alpha score of 0.69.
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specification is:

Protestij = β1Remitij + β2(Remitij × Progovernmentj) + β3Xij + δj + εij (4)

In addition to individual-level covariates (Xij), the specification includes region (or district)

fixed effects (δj) to account for differences across regions, including geographic conditions such as

distance from the border and topography, as well as the political history of different regions with

respect to vote-buying, regime neglect, and political repression.33 The identifying information is

the difference between remittance receivers and non-receivers in progovernment regions relative to

this difference in opposition regions. β1 is the estimate of the marginal effect of remittance receipt

on protest in opposition regions, while the linear combination of β1 +β2 is the estimate of the effect

of remittances in progovernment regions. When using the continuous district-level of incumbent

support to measure clientelism, the linear combination of β1 +(β2×Progovernment) estimates the

marginal effect of remittances in districts with varying levels (0 to 1) of progovernment support.

Results

Table 2 reports the results. The first column reports results from a conditional logit estima-

tor with region as the geographic unit, allowing a direct comparison of remittance recipients to

non-recipients within the same region: remittance receipt is positively correlated with protest par-

ticipation. The second column includes the interaction between Remit and Progovernment: the

marginal effect for remittances in opposition regions is the estimated by βRemit, while the estimate

for progovernment regions is the linear combination of βRemit +βRemit×Progov. The former remains

positive and significant, while the latter is negative but not statistically significant. This indicates

that the positive effect of remittances on protest is concentrated in opposition regions. In these

33The region fixed effect is based on the area stratification used for sampling; the survey “stratif[ies] the sample
according to the main sub-national unit of government (state, province, region, etc.) and by urban or rural location”
(see the Afrobarometer website: http://www.afrobarometer.org/surveys-and-methods/sampling-principles). In
the main estimating sample, there are 185 strata nested among 109 regions within 8 countries. One of the components
of the multiplicative interaction term (Progovernment) is omitted from the specification because this variation is
captured in the region fixed effects (δj). We employ a conditional logit that partials out the constant and cluster
errors by the area strata/region. There are 614 idistricts nested within the 109 regions when using the continuous
district-level measure of Progovernment.
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regions, remittances have an activation, rather than a disengagement, effect.

Table 2: Remittances and protest

Region effects District effects

(1) (2) (3) (4)

Remittances 0.070* 0.085* 0.064* 0.162*
(0.03) (0.04) (0.03) (0.06)

Remittances × Progov -0.178 -0.218
(0.17) (0.12)

Cell phone 0.355* 0.355* 0.311* 0.312*
(0.08) (0.08) (0.09) (0.09)

Travel 0.001 0.002 0.037 0.042
(0.07) (0.07) (0.07) (0.07)

Age -0.188 -0.189 -0.168 -0.170
(0.12) (0.12) (0.11) (0.11)

Education 0.086* 0.086* 0.090* 0.089*
(0.03) (0.03) (0.02) (0.02)

Wealth 0.285* 0.287* 0.284* 0.286*
(0.13) (0.13) (0.12) (0.12)

Male 0.195* 0.195* 0.195* 0.195*
(0.06) (0.06) (0.06) (0.06)

Employment 0.042 0.042 0.042 0.042
(0.05) (0.05) (0.05) (0.05)

βRemit + βRemit×Progov -0.094 -0.056
(0.15) (0.07)

Observations 10069 10069 8626 8626
Regions/districts 185 185 469 469
∗ p<0.05. Year: 2008. Region (district) fixed effects included in all specifications
(not reported). Progovernment constituent term omitted because it only varies
by region (district) and the specification includes region (district) effects. Standard
errors clustered on region (district). Eight non-democracies are: Botswana, Burkina
Faso, Mozambique, Namibia, Tanzania, Uganda, Zambia, and Zimbabwe.

The next two columns report results from a conditional logit estimator with district as the

geographic unit, allowing comparision of remittance recipients to non-recipients within the same

district.34 The estimate for Remittances in the third column is positive and significant, indicating

there is an average positive association between remittances and protest across all districts in

the sample. The fourth column reports results from a specification with an interaction between

remittances and the continuous, district-level progovernment support variable. The estimate for

34Because districts are nested within regions, there are more units (groups). This means more units have zero
respondents who protest. These units are dropped from the estimating sample, causing the number of observations
in the estimating sample to drop.
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βRemit is positive and significant, while the estimate for βRemit + βRemit×Progov is negative. This

again indicates that the positive association between remittances and protest is concentrated in

opposition districts – i.e. those with less progovernment support.
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Figure 2: Marginal effect on Protest participation. Point estimates and 95 percent confi-
dences, based on Table 3, columns 3 and 4.

The left plot of Figure 2 shows how the estimate of βRemit varies across a range of values for

district-level progovernment support. The size of the estimate, depicted on the right vertical axis

of the left plot, is positive and statistically significant in districts with low levels of progovernment

support, up to about 0.5 on the horizontal axis. The estimate for remittances is positive and

significant in districts with 50 percent or less support for the government, which is roughly the

median value at the individual level. This estimate, however, turns negative (though not significant)

at very high levels of progovernment support – roughly 0.75 on the horizontal axis.

The right plot of Figure 2 reports the substantive effect of an increase in remittance receipt

from the lowest level in the survey (0) to the highest level (5).35 In opposition districts (those

with 18 percent progovernment support) the marginal effect of remittance receipt at the highest

level is to increase the probability of protest by 33 percent, which is a large effect. In contrast, in

35Simulations conducted using the observed-values approach (Hanmer and Kalkan, 2013). The 10th percentile of
the district-level progovernment support variable is 0.18; the 90th percentile is 0.80.
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stronghold districts (80 percent progovernment) the marginal effect is roughly zero.

The appendix E discusses a number of important robustness tests: split-sample models to

check that the findings hold across a range of values for progovernment support; results from

random effects models; specifications with more control variables and ones with no control variables;

specifications using a binary measure of remittance receipt and using an ordinal measure of protest;

specifications that include ethnic group fixed effects; and finally tests that leave-out one country at

a time to ensure that the findings are not dependent on variation in any one particular country. In

all these tests – using both region and district-level measures of progovernment support – we find

consistent results.

Overall, the individual level analyses show that remittances increase protest in autocracies via a

resource mechanism rather than through an exit effect. Remittances increase protest propensity in

opposition districts/regions, but such effect is not evident in progovernment regions and districts.

