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Global Migration and Political Regime Type:
A Democratic Disadvantage

CHRISTIAN BREUNIG, XUN CAO AND ADAM LUEDTKE*

An indicator of globalization is the growing number of humans crossing national borders. In contrast to
explanations for flows of goods and capital, migration research has concentrated on unilateral movements
to rich democracies. This focus ignores the bilateral determinants of migration and stymies empirical
and theoretical inquiry. The theoretical insights proposed here show how the regime type of both sending
and receiving countries influences human migration. Specifically, democratic regimes accommodate fewer
immigrants than autocracies and democracies enable emigration while autocracies prevent exit. The
mechanisms for this divergence are a function of both micro-level motivations of migrants and
institutional constraints on political leaders. Global bilateral migration data and a statistical method that
captures the higher-order dependencies in network data are employed in this article.

In an age of globalization, governments have eased restrictions on movements of goods,
services and capital. Yet migration – another political problem that spans national
boundaries – provokes intense political backlashes in wealthy democracies. As James
Hollifield has argued, migration is the political mirror of trade and finance.1 The wealthier
states push hard for protection (to keep foreign labour flows out), whereas many poorer
states (though rarely explicitly) push for openness. Like trade and capital mobility, migration
is a global phenomenon with political causes and effects. Improved communications
and transport technology have made human migration easier and more people than ever
before are living outside the country of their birth. The number of world migrants rose
from 120 million to 175 million in the 1990s, and is currently estimated at 214 million.
The Economist summarized the basic contours of the movement of people around the globe
at the turn of the twenty-first century: migration to Europe and the United States is slowing,
while ‘many places including Australia, the Persian Gulf, parts of Asia and much of Africa
will no doubt see migration continue apace for some time yet.’2

* Department of Political Science, University of Toronto; Department of Political Science, Penn State
University (email: xuc11@psu.edu); and Department of Political Science, State University of New York,
respectively. The authors are listed in alphabetical order, and equal authorship is implied. Previous
versions of the article were presented at the 2008 annual meetings of the American Political Science
Association and the International Political Economy Society, and the Annual Political Networks
Conference in 2010. We would like to thank John Ahlquist, David Bearce, Bela Hovy, Mark Kayser,
Jeffrey Kopstein, David Leblang, Douglas Massey, Helen Milner, Phil Triadafilopoulos, Hugh Ward,
Michael Ward, Anton Westveld, Erik Wibbels, two anonymous reviewers and Journal Editor Kristian
Gleditsch for their helpful comments. Finally, the authors would like to thank Christopher Parsons,
Ronald Skeldon, Terrie Walmsley and L. Alan Winters for assembling the migration data upon which a
portion of the dataset is based. Replication files and an online appendix with more robustness checks are
posted on the authors’ websites.

1 James F. Hollifield, ‘Migration, Trade, and the Nation-State: The Myth of Globalization’, UCLA
Journal of International Law and Foreign Affairs, 3 (1998), 595–636.

2 ‘Briefing Migration: A turning tide?’ The Economist (26 June 2008), p. 31.



Despite ever-growing numbers of humans crossing national borders, political science
has not kept up with these new realities. Instead, the literature concentrates almost
exclusively on migration from the developing world to rich democracies (capturing only a
small share of world migration) and ignores the bilateral relationships between sending
and receiving countries. In redress, this article aims at modelling some basic mechanisms
about the political sources of global migration, focusing on the role of political regime
type. In the first global era of mass migration, before the First World War, political
regimes largely were unable to regulate migration flows. Immigrants were relatively free to
respond to economic incentives for movement. But today, analysts must take into account
the role of political regimes, because regimes ‘act as a filter y that mutes wage and
employment effects on international migration’.3

This article develops the argument that a country’s regime type affects both the volume
of immigration (entrance) and of emigration (exit). We outline both micro-level and
macro-level mechanisms to explain why democratic regimes accommodate fewer migrants
than non-democratic regimes and why democracies enable emigration to other countries
while autocracies prevent it. In explaining these mechanisms, we first identify several
theoretical arguments refuting the idea that political freedoms associated with
democracies are a key motivation for immigrants leaving their home countries. Instead,
migrants, on average, primarily are motivated by expected economic prosperity. Even if
migrants are motivated by political rationales, as in the case of refugees, they do not
usually reach democratic states.
Since much of the world’s recent economic growth has taken place in emerging markets,

a wider range of countries has become a viable destination for migration. However, a
migrant’s ability to relocate is affected by the presence of political boundaries and specified
in a political regime’s institutional rules about entry and exit. A regime’s willingness to allow
migration depends on (1) its ability to limit rights granted to workers and (2) the necessity to
respond to anti-immigrant public demands. Because non-democracies are able to grant fewer
rights to workers, their labour markets are consequently more flexible, allowing them to
make increased use of immigrant labour at will.4 In contrast, empirical research shows that
the public in even the most liberal democracies is consistently anti-immigration.5 Democratic
regimes have to respond to this public xenophobia by strengthening border controls and
deportation capacity.6 In short, autocracies attract immigrants because of their flexible
labour markets and guest worker programmes, and because their rulers are less constrained
by popular xenophobic demand. Political regimes also differ in their willingness to grant
exit to their citizens. While many authoritarian regimes do not allow freedom of exit, all
democracies allow both citizens and residents the freedom to leave. In fact, many emerging
democracies have policies in place that actively encourage citizens to seek work abroad.7

3 Barry R. Chiswick and Timothy J. Hatton, ‘International Migration and the Integration of Labor
Markets’, in Michael D. Bordo, Alan M. Taylor and Jeffrey G. Williamson, eds, Globalization in
Historical Perspective (Chicago: University of Chicago Press, 2003), pp. 65–120, at p. 86.

4 Nikola Mirilovic, ‘Explaining the Politics of Immigration: Dictatorship, Development, and Defense’,
Comparative Politics, 42 (2010), 273–92.