Note also that the effect of remittances in progovernment areas is negative but not significant, so

we do not find support for the disengagement hypothesis at the individual level either.

Conclusion

This article contributes to the burgeoning research on the consequences of remittances and out-

migration for sending countries by exploring how remittances influence anti-regime protests in

autocratic regimes. Our contribution is threefold. First, while most research on remittances and

political behavior has analyzed different types of participation and has focused on democratic

countries (especially Mexico and other Latin American democracies), we explore how income inflows

from remittances influence contentious and, hence, relatively costly, participation: protest. Second,

in our macro-level tests, we use new global data on a latent measure of anti-government protest

that combines information of multiple existing datasets. Finally, we utilize individual-level survey

data from eight African non-democracies to test the main causal mechanisms linking the receipt of

remittances to protest.

Recent research suggests that remittances help stabilize non-democracies (Ahmed, 2012); while

others claim that they may encourage democratization by decreasing electoral support for domi-
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nant parties in party-based regimes (Pfutze, 2012; Escribà-Folch, Meseguer and Wright, 2015). Yet

popular uprisings have become an increasingly important way for ousting autocratic leaders and

regimes; and we show that remittances spur anti-regime protests in authoritarian contexts. Re-

mittances can thus advance political change. Our individual-level tests are consistent with the

contention that remittances increase protest by augmenting the resources available to political

opponents.

This paper examines financial remittances. While out-migration often entails return mone-

tary flows, scholars also highlight the possibility that migrants remit social values – attitudes

and practices that can influence the behavior of individuals in receiving countries (Levitt, 1998;

Pérez-Armendáriz, 2014). For example, Pérez-Armendáriz and Crow (2010) find that knowing mi-

grants – whether friends or relatives – increases political participation among those left behind and

fosters skepticism about how democracy functions. Social remittances may also spur protest in

dictatorships because the flow of ideas, civic and democratic values, and political behaviors should

have a greater marginal effect on individuals in sending countries where these democratic practices

and values would be otherwise restricted, unaccessible, or simply absent. However, this effect would

only hold as long as the main destination of migrants are democracies (Rother, 2009). Exploring

this possibility will be an important avenue for future research.

These findings have important policy implications. Besides direct democracy promotion,

wealthy democracies interested in advancing political liberalization in foreign countries may want to

adopt migration policies that facilitate the flow of remittances to autocratic countries. Remittances

erode electoral support for incumbent parties and, as this article finds, they can also embolden in-

dividuals and groups to take to the streets. Hence, contrary to other forms of foreign income such

as oil, aid, or foreign investment, remittances – which accrue directly to individuals and households

– have the potential to destabilize autocracies.
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Appendix S: Sample and summary statistics

Table S-1: Summary statistics

Variable Mean Std. Dev. N

Protest -0.021 1.365 1493
GDP pc (log) 6.919 1.058 1493
Population (log) 23.098 1.47 1493
Neighbor protest -0.117 0.618 1493
Growth 1.931 4.672 1493
Net migration -0.082 0.499 1493
Election 0.49 0.5 1493
Remittances (log) 13.79 2.473 1493
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Appendix A: Latent protest data

Data inputs The protest data come from Chenoweth et al. (2014). In this project, the authors
use information from eight existing data sets that measure anti-government protest cross-nationally.
Table A-1 lists the eight datasets, the geographic and temporal coverage of each, as well as the type
of data collected in each. The raw data sets include country-year counts of protest levels (Banks),
event data with daily information from news reports (e.g. ACLED, SCAD, and SPEED), and
campaign data that measures long-term protest campaigns that can last for a couple of weeks up to
multiple years (MEC). The latter, for example, includes the three-week Georgian Rose Revolution
protests in November 2003 as well as the six-year anti-Pinochet campaign in Chile that started
with the May 1983 National Protest1 and ended with the 1989 transition to civilian rule.

Table A-1: Data sets used to construct latent protest variable

Temporal Spatial Data
Data set coverage coverage type

ACLED 1997-2013 Africa daily event
SCAD 1990-2011 Africa event
ECPD 1980-1995 Europe daily event
SPEED 1950-2012 Global daily event
LAPP selected years Latin Am. daily event
IDEA 1990-2004 global daily event
Banks 1950-2012 global country-year count
MEC 1955-2013 global campaign

Armed Conflict Location and Event Dataset (acled)
Downloaded from: https://www.strausscenter.org/acled.html on 9.12.13.
Version: ACLED All Africa 1997-November 2013.
Data structure: daily event; each row records event that occurs for no longer than 1 day

Cross-National Time-Series Data Archive (banks)
Downloaded from: www.databanksinternational.com on 9.1.13.
Version: data available on retrieval date
Data structure: country-year

European Protest and Coercion Data from Ronald Francisco (epcd)
Downloaded from: http://web.ku.edu/ ronfrand/data/index.html on 9.1.14.
Version: data available on download date.
Data structure: daily event; each row records event that occurs for no longer than 1 day

Integrated Data for Event Analysis (idea)
Downloaded from: http://thedata.harvard.edu/dvn/ on 2.12.13.

1?, 11-12 writes that “[t]he first massive demonstration, known as the National Protest, occurred in May of 1983.
The Copper Workers’ Confederation (CTC) had initially called for a National Strike. However, a few days beforehand
they decided instead to call for a broad-based protest.”

2
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Version: http://hdl.handle.net/1902.1/FYXLAWZRIA UNF:3:dSE0bsQK2o6xXlxeaDEhcg==

IQSS Dataverse Network [Distributor] V3 [Version]

Data structure: daily event; each row records event that occurs for no longer than 1 day

Latin American Political Protest Project (lapp)
Downloaded from: http://faculty.mwsu.edu/politicalscience/steve.garrison/LAPPdata/
on 9.12.13.
Version: data available on download date.
Data structure: daily event; each row records event that occurs for no longer than 1 day

Major Episodes of Contention Data Project (mec)
Obtained from Erica Chenoweth on 4.1.14.
Version: MEC Cat4 1950-2013.
Data structure: event; each row records event that occurs for multiple days to years

Social Conflict in Africa Database (scad)
Downloaded from: https://www.strausscenter.org/scad.html on 9.12.13.
Version: SCAD 3.0 1990-2011.
Data structure: event; each row records event that occurs for possibly multiple days

Social, Political and Economic Event Database Project (speed)
Downloaded from: http://www.clinecenter.illinois.edu/research/speed-data.html

on 2.12.13.
Version: data available on retrieval date
Data structure: daily event; each row records event that occurs for no longer than 1 day

Dynamic IRT model The item response theory (IRT) model2 combines information from mul-
tiple data sets to estimate a latent mean value of protest at the country-year level. The IRT model
used in this application is dynamic in the treatment of the item-difficulty cut-points of the latent
variable and employs a negative binomial distribution to model count data (rather than binary
data) in the items. The resulting data set has global coverage for the period from 1960 to 2010.