5 Wayne Cornelius and Marc Rosenblum, ‘Immigration and Politics’, Annual Review of Political
Science, 8 (2005), 99–119.

6 Antje Ellermann, States Against Migrants: Deportation in Germany and the United States (Cambridge:
Cambridge University Press, 2009).

7 Douglas S. Massey, ‘International Migration at the Dawn of the Twenty-First Century: The Role of
the State’, Population and Development Review, 25 (1999), 303–22.
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The difference in exit options is, we argue, one of the main reasons that democracies send
more emigrants than autocracies.
As a preview, the article’s theoretical argument can be broken down into the

following three components. First, migrants tend to seek out economic opportunities, not
political freedoms. Second, political leaders can influence the level of immigration. In
autocracies, the political leadership is less constrained than their democratic counterparts
with regard to international and domestic norms on political and civil rights (even for
immigrants) and domestic demand for anti-immigration policies. This freedom allows
autocratic leader to admit their chosen level of immigration. In democratic regimes,
political leaders are constrained by xenophobic public opinion and norms on political and
civil rights. This constraint limits their ability to admit immigrants. Third, political regime
type affects emigration. In democracies, political leaders follow the international norm to
exit a country freely. On the other hand, autocrats restrict emigration.
Using the most comprehensive bilateral data set on migration, containing 226 by

226 countries/entities,8 and a modelling strategy that accounts for country-specific, dyadic
and network effects, we are able to identify strong empirical regularities between regime
type and global migration. By uncovering this pattern and proposing some core
mechanisms for the influence of regime type on migration, this article contributes to two
bodies of scholarship. First, our findings contribute to the literature on migration and are
able to direct migration research towards theorizing migration as a global network with
political sources. Second, our article adds to the literature that examines the domestic
sources of international political economy. A large body of scholarly literature examines
the influence of domestic institutions and regime type on trade, investment and capital.9

We expand the scope of this literature into the realm of migration. In contrast to the
patterns that hold for trade or finance, we find that human migration is characterized by
democracies pushing for closure and non-democratic regimes opening their borders to
foreign flows. In sum, this article advances the study of migration by developing
a political theory of global migration, employs a statistical method that captures the
higher-order dependencies of network data, and introduces the most up-to-date and
comprehensive dataset on bilateral migration.

THE EFFECTS OF POLITICAL REGIME TYPE ON BILATERAL MIGRATION

This section develops our central argument on how political regime type affects bilateral
human migration. We first assert that, at the individual level, migration is mainly driven
by economic rather than political motivations. Given the economic motivations at the
individual level, all countries that can offer economic betterment become attractive
destinations for migration. Consequently, a political regime’s willingness to regulate entry
and exit becomes the crucial determinant for migration. We argue below that democracies
tend to bar entry and allow exit, while non-democracies tend to prevent exit and allow
entry. We explicate the individual and institutional levels in turn.

8 Missing data reduce the sample used in the subsequent analysis to 148 countries.
9 Edward D. Mansfield, Helen V. Milner and B. Peter Rosendorff, ‘Why Democracies Cooperate

More: Electoral Control and International Trade Agreements’, International Organization, 56 (2002),
477–513; Helen V. Milner and Keiko Kubota, ‘Why the Move to Free Trade? Democracy and Trade
Policy in the Developing Countries’, International Organization, 59 (2005), 107–43.
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Individual Motivations

To explain the above arguments in more depth, let us begin with the micro-foundations of
a migrant’s motivation. A great deal of both theoretical work and empirical evidence
suggests that the majority of migrants are not motivated by political factors in their choice
of departure and destination. For instance, Leblang et al., in their comprehensive analysis
of migration motivations, find ‘no statistical support for the argument that political rights
y have a significant effect on migration decisions’.10 Massey et al., in their exhaustive
review of the theoretical literature explaining international migration, highlight the various
bodies of scholarship that explain individual and household-level migration causes.11 In
their write-up, Massey et al. do not focus on political freedoms/democracy (or the lack
thereof) as either a cause of choice of exit or a choice of destination.12

Instead, past research has shown that economic concerns are the single most important
variable affecting a migrant’s decision to move and choice of destination. Pathbreaking
works by Borjas, Massey et al. and Harris and Todaro have reported extensive empirical
research on the micro-foundations of migration choice and destination.13 The research
consistently finds that migrants do perform a cost/benefit calculation and do migrate
to states in which their expected returns will be highest. Researchers even include in
their models such ‘costs’ as learning a new language or the probability of being arrested
if the trip is made illegally. Massey sums up the state of research: ‘the strongest and
most consistent influence on immigration policy came from relative wages – specifically,
the ratio of unskilled wages to per capita income’.14 More recent theorizing confirms
this economic logic by focusing more narrowly upon socio-economic factors such as
wage differentials, capital investment, labour markets, education and skills, costs of
migration versus expected returns, and economic structures and labour recruitment in a
receiving society. If democracies appear to attract immigrants, it may be simply because
they are rich;15 hence, the importance of controlling for a country’s wealth, as our analysis
below does.
For individual-level motivation, it is especially important to tackle the case of refugees,

who are often assumed to be fleeing authoritarian systems and seeking political liberties.
We grant that refugees often flee undemocratic countries (though new or unconsolidated
democracies might give rise to refugee populations as well, if ethnic or other tensions
persist after democratization). However, the conventional wisdom that refugees migrate
to democratic countries is belied by empirical evidence. According to the United Nations
High Commissioner for Refugees, Syria, Pakistan and Iran are among the world’s top

10 David Leblang, Jennifer Fitzgerald and Jessica Teets, ‘Defying the Law of Gravity: The Political
Economy of International Migration’ (Working Paper: Department of Political Science, University of
Colorado, 2007).

11 Douglas Massey et al., ‘Theories of International Migration: A Review and Appraisal’, Population
and Development Review, 19 (1993), 431–66.

12 Massey et al., ‘Theories of International Migration’.
13 George J. Borjas, Friends or Strangers: The Impact of Immigrants on the U.S. Economy (New York:

Basic Books, 1990), p. 288; Douglas Massey, Joaquin Arango, Graeme Hugo and Ali Kouaouci, Worlds
in Motion: Understanding International Migration at the End of the Millennium (Oxford: Oxford
University Press, 2005); John R. Harris and Michael P. Todaro, ‘Migration, Unemployment and
Development: A Two-Sector Analysis’, American Economic Review, 60 (1970), 126–42.

14 Massey, ‘International Migration at the Dawn of the Twenty-First Century’, pp. 308–9.
15 Timothy J. Hatton and Jeffrey G. Williamson, The Age of Mass Migration: Causes and Economic

Impact (Oxford: Oxford University Press, 1998).
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four refugee-receiving countries, with Pakistan leading the table with over one million
refugees.16 This situation makes sense when one considers that asylum-seekers arriving in
the rich world must first have the resources to make the journey, often paying tens of
thousands of dollars to human smugglers. The fact that most refugees cannot afford this
journey means that they end up in camps or other precarious situations in neighbouring
countries. Only a tiny fraction of asylum seekers manage to make the journey to the
democratic world.17 Thus, we propose that authoritarian states host at least as many
refugees as do democracies, or at least that regime type has little if any effect upon a
refugee’s destination. While one might argue that refugee populations should not be
studied in conjunction with ‘normal’ migrant stocks, recent evidence from Europe has
shown that asylum-seekers seem to arrive whenever legal avenues to economic migration
are closed. In other words, there is a suspicion that stocks of asylum-seekers may be at
least partially made up of economic migrants ‘in disguise’.18

Regime Types and Their Entry and Exit Opportunities

The above arguments merely refute the notion that individuals’ motivations to migrate
are primarily based on a desire for political rights and freedoms. Instead, migrants seek to
relocate to countries that offer sufficient economic opportunities for them. The dawning
of the twenty-first century has seen a tremendous surge of economic growth and
diversification in ‘developing’ countries, many of which are non-democracies. This growth
has created an incredible movement not only of financial capital, but also of human
capital, of high-skilled managers from developed countries, as well as low-skilled workers
from the developing world. While these workers may be leaving democratic regimes, in
many cases they are arriving in high-growth non-democracies.
The question now becomes whether individual countries are willing to open their borders

and allow emigration and welcome immigration. By understanding migration as a bilateral
phenomenon, we can posit expectations about how regime type determines a country’s exit
and entry options. With regard to entry, we argue that autocracies are more open than
democracies because their political leaders are able to offer only limited social and political
rights to immigrants (for example, in the form of guest worker programmes) and do not
need to respond to restrictionist policy demands by the populace. With regard to exit, we
contend that democracies follow the Universal Declaration of Human Rights and place
fewer restrictions on exit than autocratic regimes. Both exit and entry options and their
relationship to regime type can be delineated more carefully.
To show that dictatorships are willing to receive more migrants than democracies, it is

clear that we must take into account the global rise of ‘rich dictatorships’ and their
attraction of foreign labour. In debunking the idea that democracies are inherently liberal in
their immigration policy because of their tendency to grant political rights to non-citizens,19

16 United Nations, UNHCR: 2006 Global Trends (New York: United Nations Publications, 2006).
17 Matthew J. Gibney, The Ethics and Politics of Asylum: Liberal Democracy and the Response to

Refugees (Cambridge: Cambridge University Press, 2004).
18 Christian Joppke, Challenge to the Nation-state: Immigration in Western Europe and the United

States (Oxford: Oxford University Press, 1998); Gibney, The Ethics and Politics of Asylum.
19 David Jacobson, Rights Across Borders: Immigration and the Decline of Citizenship (Baltimore, Md.:

Johns Hopkins University Press, 1996); Rainer Bauböck, Transnational Citizenship: Membership Rights In
International Migration (Aldershot, Surrey: Edward Elgar, 1994); Yasemin Soysal, The Limits of Citizenship:
Migrants and Postnational Membership in Europe (Chicago: University of Chicago Press, 1994).
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Mirilovic argues that the two central goals of immigration policy are finding low-cost labour
and ensuring that immigrants pay more in taxes than they receive in entitlements.20 The
most common way of meeting both goals at the same time is a guest worker programme in
which foreigners are not eligible for entitlements. Autocratic regimes are the most likely to
implement such minimal entitlement programmes and flexible labour market policies because
of their ability to limit the political and social rights of migrants. An additional advantage in
employing a guest worker scheme instead of other forms of immigration is that it can swiftly
be rescinded if domestic conditions change. Thus, we expect that dictatorships, compared to
democracies, have permissive immigrant admissions policies. This permissiveness particularly
opens the doors to rich dictatorships, or the ‘competitive authoritarian regimes’ that Levitsky
and Way identify as highly linked to the global market.21