Comparison with Banks data Perhaps the most commonly-used cross-national data set that
includes information on anti-government protest is Banks’ Cross-National Time-Series Data. In
this subsection, we include a brief comparison of the Banks’ data with the Latent protest data.

Figure A-1 shows the correlation between the Banks’ variable and the latent estimate for each
five-year period between 1960 and 2010. The correlation between the two is decreasing over time
because prior to 1990 there are fewer protest data sets that contribute to the latent estimate
(mostly Banks, SPEED, and MEC). This means that prior to 1990 most of the information in the
latent estimate is a dynamic version of the Banks data. After 1989, however, the latent estimates
incorporate more information from event data, particularly event data sets designed to capture
contentious politics in regions with a large number of remittance-receiving countries, such as Africa.
During the 35 years for which remittance data is available, the correlation between the two variables

2The item response theory (IRT) approach allows the authors to combine information from multiple sources that
may not overlap in their temporal and spatial coverage. This approach thus circumvents missing data issues that
arise from other measurement approaches, such as clustering and factor analysis, that use listwise (row) deletion to
obtain a rectangular data object for estimating a latent variable.
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Figure A-1: Comparing Banks’ protest data with the Latent estimate.
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is less than 0.50, indicating that the latent estimate is picking up a substantial number of protest
events not found in the Banks’ data. Figure A-2 shows the protest variables for Tunisia over the 50
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Figure A-2: Comparing Banks’ protest data with the Latent estimate in Tunisia.

years from 1960 to 2010. Because the latent measure is dynamic – and thus uses information from
the prior year to inform the estimate of the current year – the resulting time-series within countries
is more smooth. Second, the latent estimate incorporates information from other data sources and
thus captures protests not included in the Banks’ data. This point is illustrated by looking at the
post-1990 differences between the two data series: the latent estimate captures the rise of protests
under the Ben Ali regime, while the Banks’ data shows no protest events after 1990.
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Appendix B: Protest OLS robustness tests

Remittances and protest in different types of dictatorships

Table B-1: Different autocratic regime types

Party Personalist Military Monarchy
(1) (2) (3) (4)

Remittances 0.065 0.171* -0.013 0.075
(0.06) (0.07) (0.05) (0.05)

GDP pc (log) 0.601* 0.333 0.010 -1.089*
(0.21) (0.23) (0.30) (0.05)

Population (log) 0.665* 0.492* 0.419* 0.493*
(0.13) (0.19) (0.12) (0.08)

Neighbor protest 0.169 -0.098 1.347* 0.255*
(0.25) (0.47) (0.45) (0.10)

Growth -0.018* -0.028* -0.026* -0.011
(0.01) (0.01) (0.01) (0.01)

Net migration 0.086 0.202 0.297 1.069*
(0.11) (0.19) (0.25) (0.18)

Election 0.166* 0.111 0.022 -0.041
(0.07) (0.10) (0.08) (0.17)

(Intercept) -20.355* -15.998* -9.480* -4.737*
(3.25) (4.67) (2.53) (0.86)

N × T 652 481 215 145
Regimes 36 38 23 6
∗ p<0.05. Years: 1976 - 2010. 124 regimes in 84 countries; 1493 observations. Country-
and period-fixed effects included in all specifications (not reported). Standard errors
clustered on regime-case.
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Alternative specifications

Table B-2: Alternative specifications

(1) (2) (3)

Remittances 0.092* 0.096* 0.133*
(0.04) (0.04) (0.03)

GDP pc (log) 0.359 0.235
(0.19) (0.19)

Population (log) 1.175* -0.333
(0.44) (0.47)

Neighbor protest 0.314 0.520
(0.22) (0.28)

Growth -0.027* -0.018*
(0.01) (0.01)

Net migration 0.128 0.078
(0.08) (0.07)

Election 0.078 0.092
(0.05) (0.05)

Conflict -0.027
(0.15)

Trade -0.056
(0.13)

Aid 0.202*
(0.10)

Capital openness -0.377
(0.23)

Oil rents -0.003
(0.06)

Movement restrictions 0.025
(0.06)

Refugee population -0.019
(0.01)

N × T 1493 1324 1063
Regimes 124 114 103
∗ p<0.05. Years: 1976 - 2010. Country- and period-fixed effects in-
cluded in all specifications (not reported). Standard errors clustered
on regime-case.
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Different estimators & error structures

Table B-3: Different estimators & error structures

Two-way No unit Country HAC
RE FE effect cluster errors
(1) (2) (3) (4) (5)

Remittances 0.098* 0.097* 0.066 0.102* 0.102*
(0.04) (0.04) (0.03) (0.04) (0.02)

GDP pc (log) 0.234 0.297 0.164 0.329 0.329*
(0.15) (0.21) (0.13) (0.23) (0.12)

Population (log) 0.535* 0.802 0.548* 0.993 0.993*
(0.10) (0.73) (0.07) (0.53) (0.33)

Neighbor protest 0.333 0.206 0.188 0.291 0.291
(0.23) (0.31) (0.20) (0.29) (0.17)

Growth -0.021* -0.020* -0.033* -0.019* -0.019*
(0.01) (0.01) (0.01) (0.01) (0.00)

Net migration 0.110 0.120 0.016 0.123 0.123
(0.09) (0.08) (0.10) (0.09) (0.06)

Election 0.133* 0.120* 0.521* 0.116* 0.116*
(0.05) (0.05) (0.14) (0.05) (0.04)

(Intercept) -15.278* -26.560*
(2.47) (12.05)

∗ p<0.05. Years: 1976 - 2010. 124 regimes in 84 countries; 1493 observations. Country-
and period-fixed effects included in all specifications (not reported). Standard errors in
parentheses.
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Modeling the calendar time trend

Table B-4: Modeling the calendar time trend

Linear Quadratic Year
time trend time trend effects

(1) (2) (3)

Remittances 0.096* 0.100* 0.097*
(0.04) (0.04) (0.04)