This line of argument justifies why authoritarian states’ entrance policies not only apply
to unskilled labour but also to stocks of skilled labour that have often left democracies
and moved into dictatorships. Because non-democratic states are becoming increasingly
talented at providing stable investment climates with high-profit potential, they attract a
population of highly skilled foreigners (and encourage native highly skilled labour to stay
home as well). In the words of Massey et al., ‘the movement of capital [into developing
countries] also includes human capital, with highly skilled workers moving from capital-
rich to capital-poor countries in order to reap high returns on their skills in a human
capital-scarce environment, leading to a parallel movement of managers, technicians and
other skilled workers.’22 In short, workers at all levels of skill are able to enter non-
democratic regimes, and the more flexible labour markets in these regimes give a powerful
incentive to immigrants when there is an abundance of jobs.
So far, our argument on receiving countries is related to Mirilovic’s recent work on

the relationship between regime type and migration.23 Mirilovic argues that migrants
would prefer to move to democracies, all other things being equal (we do not take a
position on this issue but note that economic preferences dominate generally). He affirms
our theoretical expectation by arguing that dictatorships end up attracting more migrants
because migrants’ economic motivations match better with dictatorships’ ability to recruit
immigrant labour. While this logic works well in a non-democratic setting, we propose
that a different set of causal mechanisms determines immigration in democracies.
Mirolovic starts with a median voter model and contends that immigration lowers wages
and increases welfare state spending (and by extension taxation). Consequently,
democracies attempt to limit migration. We agree with the main thrust of his argument
with regards to receiving countries: that autocracies recruit immigrant labour more
readily than democracies. However, we maintain that the key constraint on democratic
leaders is anti-immigrant public opinion and not wage pressure per se.
Compared to their counterparts, democratic regimes are also less likely to grant entry than

autocracies because democratic elections allow the public to select its leader and thereby
constrain a regime’s policy choices. The key distinction between non-democratic regimes and
democracies concerns the obligation of a regime’s leadership to respond to restrictionist

20 Mirilovic, ‘Explaining the Politics of Immigration’.
21 Steven Levitsky and Lucan Way, Competitive Authoritarianism: The Origins and Evolution of Hybrid

Regimes in the Post-Cold War Era (New York: Cambridge University Press, 2010).
22 Massey et al., ‘Theories of International Migration’, p. 36.
23 Mirilovic, ‘Explaining the Politics of Immigration’. We also expand the argument to the role of

regime type on determining exit restrictions.
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immigration demands. While dictators are relatively free to ignore these political costs and
do not have to be responsive to anti-immigration sentiments, democratic leaders are more
constrained by popular domestic demand and ultimately are forced to respond to public
xenophobia by tightening immigration policy. ‘Given that the primary responsibility of the
state is to tend to the welfare of its citizens y nation-states need to restrict who belongs
within their societies and to protect their ‘‘insiders’’ from ‘‘outsiders’’ ’.24 Whether or not
one agrees with this political imperative on ethical or utilitarian grounds, the main finding
of empirical research on this topic has been the relatively consistent xenophobia of the public
in democratic states. Indeed, most scholarship confirms that public opinion regarding
immigration tends to be relatively restrictionist.25 In a relatively recent review article,
Cornelius and Rosenblum summarize the existing evidence by stating that ‘a substantial
body of political science literature examines general public responses to immigration, which
are characterized throughout the industrialized world by opposition to existing immigration
levels and negative feelings about the most recent cohort of migrants.’26

Research on immigration policy in advanced democracies often focuses on whether these
public anti-immigration preferences are translated into policy outcomes. While some
institutionalist27 and interest group-based28 theories argue that immigration policy is more
liberal than public opinion, the work of Lahav argues that policy ‘reflects norms that
broadly reflect public opinion’.29 Specifically, Lahav finds that European policy co-operation
on immigration corresponds to public demands. Despite the fact that the European Union
(EU) is a liberalizing project that privileges the ‘free movement’ of goods, services, capital
and (most importantly) labour, EU-level migration policy has thus far been quite restrictive,
in line with public preferences (see also Guiraudon).30 This discussion suggests, as Massey
writes in 1999, that ‘the likely result is that core receiving countries will employ increasingly
strict measures to hinder the entry of immigrants from poorer countries, discourage their
long-term settlement, and promote their return.’31 In sum, authoritarian leaders are freer to
ignore public opinion and are more capable of devising ‘cost-saving’ immigration policies
than their democratic counterparts, and therefore we hypothesize that democracy tends to
block the entry of migrants more than autocracy does.

24 Anthony M. Messina and Gallya Lahav, The Migration Reader: Exploring Politics And Policies
(Boulder, Colo.: Lynne Rienner, 2005), pp. 32–3.

25 Joel Fetzer, Public Attitudes Toward Immigration in the United States, France, and Germany (Cambridge:
Cambridge University Press, 2000); Randall Hansen, Citizenship and Immigration in Post-War Britain
(Oxford: Oxford University Press, 2000); Virginie Guiraudon, ‘European Integration and Migration Policy:
Vertical Policy-making as Venue Shopping’, Journal of Common Market Studies, 38 (2000), 251–71; Alan
Kessler and Gary Freeman, ‘Public Opinion in the EU on Immigration from Outside the Community’,
Journal of Common Market Studies, 43 (2005), 825–50; Rita Simon and Susan Alexander, The Ambivalent
Welcome: Print Media, Public Opinion and Immigration (Westport, Conn.: Praeger, 1993).

26 Cornelius and Rosenblum, ‘Immigration and Politics’, p. 104
27 James Hollifield, Immigrants, Markets, and States: The Political Economy of Postwar Europe

(Cambridge, Mass.: Harvard University Press, 1992); Gary Freeman, ‘Winners and Losers: Politics and
the Costs and Benefits of Migration’, in Anthony Messina, ed., West European Immigration and
Immigrant Policy in the New Century (Westport, Conn.: Praeger, 2002), pp. 77–96.

28 Christian Joppke, Immigration and the Nation-State: The United States, Germany, and Great Britain
(Oxford: Oxford University Press, 1999).

29 Gallya Lahav, ‘Public Opinion Toward Immigration in the European Union: Does It Matter?’
Comparative Political Studies, 37 (2004), 1151–83.

30 Guiraudon, ‘European Integration and Migration Policy’.
31 Massey, ‘International Migration at the Dawn of the Twenty-First Century’, p. 318.
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Regimes also differ with regard to exit options available to emigrants. The Universal
Declaration of Human Rights states in Article 13 that ‘everyone has the right to leave any
country, including his own’.32 However, no corresponding right of entrance is given.
Thus, democracies, which tend to take international law more seriously, are obliged to
allow all persons on their soil to leave the country, but they are not obliged to grant
entrance to immigrants who do not fit into narrow protected categories (refugees, family
migrants). In most democracies, there are no formal requirements at all for leaving and, at
worst, individual citizens may be asked to deregister their residency.
In contrast, many non-democracies have policies in place that bar exit33 and for that reason

are cited for violating the Universal Declaration of Human Rights.34 Among other things,
this policy divergence makes it easier for skilled workers to leave poor democracies than
to leave poor dictatorships. The fact that Cuba, Belarus and Turkmenistan have some of the
world’s highest rates of doctors per capita is a telling sign here. Autocracies in all regions
restrict freedom of exit. US State Department reports for 2009 cited Cuba for denying exit
permits to medical personnel, men of military age and citizens with certain political beliefs.35

Cuba was also reported to have denied exit permits to relatives of individuals who emigrated
illegally. Cuban law provides for imprisonment of up to three years for unauthorized
departures by boat or raft. In Turkmenistan, a 2005 migration law forbids travel by any
citizen whose travel contradicts ‘the interest of national security’. The education law allows
the government to impose limitations on obtaining education in specific professions and
specialties, which has been applied to prevent students from travelling abroad to study.36 As a
final example, the Ministry of Internal Affairs in Belarus has a database of at least 100,000
persons who are prohibited from foreign travel. Under a presidential decree, the Ministry of
the Interior also tracks citizens working abroad and forces travel agencies to report people
who do not return from abroad as scheduled.37 In short, the increased freedom of exit found
in democracies enables a higher-than-expected population to live abroad, and the restrictions
placed on exit by dictatorships results in a lower-than-expected population living abroad.
Taken together, the outlined individual-level motives and macro-level differences in

providing entry and exit to citizens who are motivated to migrate allow us to propose the
article’s main hypothesis:

HYPOTHESIS 1: Non-democracies receive more immigrants than democracies, and
democracies send more emigrants than non-democracies.

Alternative Explanations for Bilateral Migration

It is well known that geographical factors play a role in bilateral transactions. All things
being equal, it is easier to send goods, services or capital across borders than it is for
humans to cross international borders. Despite the fact that technology and the diminished

32 United Nations, ‘International Migration Report 2002’, in Anthony M. Messina and Gallya Lahav,
eds, The Migration Reader: Exploring Politics and Policies (New York: Croom Helm, 2002), pp. 24–30.

33 United Nations, ‘International Migration Report 2002’.
34 Andrea Chandler, Institutions of Isolation: Border Controls in the Soviet Union and its Successor

States (Montreal: McGill-Queen’s University Press, 1998).
35 U.S. Department of State, 2009 Country Reports on Human Rights Practices, technical Report

(http://www.state.gov/g/drl/rls/hrrpt/2009/index.htm: Report, 2010).
36 U.S. Department of State, 2009 Country Reports on Human Rights Practices.
37 U.S. Department of State, 2009 Country Reports on Human Rights Practices.
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cost of travel have lowered barriers to migration, the physical distance to be travelled is still
a significant obstacle. Thus, we propose that geographic proximity plays a causal role in
diminishing or augmenting bilateral migration stocks. Geographical distance can also be a
proxy measure for more socially related variables, such as cultural or normative differences,
which may be positively related to geographic distance.38 As these social or cultural
differences increase, the volume of migration is expected to decrease. Thus, we hypothesize:

HYPOTHESIS 2: As the geographic distance between two countries decreases, the volume
of bilateral migration increases.

As discussed above, economic factors are usually theorized as a prime determinant of
migration. Despite the fact that some migrants are ‘forced’ to move by war, natural
disaster or political or other types of persecution, most scholars agree that economic
opportunity (or, at least, the prospect of it) influences the large majority of human
migration. In other words, even when poverty is not the reason for leaving a country,
economic opportunity might influence the choice of destination.39

By the same token, in many cases poverty might be the actual or primary reason for
leaving. Massey et al. argue that ‘the volume of international migration is directly and
significantly related, over time and across countries, to the size of the international gap in
wage rates’.40 However, Deutsche Bank reminds us that:

due to the substantial costs of migration, marginal differences in wages between regions do not
necessarily lead to [migration]. Migration will only set in from a certain wage gap. One-third is
often mentioned in relevant literature as [a] critical threshold, i.e. wages have to differ by over
one-third for sizeable migration to another region to occur.41

Consequently, we do not expect minute economic gaps between countries to be the most
important causal variable. However, it is clear that when significant wealth differences
occur, migration can be triggered.

HYPOTHESIS 3: As gross domestic product (GDP) per capita increases in a receiving
country, or decreases in a sending country, the volume of bilateral
migration increases.

In the book Worlds in Motion, Massey et al. bring our attention to the importance of
social networks for migration.42 Leblang et al. test the causal impact of social networks
and find that ‘the existence and volume of migrant social networks, which provide

38 Hans Linneman, An Econometric Study of International Trade Flows (Amsterdam: North Holland
Publishing Company, 1966).

39 Harris and Todaro, ‘Migration, Unemployment and Development’; Larry A. Sjaastad, ‘The Costs
and Returns of Human Migration’, Journal of Political Economy, 70 (1962), 80–93; Gustav Ranis and
John C. H. Fei, ‘A Theory of Economic Development’, American Economic Review, 51 (1961), 533–65;
W. Arthur Lewis, ‘Economic Development with Unlimited Supplies of Labor’, Manchester School of
Economic and Social Studies, 22 (1954), 139–91; Borjas, Friends or Strangers.

40 Massey et al., ‘Theories of International Migration’.
41 Deutsche Bank Research, ‘International Migration: Who, Where and Why?’ in Anthony Messina

and Gallya Lahav, eds, The Migration Reader: Exploring Politics and Policies (Boulder, Colo.: Lynne
Reinner, 2003), pp. 15–23, at p. 17.