GDP pc (log) 0.273 0.325 0.297
(0.21) (0.21) (0.21)

Population (log) 0.975 0.804 0.802
(0.67) (0.72) (0.73)

Neighbor protest 0.345 0.145 0.206
(0.20) (0.23) (0.31)

Growth -0.019* -0.019* -0.020*
(0.01) (0.01) (0.01)

Net migration 0.128 0.120 0.120
(0.08) (0.08) (0.08)

Election 0.108* 0.113* 0.120*
(0.05) (0.05) (0.05)

∗ p<0.05. Years: 1976 - 2010. 124 regimes in 84 countries; 1493
observations. Country- and period-fixed effects included in all spec-
ifications (not reported). Standard errors in parentheses.
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Alternative remittance measures

Table B-5: Alternative remittance measures

GDP Population
denominator denominator

(1) (2)

Remittances 0.116* 0.148*
(0.04) (0.05)

GDP pc (log) 0.450* 0.327
(0.19) (0.19)

Population (log) 1.027* 1.101*
(0.44) (0.43)

Neighbor protest 0.302 0.292
(0.25) (0.25)

Growth -0.020* -0.019*
(0.01) (0.01)

Net migration 0.130 0.122
(0.08) (0.08)

Election 0.117* 0.118*
(0.05) (0.05)

∗ p<0.05. Years: 1976 - 2010. 124 regimes in 84 countries;
1493 observations. Country- and period-fixed effects in-
cluded in all specifications (not reported). Standard errors
in parentheses.
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Appendix C: 2SLS-IV diagnostics and robustness tests

The excluded instrument, Distance×OECDtrend, is constructed as follows:

• calculate the constant dollar value sum of all remittances received in High Income OECD
countries (World Bank classification)3 in year t

• calculate the 2-year lagged moving average (MA) of this variable because the endogenous
remittance variable is 2-year lagged MA

• multiply the OECD remittances trend variable by the natural log of the inverse average
distance from the coast

• calculate the natural log of the product of OECD trend and the inverse distance variable

This variable contains both cross-sectional (geographic features) and time-varying (yearly sum of
high income country remittances) information. Figure C-1 shows the distribution of the logged value
of inverse average distance (left panel), which varies cross-sectionally. The right panel shows the
in-sample distribution of the excluded instrument, which is the logged product of inverse distance
variable (logged) and the time-varying OECD remittance trend.
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Figure C-1: Distribution of Distance measure and the Excluded instrument.

The average distance from the coast is a proxy for the ease of migration from the remittance-
receiving country. According to this logic, remittance flows to countries such as Cote d’Ivoire, El
Salvador, Gambia, Indonesia, Malaysia, and Tunisia should be more closely tied to remittance-
receiving patterns in high income countries than landlocked countries such as Bolivia, Chad, and
Nepal where the land area is further from the coast. While this geographic feature is not endoge-
nously determined by the time-varying likelihood of anti-government protest, there are certainly
other causal pathways through which distance to the coast could influence political behavior. How-
ever, we directly control for these time-invariant factors, such as geographic position and factor

3These countries are: Australia, Austria, Belgium , Canada , Czech Republic , Denmark, Estonia, Finland,
France, Germany, Greece, Hungary, Iceland, Ireland, Italy., Israel, Japan, South Korea, Luxembourg, Netherlands,
New Zealand, Norway, Poland, Portugal, Slovak Republic, Slovenia, Spain, Sweden, Switzerland, United Kingdom,
United States.
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endowments, with country fixed effects. And because we include country fixed effects in all two-
stage models, we cannot include coastal distance directly as an instrument. That is, we only weight
the rich-world remittance trend by coastal distance.

Figure C-1 shows the partial correlation between the excluded instrument and the endogenous
remittance variable. The correlation plot evidences no substantial outlying observations. The first
stage F-statistic is 19.6.
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Figure C-2: First-stage (excluded) instrument partial correlation.

To further probe the strength of the excluded instrument, we test the first-stage equation
for additional sub-samples, by time period (pre-1991 and post-1990) and by geographic region
(excluding each of the following regions one at a time: the Americas, Europe, sub-Saharan Africa,
the Middle East, and Asia). Figure C-3 shows the first-stage F-statistics for these tests. For
comparison, recall that the full sample F-statistics is just over 19. The (excluded) instrument is
strongly correlated with the endogenous variable in numerous sub-samples – and thus not overly
dependent on the first-stage partial correlation from one time period or one region of the world.

Table C-1 reports robustness tests for the two-stage IV model. The first column adds the time
trend in OECD growth to the specfication to ‘block’ this potential mechanism by which OECD
remittance flows influence politics in non-OECD autocracies. The second set of tests change the way
in which the calendar-time information is modeled. In the main text we reported 2-stage results
from a specification that uses 5-year time period fixed effects because the excluded instrument
cannot identify the equation with two endogenous variables and country- and year-fixed effects. So
the second column of Table C-1 reports a test that substitutes a linear time trend, while the third
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Figure C-3: Sub-sample instrument strength.

column includes a quadratic time trend. The next column omits control variables and columns 5-11
add further control variables one at a time: foreign aid, trade levels, capital openness, oil rents,
conflict, movement restrictions, and refugee population outside the country. For comparison, the
reported 2SLS estimate for remittances in the main text is 0.387. The remittance estimate for
dictatorships in all the robustness tests yields in this table are of similar size – or larger – with one
exception. When we add movement restrictions (column 10) the sample size drops by roughly 10
percent and the estimate of interest is smaller and not statistically significant. This non-finding,
however, is the result of a change in the sample and not the addition of the movement restrictions
variable to the specification (not reported, available in the replication files). Further, when we add
this variable to the specification in a model that uses multiply imputed (MI) data, the main finding
for remittances remains statistically significant at the 0.05 level (see Appendix D). The MI tests
are important because they allow us to test various model specifications (i.e. adding more ‘control’
variables) without changing the sample size, thus isolating the effect of the former.
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Table C-1: 2SLS-IV robustness tests

(1) (2)a (3)b (4) (5) (6) (7) (8) (9) (10) (11)

Remittances 0.397* 0.391+ 0.395+ 0.672* 0.327+ 0.392* 0.320+ 0.387* 0.397* 0.184 0.364c