42 Massey et al., Worlds in Motion. See also Saskia Sassen, The Mobility of Labor and Capital: A Study
in International Investment and Labor Flow (Cambridge: Cambridge University Press, 1998).
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information and support to would-be migrants, are key to understanding the perpetuation
of [migration].’43 According to Massey et al., one aspect of these social network ties can be
captured by the prevalence of common languages in the sending and receiving country.44

Given that migration is a costly endeavour, the existence of a common language should
significantly lower the barriers to entry.
Additionally, the existence of prior or ongoing colonial or neo-colonial relationships can

be a source of social networks, independent of language. Randall Hansen45 demonstrates
that the colonial ‘subject’ status held by large numbers of North Africans (with respect to
France) and residents of the Caribbean and Indian subcontinent (with respect to Britain) was
in and of itself responsible for large-scale post-war migration between the ex-colonies and the
metropole. Not even economic slowdowns and political hostility could abate the growth of
migrant population stocks. For world systems theorists (for example, Wallerstein), this is
only one chapter in a long story of colonially induced migration based on social networks.46

According to Massey et al., ‘capitalist investment foments changes that create an uprooted,
mobile population in peripheral countries while simultaneously forging strong material
and cultural links with core countries, leading to transnational movement’.47 The same
authors explain the social effects of colonization on increasing the likelihood of migration as
follows: ‘international migration is especially likely between past colonial powers and their
former colonies, because cultural, linguistic, administrative, investment, transportation and
communication links were established early and were allowed to develop free from outside
competition during the colonial era, leading to the formation of specific transnational
markets and cultural systems’.48 We can summarize this logic with the following hypothesis:

HYPOTHESIS 4: Countries that have common languages or a prior colonial relationship
have a higher volume of bilateral migration than countries without
colonial or linguistic ties.

So far, our alternative explanations have focused on rational models of migration related
to expected utility calculations that include geographical (travel), economic (wealth gaps) or
social (linguistic) costs. But none of these variables takes into account the phenomenon of
forced migration stemming from civil war or natural disasters.49 Many refugees flee from
disasters, whether natural or man-made. To capture this effect, our analysis tests for the
impact of natural disasters, as well as civil conflict in sending countries. Although victims of
natural disasters are not ‘refugees’ as recognized by the Geneva Convention, this certainly
does not mean that they do not fall into the ‘forced migrant’ category. According to the
Forced Migration Learning Module at Columbia University’s Mailman School of Public
Health, ‘forced migration’ is ‘a general term that refers to the movements of refugees
and internally displaced people (those displaced by conflicts within their country of origin)
as well as people displaced by natural or environmental disasters, chemical or nuclear

43 Leblang, Fitzgerald and Teets, Defying the Law of Gravity.
44 Massey et al., Worlds in Motion.
45 Randall Hansen, ‘Globalization, Embedded Realism and Path Dependence: The Other Immigrants

to Europe’, Comparative Political Studies, 35 (2002): 259–283.
46 Immanuel Wallerstein, The Modern World System (New York: Academic Press, 1974).
47 Massey et al., ‘Theories of International Migration’, p. 42.
48 Massey et al., ‘Theories of International Migration’, p. 42.
49 United Nations. Department of Economic and Social Affairs. Population Division, International

Migration Report 2002 (United Nations Publications, April 2003), p. 340.
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disasters, famine, or development projects’.50 Many victims of civil conflict, however, might
fall into the definition of a legally recognized ‘refugee’, though not all do. To qualify as a
refugee under international law, one must reside outside of one’s country of nationality, and
be unable or unwilling to return because of a ‘well-founded fear of persecution on account
of race, religion, nationality, membership in a particular social group, or political opinion’.
While most civil conflicts obviously produce such refugees, there is a potentially larger
group of forced migrants resulting from civil conflicts who may not be able to meet any one
of these strict standards. Such people do migrate, nonetheless, and our analysis will attempt
to model these populations by including a variable for civil conflict.

HYPOTHESIS 5: If a sending country experiences a natural disaster or a civil conflict,
bilateral migration between this country and other countries increases.

DATA AND EMPIRICAL ANALYSIS

In this section, we model bilateral stock of migration as a function of dyadic explanatory
variables, that is, common language, colonial ties, geographic distance and specific
characteristics of sender and receiver countries. Five variables describe sender and receiver
countries: polity, population size, GDP per capita, natural disaster and civil conflict. In the
following, we first describe the bilateral migration data and dyadic, as well as sender and
receiver country variables in detail. We then present a latent space model for network
analysis that takes into account not only the effects of covariates but also random country
effects (for both sender and receiver country) and higher-order dependencies often seen in
network data. This is followed by a discussion of the empirical findings.

Bilateral Migration Data

The most comprehensive bilateral dataset on bilateral migration stocks has been
constructed by Parsons et al., working in conjunction with the Development Research
Centre on Migration, Globalization and Poverty at the University of Sussex.51 The
dataset contains information on immigrants and emigrants for 226 countries/entities for
the 2000 round of censuses. Starting with all available census data, the authors employ
several steps in order to estimate missing data and identify previously unclassified cases
(such as foreigners classified as ‘Others’ or countries that do not report an immigrant’s
origin) in order to describe the total world population. Their final matrix, entailing
only foreign-born people, combines all available information on international bilateral
migrant stocks. While potentially sensitive to the estimation techniques employed, these
stock data are the most comprehensive available data on global migration.
The final version of the database contains 175.7 million international migrants. Table 1

displays some basic characteristics. Russia, Mexico and India are the top three sending
countries. More than 9 million people have emigrated from each of them. The top three
receiving countries are the United States, Russia and Germany with more than 9 million
immigrants. Interestingly, among the top ten receivers we also find Saudi Arabia,

50 Popfam, Forced Migration Learning Module, technical report, (http://www.columbia.edu/itc/hs/
pubhealth/modules/forcedMigration/definitions.html: The Harriet and Robert H. Heilbrunn Department
of Population and Family Health, Columbia University Mailman School of Public Health, 2008).

51 Christopher R. Parsons et al., Quantifying the International Bilateral Movements of Migrants, T13,
Working Paper (Development Research Centre on Migration, Globalisation and Poverty, 2005).
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Ukraine, India and Pakistan. Clearly, small island states and landlocked countries are
among the smallest sending and receiving countries. The final two columns of the table
provide a first glimpse at the migrant stock between countries. The columns present the
ratio between immigrants and emigrants for each country. At the extreme, for each
person emigrating from Oman there will be about 38 immigrants; or for every 100
Jamaican emigrants there will be one immigrant. An important aspect here is that oil-rich
Arab states have a very high receiver:sender ratio and some of the smaller and ‘poorer’
European states have a low ratio.
Figure 1 displays some of the information of the 226 by 226 country/entity matrix of

bilateral migrant stocks.52 The graphic displays all migrant populations of more than
500,000 people for the 2000 census.53 The plot employs the Fruchterman–Reingold
algorithm for placing the vertices. The width of the edges corresponds to the size of each
migrant population. While some of the central countries – such as the United States,
Germany, Russia and India – are on different continents, the ‘spokes’ of these centres
clearly are in close geographic proximity. Russia has sent and received significant
migration from its former satellite republics in the Soviet Union. By far the largest
bilateral stock is migrants from Mexico to the United States. The Arabian Peninsula

TABLE 1 Basic Characteristics of the Bilateral Migration Data, 2000*

Senders Receivers Receivers/Senders

Rank Country Emigrants Country Immigrants Country Migrants

Top Russia 12,098,614 USA 34,634,797 Oman 38.11
Ten Mexico 10,140,846 Russia 11,976,818 Qatar 25.65

India 9,059,424 Germany 9,143,243 Sau. Arabia 21.60
Bangladesh 6,832,522 Ukraine 6,947,118 UAE 15.51
Ukraine 5,877,810 France 6,277,188 USA 15.41
China 5,820,295 India 6,270,665 Côte d’Iv’re 13.22
UK 4,201,866 Canada 5,717,007 Australia 9.32
Germany 4,078,251 Sau. Arabia 5,254,812 Libya 7.29
Kazakhstan 3,598,107 UK 4,865,539 Namibia 5.85
Pakistan 3,426,337 Pakistan 4,242,682 Canada 4.38

Bottom Brunei 18,047 Malta 8,691 Haiti 0.03
Ten Oman 17,886 Mongolia 8,125 Mali 0.03

Djibouti 16,995 Mauritius 7,875 Slovenia 0.02
Botswana 16,593 Suriname 6,212 Eritrea 0.02
Qatar 15,962 Lesotho 5,519 Surinam 0.02
Bhutan 13,348 East Timor 5,307 Albania 0.01
Swaziland 11,774 Solomon Is. 3,504 Eq. Guinea 0.01
Mongolia 7,582 Maldives 3,131 Afghanistan 0.01
Solomon Is. 4,237 Guyana 1,564 Jamaica 0.01
Maldives 1,067 Eq. Guinea 1,413 Viet Nam 0.01

*Only considering independent states that are not microstates.

52 All statistical work was conducted using R (R Development Core Team, R: A language and
environment for statistical computing [Vienna, Austria: R Foundation for Statistical Computing, 2008]).

53 We use three-letter acronyms to represent countries in the figures in this article. Please see Appendix B
for corresponding country names.
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draws a large number of its migrants from the surrounding parts of Asia. Finally, a
considerable part of the ‘large’ African migration stocks occur within the continent.
The Parsons et al. data on bilateral migration are data on migration stock and consequently

we need to justify why stock data capture our hypotheses about global migration.54 The first
rationale for using stock data has to do with the fact that bilateral migration flow data are
only available for flows to and from a handful of countries in the Organization for Economic
Co-operation and Development (OECD). In other words, bilateral migration flows between
other countries in the world (Z200 countries) are completely missing. Indeed, as far as we are
aware, the best alternative bilateral migration data are from the United Nations.55 This
dataset provides bilateral migration flow data, from the early 1950s to 2004, to and from
fifteen OECD countries (Australia, Belgium, Canada, Denmark, Finland, France, Germany,
Italy, Netherlands, New Zealand, Norway, Spain, Sweden, the United Kingdom and the
United States). If bilateral migration flows among the rest of the countries in the world are
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Fig. 1. Fruchterman–Reingold layout of migration stocks of more than 500,000 people, 2000

54 Parsons et al., Quantifying the International Bilateral Movements of Migrants.
55 United Nations, International Migration Flows to and from Selected Countries (New York: United

Nations Publication, 2005).
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small enough to be negligible, the United Nations data would be a better choice for our
analysis.56 However, we know that migration flows outside the OECD countries are becoming
more and more important: Figure 1 has revealed the importance of migration flows between
Russia and other former republics of the Soviet Union; some rich Gulf countries such as
Saudi Arabia and Kuwait are important migration destinations with most of the inflow of
guest workers coming from other Middle Eastern and South Asian countries. A considerable
segment of African migration occurs within the continent. In short, the available migration
flow data capture only a fragment of the global migration pattern.
The second justification for using stock data is that migration stocks can serve as a

good proxy for migration flows. In order to test this assertion, we examine the
correlations between bilateral migration stocks from Parsons et al.57 and bilateral flows
from the United Nations,58 based on the overlapped country-pairs. The stock data from
Parsons et al. are based on the 2000 round of censuses.59 We calculate the correlations
between the stock data in 2000 and flow data from 1990 to 1999, that is, the migration
flows for the ten years before 2000. The correlation statistics are presented in Table 2: the
bilateral migration stock data in 2000 are highly correlated with bilateral migration flows
from previous years. In sum, because the data for bilateral migration flows among non-
OECD countries are systematically missing and because migration stocks can serve as a
good proxy for migration flows, we chose to use the most comprehensive stock data
available to test our hypotheses. In our models, the migration is measured with a logged
scale: the logged number of immigrants from country j living in country i in 2000.