(0.18) (0.23) (0.23) (0.17) (0.19) (0.19) (0.19) (0.18) (0.18) (0.20) (0.23)
GDP pc (log) 0.351 0.328 0.403 0.388 0.333 0.310 0.327 0.312 0.379 0.114

(0.22) (0.25) (0.26) (0.22) (0.23) (0.22) (0.23) (0.23) (0.20) (0.23)
Population (log) 0.912 1.503 1.252 0.965 0.853 0.887 0.831 0.815 0.303 -0.306

(0.49) (0.81) (0.82) (0.51) (0.51) (0.52) (0.49) (0.50) (0.46) (0.50)
Neighbor protest 0.135 0.328 0.039 0.263 0.206 0.107 0.159 0.161 0.405 0.361

(0.29) (0.22) (0.27) (0.27) (0.30) (0.27) (0.28) (0.29) (0.27) (0.35)
Growth -0.032* -0.032* -0.031* -0.029* -0.030* -0.033* -0.031* -0.032* -0.022* -0.030*

(0.01) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01)
Net migration 0.175* 0.177* 0.165 0.194* 0.164 0.151 0.172* 0.167* 0.144 0.121

(0.08) (0.09) (0.09) (0.08) (0.09) (0.08) (0.08) (0.08) (0.09) (0.09)
Election 0.111* 0.104 0.111* 0.085 0.120* 0.095* 0.115* 0.115* 0.104* 0.075

(0.05) (0.05) (0.05) (0.05) (0.05) (0.05) (0.05) (0.05) (0.05) (0.05)
OECD growth 0.038*

(0.02)
Aid 0.236*

(0.08)
Trade -0.037

(0.14)
Capital open -0.530*

(0.23)
Oil rents -0.004

(0.06)
Conflict -0.148

(0.21)
Movement restrictions 0.040

(0.07)
Refugee pop -0.038

(0.02)

Kleibergen-Paap Wald F-statistic 20.1 11.5 11.4 35.6 14.3 16.8 16.9 19.5 17.9 11.9 10.7
N × T 1493 1493 1493 1493 1399 1445 1444 1493 1493 1265 1115
Regime-cases 124 124 124 124 120 122 119 124. 124 110 108

a linear time trend; b quadratic time trend; ∗ p<0.05. + p<0.10. c p<0.108. Years: 1976 - 2010. 2SLS estimator with country- fixed effects
included in all specifications (not reported); five-year calendar time period fixed effects included (not reported) except in columns 1-2. Standard
errors clustered on regime-case.
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Table C-2: Alternate remittance measures; leave one region one

Dep. variable Protest Protest

Leave one region out
Latin Sub-Sah. Mid. East

(remit/gdp) (remit/pop) America Europe Africa N. Afr. Asia

(1) (2) (3) (4) (5) (6) (7)

Remittances 0.559* 0.496* 0.582* 0.412* -0.020 0.233 0.515*
(0.28) (0.22) (0.23) (0.20) (0.25) (0.15) (0.22)

GDP pc (log) 0.907* 0.320 0.273 0.388 0.937 0.446* 0.524
(0.37) (0.22) (0.28) (0.25) (0.56) (0.19) (0.36)

Population (log) 0.892 1.211* 0.601 0.778 0.121 1.260* 0.962
(0.53) (0.43) (0.58) (0.55) (0.51) (0.48) (0.60)

Neighbor protest 0.157 0.184 -0.030 0.138 0.413 0.179 -0.016
(0.29) (0.27) (0.35) (0.29) (0.33) (0.30) (0.35)

Growth -0.041* -0.029* -0.036* -0.032* -0.022 -0.022* -0.039*
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01)

Net migration 0.223* 0.161* 0.194* 0.190* 0.306* 0.113 0.126
(0.11) (0.08) (0.10) (0.09) (0.07) (0.09) (0.15)

Election 0.123* 0.123* 0.141* 0.110* 0.050 0.090 0.136*
(0.05) (0.05) (0.06) (0.05) (0.05) (0.05) (0.06)

Observations 1491 1493 1351 1424 756 1194 1247
Regimes 124 124 103 117 67 109 100

∗ p<0.05. Years: 1976 - 2010. Country- and period-fixed effects included in all specifications (not reported). Robust-
clustered standard errors in parentheses.

Finally, Figure C-4 shows the estimates for the marginal effect of remittances in dictatorships
from a series of tests in which we leave one country out at a time. This analysis shows that the
main reported result (estimate of 0.39) is not overly dependent on data from any one particular
country. The the lower bound of the range of estimates from these tests is 0.35, while the largest
estimate is 0.47. Even at the lower bound the estimate is statistically different from zero at 0.05
level and the first-stage F-statistic is larger than the weak ID critical value.
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Figure C-4: Estimates from leave-one-out tests.
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Appendix D: Multiply imputed data

In this appendix, we discuss and report results from multiply imputed data. In the main text,
the estimating sample in Table 1 includes 1,493 observations in 84 countries from 1976 to 2010,
a 35-year sample period. There is no missing data on the dependent variable, which is a latent
estimate of yearly protest levels (mean5).4 However, there is substantial missingness in the main
explanatory variable, Remittances. Figure D-1 shows the pattern of missing for the variables used
in the multiple imputation algorithm. The five variables, depicted on the left side of the horizontal
axis, with the most missingness are all measures of remittance receipt. Movement restrictions
(l1move) and refugee flows (l1ref) also have substantial missingness, while population (l1pop),
neighbor protest (l1nbr5), and net migration (l1migr) have very little missingness.
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Figure D-1: Missingness map.

To assess whether missingness in the data – and the listwise deletion approach used in the main

4The original protest data sets used in the IRT model to estimate the latent protest level have missing data.
However, one advantage of the IRT approach for aggregating data from multiple sources is that it does not require a
rectangular data set, yielding an estimate of protest levels without missing data.
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text – biases estimates, we estimate the main models reported in the text using multiply imputed
data. There are 2,365 observations in 99 countries (again from 1976 to 2010) in the multiply
imputed data. The results are reported in Figure D-2. The top two estimates are from OLS and
2SLS models with the same specification as used in the main text, with the following baseline
covariates: GDPpc, Population, Neighbor protest, Growth, Net migration, and Election period.
The OLS estimate for Remittances is 0.113, which is slight larger than the estimate reported in the
main text (0.103).

The 2SLS estimate using multiply imputed data, however, is substantially lower than the es-
timate reported in the main text: 0.261 vs. 0.387. This difference suggests that using listwise
deletion of missing data for the 2SLS approach biases the estimate upwards. This should not be
surprising because much of the missing data on remittances is from prior to 1990, a period when
remittances from OECD countries – the basis for over-time variation in the excluded instrument
– was relatively low compared with the post-1990 period. This means that the multiply imputed
data in the 2SLS approach is adding a substantial number of (instrumented) low-remittance ob-
servations to the estimating sample, likely lowering the estimated correlation between remittances
and protest. Nonetheless, the 2SLS estimate using the baseline specification is large, positive and
statistically significant at the 0.05 level.
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Figure D-2: Estimates from multiply imputed data.

The middle estimate reports the result from the baseline 2SLS model with multiply imputed data
but exclude SSA countries from the estimating sample. We conduct this test because the list-wise
deletion strategy in the 2SLS model that drops SSA countries yields a very small estimate. Once
we recover dropped observations from outside SSA, as reported here, the estimate for Remittances
is roughly the same as the one that includes SSA countries. However the variance estimate is
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considerably higher because dropping SSA countries entails reducing the sample size by 40 percent
– from 2,560 observations to fewer than 1500. Thus it should not surprising that the variance is
considerably larger.

The bottom two estimates reported in Figure D-2 repeat the OLS and 2SLS models with
multiply imputed data but include additional covariates, some of which have substantial missing
data: foreign Aid, Trade openness, KA (capital account) openness, Oil and gas rents, Movement
restrictions, and Refugee flows. Including these additional covariates does not alter the estimates
substantially: both the OLS and 2SLS estimates are positive and statistically significant.

R code for impuations

# g e t data ; miss map
data . remit2<−read . dta ( ”temp mi2 . dta” )
missmap (data . remit2 , c svar=”cowcode” , t sva r=” year ” , y . cex =0.4 , x . cex =.5)
dev . copy2pdf ( f i l e=paste ( ” . /missmap” , ” . pdf ” , sep=”” ) )

# v a r i a b l e l i s t f o r a l l vars
ordvars<−c ( ” s ” , ” e l e c ” , ” e l e c 3 ” )
keepvars<−c ( ”cow” , ” year ” , ” per iod ” , ” c a s e i d ” , ” remit ” , ” remit c” ,
” remit gdp” , ” remit gdp c” , ” remit pc” , ” l1pop ” , ” l1gdp ” ,
” l 1 a i d ” , ” l 1 t r a d e ” , ” l1migr ” , ” l 1 2g r ” , ” l 1 c o n f l i c t ” , ” l 1 o i l g a s ” , ” l 1 r e f ” ,
” l1move” , ” l1ka ” , ” l1nbr5 ” , ” e l e c ” , ” e l e c 3 ” , ”mean5” ,
” d i s t ” , ” d i s twremit ” , ” d i s t coas t ” , ” r i c h r e m i t ” , ” s ” )

# ID v a r i a b l e s to e x c l u d e from imputat ion model
l a b e l v a r s<−c ( ” c a s e i d ” , ” per iod ” )

# impute miss ing v a l u e s
my.m<−8
my. idva r s<−l a b e l v a r s
imp . out<−amel ia ( x=data . remit2 , i dva r s=l a b e l v a r s , empri=7, p2s=2, m=my.m,
ords=ordvars , c s=”cowcode” , ts=” year ” , i n t e r c s=TRUE, polyt ime =3)
out1<−write . amel ia ( imp . out , f i l e . stem=” remit2imp ” , format=” dta ” )
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Appendix E: Afrobarometer data

In the main text, we employ two approaches to measuring the concept of geographic support
for the incumbent government (progovernment). The first approach uses geographic region, as
defined by Afrobarometer, to identify regions where regime support is most likely to be strongest.
We do this idiosyncratically given the diverse types of incumbent governments and the varying
ethnic-political contexts in the set of non-democracies in sub-Saharan Africa for which Afrobarom-
eter has data. The second approach uses information on individual-level trust in the incumbent
government and presidential performance ratings to construct a district-level measure of support
for the incumbent government. This Appendix contains the following:

• information on individual-level non-response for sensitive questions about party affiliation,
party voting, and measures of trust in the incumbent government and presidential perfor-
mance rating.

• region-level coding for progoverment

• region-level robustness tests

• district-level coding for progoverment

• district-level robustness tests
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Non-response

This section discuss non-response to questions about political affiliation. There are two questions
relating to political affiliation that are likely sensitive in non-democracies: Q86: Feel close to

which party (party) and Q97: Vote for which party (vote). A substantial number of respon-
dents did not answer these questions by naming a particular party, as shown in the left panel of
Figure E-1: over 38 percent do not respond to the party question and 24 percent do not respond to
the vote choice question. At the country level, the non-response rates are correlated with political
freedom in the sample of eight non-democracies. The right plot if Figure E-1 shows this for the
party question while the right plot of Figure 1 in the main text shows this for the vote choice ques-
tion. Further, the non-response rates are an order of magnitude higher for these sensitive questions
than for other demographic and behavioral variables in the survey.
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Figure E-1: Non-response rates for vote choice and partisan choice.

These figures provide initial evidence that the level of non-response to sensitive questions in
these countries during the 2008 survey period is not trivial. To explore non-response further we next
explore the correlates of non-response. In the main text, we stated that in the eight non-democracies
in the 2008 round of the Afrobarometer survey, a strong predictor of refusing to respond to the
vote choice question is whether the survey respondent resides in an opposition region or district.

We approach this question by modeling a binary indicator of whether the respondent chose
one of the following responses when asked to state the name of the political party for which they
vote (Q97: Vote for which party): “Would not vote”, “Refused to answer”, or “Don’t know”.
The model specification includes all the covariates in the baseline model in the main text () as
well as a variable for urban residence and another for whether the respondent feels “feels close to
a political party” (Q85: Close to political party). Importantly, this latter variable should
capture partisan individuals without tapping into partisan affiliation or affinity. That is, this
question does not ask about the party to which the respondent “feels close”, only whether the
respondent has affinity for some political party.

The main explanatory variables, in separate specifications, are: (a) an indicator of opposition
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region; and (b) a continous measure of district-level opposition to the incumbent government (i.e.
1- progovernment). We estimate a random effects logit with either the region or the district as the
cross-section unit, with robust errors clustered on the same unit. We do not use a conditional logit
(i.e. fixed effects) because the fixed unit effect is perfectly co-linear with region-level (or district-
level) measure of opposition. The model estimates in Figure E-2 shown in red are those for models
that include all survey respondents (N=10,643). The top red estimate is from a model that measures
opposition at the region-level while the bottom red estimate uses the district-level. Importantly,
these models account for individual partisanship (Q85: Close to political party).

Another set of tests combines information about whether the respondent “feels close” to a
party and whether s/he refuses to answer the question identifying the party for which s/he votes
to capture the respondents who might feel afraid to state their true party preference even if s/he
“feels close” to a political party. The blue estimates are thus from models that restrict the analysis
to those respondents who “feel close” to a political party. Again, being in an opposition region or
district is strongly correlated with non-response even among partisan respondents.

Opposition region

District-level opposition

0 .5 1 1.5 2
Coefficient estimate

 All Only partisans

Opposition region/district & non-response

Figure E-2: Non-response for vote choice.

Finally, the left panel of Figure E-3 shows the estimated marginal effect of the covariates in the
district-level model that looks only at partisan individuals (i.e. those who “feel close to” a political
party). These marginal effects (and 95 percent confidence intervals) are from the lower blue esti-
mate in Figure E-2 (non-response to the partisan vote choice question, district-level analysis, only
partisan respondents). By far, the strongest predictor of non-response is residence in an opposition
district. The right plot in Figure E-3 shows the marginal effects when using the party affiliation
variable (Q86: Feel close to which party), with a similar strong effect for opposition district.

These tests provide some evidence consistent with the contention citizens in opposition areas
may be more reluctant than those in progovernment areas to state that their political preferences.
If this is the case, then survey questions that ask respondents about their political affiliation, voting
intentions, and perhaps even their ethnicity may not be reliable (on their own) for inferring which
respondents are political opponents (supporters) of the ruling regime in non-democracies.
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Figure E-3: Marginal effects for non-response models.
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Coding progovernment regions

We code four of the eight countries based on regional clustering of the politically-relevant ethnic
group in power. We use the Ethnic Power Relations data set to determine these:

Country Ethnic group Political power

Mozambique Tsonga-Chopi Senior partner
Namibia Ovambo Senior partner
Uganda South-Westerners Senior partner

(Ankole/Banyoro/Toro)
Zimbabwe Shona Dominant

The other four countries are coded in a more ad hoc manner because ethnic groups either are
not as politically salient at the national level or because the regional clustering of ethnic groups
does not enable a plausible mapping of politically dominant ethnic groups onto geographic regions.

In Botswana, we code 9 urban regions as opposition, placing the 15 other regions in the progov-
ernment category. In Burkina Faso, we code the birth city and home regions of the Compaoré, the
regime leader at the time, (Centre and Plateau Central) as progovernment. In Tanzania we code the
regions in Zanzibar and Pemba as opposition with all mainland regions as progovernment. Finally,
in Zambia we code the incumbent leader’s (Mwnawasa) home region as progovernment, with the
others as opposition. Importantly, we test a model that excludes these four autocracies from the
analysis because we are less confident that our coding of regions as opposition and progovernment
is capturing the relevant regional political cleavage in these four cases. Table D-1 lists the regions
in each category for all eight countries in the sample.
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Country Leader Opposition regions Progovernment regions

Botswana Khama (BDP) Central Serowe/ Palapye,
Chobe, Francistown, Gaborone,
Jwaneng, Lobatse, Ngwaketse,
Selibe Pikwe, South East

Barolong, Central Bobonong,
Central Boteti, Central Maha-
lapye, Central Tutume, Ghanzi,
Kgalagadi South, Kgalagadi
North, Kgatleng, Kweneng
East, Kweneng West, Ngami-
land East, Ngamiland West,
North East

Burkina Faso Compaoré
(CDP)

Boucle du Mouhoun, Cas-
cades, Centre-Est, Centre-Nord,
Centre-Ouest, Centre-Sud, Est,
Hauts-Bassins, Nord, Plateau
Central, Sahel, Sud-Ouest

Centre, Plateau Central/
Zinziare

Mozambique Guebuza
(FRELIMO)

Sofala, Tete, Manica, Zambezia,
Nampula, Niassa

Cabo Delgado, Maputu, Ma-
putu City, Gaza, Inhambane

Namibia Pohamba
(SWAPO)

Caprivi, Erongo, Hardap,
Karas, Kavango, Khomas,
Kunene, Otjozondjupa

Ohangwena, Omaheke,
Omusati, Oshana, Oshikoto

Tanzania Kikwete
(CCM)

North Unguja, South Unguja,
Urban West, Kaskazini Pemba,
Kusumi Pemba

All mainland regions

Uganda Museveni
(NRM)

Central, North, East, Kampala West

Zambia Mwnawasa
(MMD)

Lusaka, Central, Eastern, Lua-
pula, Northern, North-Western,
Southern, Western

Copperbelt

Zimbabwe Mugabe
(ZANU-PF)

Harare, Bulawayo, Midlands,
Masvingo, Matebeland South,
Matebeland North, Manicaland

Mashonaland East, Mashona-
land West, Mashonaland Cen-
tral

Table D-1: Opposition and Progovernment regions (2008)
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Robustness tests for regional analysis

In this section we report estimates for the main explanatory variable of interest, Remittance receipt
while using the region-level coding of progoverment and opposition. In each plot in Figure E-4 we
report estimates for the remittance coefficient from split-sample tests: one estimate for opposition
regions in blue and another estimate for progovernment regions in red.5 The horizontal axis in each
plot measures the size of the remittance coefficient. The vertical axis simply orders the estimates
from each of the two models reported in each plot. In all specifications (except in the top left plot),
the specification includes the demographic and economic control variables included the baseline
model reported in the main text.

The top left plot estimates a specification without the demographic or economic control vari-
ables, while the top right plot shows results from a a specification with three additional control
variables: whether the respondent “feels close” to a political party; whether the respondent did not
answer the (partisan) vote choice question; and whether the respondent voted in the last election.
These are intended to capture other aspects of political participation and potential non-response
to ensure that the reported pattern relates to protest and not just any type of political activity.

The second row left plot reports results from random effects estimators rather than fixed effects
models, while the second row right plot shows results when adding ethnic group fixed effects (and
still including region fixed effects). The third row left plot shows results from a (region) fixed
effects model with a binary remittance variable (rather than the ordered remittance measure used
in most other specification), while the third row right plot shows results when using an ordered
protest dependent variable rather than a binary variable. In the latter, the estimator is an ordered
logit. Finally, the bottom row left plot reports results from looking only at the four countries for
which we code progovernment based on regional ethnic density (Mozambique, Namibia, Uganda,
and Zimbabwe), while the right plot looks at the other four countries (Botswana, Burkina Faso,
Tanzania, Zambia).

In all these tests, a familiar pattern emerges: remittances are positively associated with protest
in opposition regions but not in progovernment regions.

5In the replication materials, we estimated the interaction models with similar results.
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Figure E-4: Region-coding robustness tests.
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Coding progovernment districts

The section describes the coding for district-level progovernment share. To construct this measure,
we first take three variables that measure support for the incumbent regime. Note that the
non-response rates (reported in the second column below) are relatively low when compared with
the politically sensitive questions that require respondents to identify affinity or vote choice for a
particular politcal party (24 and 37 percent).

Non-response Item-scale
Afrobarometer question rate correlation Meana

Q49A: Trust president 3.7 0.80 0.35
Q49E: Trust the ruling party 5.5 0.84 0.45
Q49E: Performance: President 8.1 0.71 0.68

a treats non-response as non-affirmative; i.e. in the denominator.

We then dichotomize the responses. In doing so, we treat non-response as a non-affirmative
answer along with “disapprove”/“just a little”, “strongly disapprove”/“not at all”. The affirmative
responses – “approve”/“somewhat”, “strongly approve”/“a lot” – comprise the other value of the
dichotomous variable. By grouping non-response with non-affirmative responses, we assume that
non-responders are not regime supporters (i.e not progovernment).

Next we construct an individual-level scaled index, bounded at 0 and 1, using Cronbach’s alpha.
The overall test scale for the index is 0.69. All three items are strongly correlated with the scaled
index (see third column above). Of the three items in the scale, Trust president has the lowest
value, with just over one third of respondents (0.35) demonstrating progovernment support with
their response. The item with the highest average value is Performance:President, just over two-
thirds of respondents demonstrated progoverment support with their response to this question.

Finally, we create a district-level average (mean) of the scaled individual-level index. This
district-level measure is bounded at 0 and 1. Each respondent in a particular district is assigned
the same district-level value of progovernment support.

The left plot of Figure E-5 shows the distribution of (614) progovernment districts for re-
gions coded as progovernment and those coded as opposition (see section “Coding progovernment
regions”). While most of the districts in progovernment regions (red distribution) have a progovern-
ment district measure greater than 0.5, there are a substantial number of relatively progovernment
districts in opposition regions (blue distribution) with a local peak around 0.7 on the horizontal
axis). This means that some residents in regions coded as opposition regions also live in relatively
progovernment districts, revealing the fact that regions aggregate many districts, including some
that may not fit well in the dichotomous region coding. Overall, however, there is substantial
overlap between progoverment districts and regions.

The right plot of Figure E-5 shows the distribution of district-level progovernment values for in-
dividual respondents in progovernment (red distribution) and opposition (blue distribution) regions.
The mode and mean of the blue distribution are further towards low end of the progovernment
district-level scale than in the left plot. This apparent discrepancy arises from the fact that districts
with relatively low progovernment scores that fall in the opposition region category tend to have
more respondents than districts with relatively high progovernment scores that fall in the opposi-
tion region category. Overall, there is a strong overlap between the district- and region-measures
for individuals in the sample.
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Figure E-5: District-level progovernment support, by region.
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Robustness tests for district-level analysis

In this section we report estimates for the main explanatory variable of interest, Remittance receipt
while using the district-level coding for progovernment. In each plot in Figure E-6 we report
estimates for the remittance coefficient from split-sample tests: one estimate for opposition districts
in blue and another estimate for progovernment districts in red.6 In this set of tests, we define
opposition as any district where the district-level progovernment mean is less than or equal to 0.5;
we define progovernment as any district where the district-level progovernment mean is greater than
0.5. We vary this cut-point of 0.5 in the latter two sets of models (see below). The horizontal axis
in each plot measures the size of the remittance coefficient. The vertical axis simply orders the
estimates from each of the two models reported in each plot. In all specifications (except in the
top left plot), the specification includes the standard demographic and economic control variables.

The top left plot estimates a specification without the demographic or economic control vari-
ables, while the top right plot shows results from a specification with three additional control
variables: whether the respondent “feels close” to a political party; whether the respondent did not
response the (partisan) vote choice question; and whether the respondent voted in the last election.
These are intended to capture other aspects of political participation and interest to ensure that
the reported pattern relates to protest and not just any type of political activity.

The second row left plot reports results from random effects estimators rather than fixed effects
models, while the second row right plot shows results when adding ethnic group fixed effects (and
still including district fixed effects). To obtain convergence in this model with district fixed effects,
we add ethnic-group means (as an ethnic-group FE proxy) for all covariates and the dependent
variable.7 The third row left plot shows results from a (district) fixed effects model with a binary
remittance variable (rather than the ordered remittance measure used in most other specifications),
while the third row right plot shows results when using an ordered protest dependent variable rather
than a binary variable. In the latter, the estimator is random effects ordered logit.8

Finally, the bottom row plots report results from splitting the sample in two different ways to
ensure that the main findings remains in the tails of the distribution for the district-level measure
of progovernment. These tests show how remittances influence protest in districts with high and
low levels of district progovernment support. The left plot splits the sample to include district
one standard deviation below the mean and one-standard deviation above the mean, leaving out
districts in the middle of the distribution. Similarly, the right plot splits the sample below the 25th
percentile and above the 75th percentile of the district-level measure of progovernment distribution,
leaving out districts in the middle 50 percent of this distribution.

Figure E-7 shows the estimates for Remittances – which is the estimated marginal effect of
remittances in opposition districts – and Remittances × Pro − government when we leave one
country out of the sample, one at a time. In all cases, dropping one country does not substantially
change the main estimate of interest: estimates for Remittances remain positive and statistically
different from zero.

In all these tests, a familiar pattern emerges: remittances are positively correlated with protest
in opposition regions but not in progovernment regions.

6In the replication materials, we estimated the interaction models with stronger results.
7Recall that there are 469 districts in the conditional logit sample.
8A district fixed effects estimator does not converge in split-samples, so we estimate a district-random effects

model with the district-level mean of progovernment as covariate to properly estimate the interaction specification.
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Figure E-6: District-coding robustness tests.
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