Dyadic Covariates

Common language and colonial ties are both binary variables, with 1 denoting the
existence of a common language/previous colonial relationship and 0 otherwise. Data on
countries’ primary language(s) are obtained from the CIA Factbook.60 Data on colonial
relationship are obtained from the online data archive from Rose.61 We control for the

TABLE 2 Correlations between the Stock Data in 2000 and Flows Data, 1990–99

Year Correlation Year Correlation

1990 0.91 1995 0.59
1991 0.94 1996 0.77
1992 0.73 1997 0.73
1993 0.60 1998 0.69
1994 0.62 1999 0.74

56 United Nations, International Migration Flows to and from Selected Countries.
57 Parsons et al., Quantifying the International Bilateral Movements of Migrants.
58 United Nations, International Migration Flows to and from Selected Countries.
59 Parsons et al., Quantifying the International Bilateral Movements of Migrants.
60 CIA, The World Factbook (Washington, D.C.: Central Intelligence Agency, accessed: 03/22/2006:

http://www.cia.gov/cia/publications/factbook/fields/2122.html, 2004).
61 Andrew K. Rose, ‘Do We Really Know that the WTO Increases Trade?’ American Economic Review,

94 (2004), 98–114. The variable name in Rose’s dataset is Colony – a binary variable that indicates whether
one country ever colonized the other or vice versa. Data are available at http://faculty.haas.berkeley.edu/
arose/RecRes.htm.
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effects of proximity in geography by calculating distance using the Haversine formula
with data on latitude and longitude of capital cities taken from the world.cities database
maintained as part of the maps package in the R statistical programming package.62

Distance is calculated in thousands of kilometers (logged).

Sender and Receiver Country Characteristics

We first control for the size of population for both sender and receiver countries of
migration.63 We also include GDP per capita, measured in purchasing power parity
(PPP), for both sender and receiver countries, to test whether the common wisdom holds:
people leave poor countries and move to rich countries. Data on total population and
GDP per capita are both from World Development Indicators.
We use the annualized polity score which ranges from 210 (for highly authoritarian

states) to 110 (for highly democratic regimes) to gauge the effects of domestic institutions
in pushing and pulling migration.64 The Polity score provides the best available
measurement of the regime characteristics that we argue affect migration levels: decisional
constraints on leaders. Autocratic governments are more isolated from international and
domestic norms on political and civil rights (even for immigrants) and domestic demand
for anti-immigration policies than their democratic counterparts. The Polity data
specifically measure executive constraints, which is the core of our theory. Other measures
of democracy, such as Freedom House, do not focus as closely on executive constraints.
‘Natural disasters’ refer to ‘nature-induced cataclysmic events or situations which

overwhelm local capacity, often (although not necessarily) resulting in a request for
external assistance.’65 The OFDA/CRED International Disaster Database (http://
www.em-dat.net) carries comprehensive records of natural disasters in the world and
defines an event as a natural disaster if one or more of the following criteria are met:
(1) ten or more people reported killed, (2) one hundred people reported affected, (3) a
declaration of a state of emergency is issued, and/or (4) international assistance is
requested.66 We operationalize the natural disaster variable for our empirical analysis as
the number of years that one country experienced natural disaster(s) in the previous ten
years before 2000.
For the civil conflict variable, we use data from the UCDP/PRIO Armed Conflict

Dataset (Version 4-2007) that define conflict as ‘a contested incompatibility that concerns
government and/or territory where the use of armed force between two parties, of which
at least one is the government of a state, results in at least 25 battle-related deaths’.67

62 Ray Brownrigg, Maps: Draw Geographical Maps, R package version 2.0-40 (original S code by
Richard A. Becker and Allan R. Wilks; enhancements by Thomas P. Minka., 2008).

63 We operationalize the population size variable as the average population size (logged) of the country
in the ten years previous to 2000.

64 These data are from http://www.systemicpeace.org/polity/polity4.htm. We operationalize GDP per
capita and polity as the minimum values of the country in the ten years previous to 2000. However, the
empirical findings do not change if we operationalize these two variables as the mean values in the
previous ten years.

65 Philip Nel and Marjolein Righarts, ‘Natural Disasters and the Risk of Violent Civil Conflict’,
International Studies Quarterly, 52 (2008), 159–85.

66 We gratefully received a replication dataset from Philip Nel and Marjolein Righarts of the University
of Otago that provides data on natural disasters.

67 Nils Peter Gleditsch et al., ‘Armed Conflict 1946–2001: A New Dataset’, Journal of Peace Research,
39 (2002), 615–37.
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We operationalize the civil conflict variable as the number of years that one country
experienced civil conflict(s) in the previous ten years before 2000.
The Parsons et al. dataset contains information on immigrants and emigrants for 226

countries/entities.68 However, data on the covariates are often missing for entities that are
not an independent country or a micro state such as Kiribati or Tonga. For example,
Reunion is one of the overseas départements of France and civil conflict data are missing
for this entity. Given this, our sample contains 148 countries in our model presented
in Table 3.

A GENERALIZED LATENT SPACE NETWORK MODEL

Since global migration represents network data, a major challenge for our empirical
assessment is identifying a proper estimation technique. We use a generalized version of

TABLE 3 Posterior Distributions of Estimated Coefficients for Year 2000*

2.5% Mean 97.5%

Constant 220.06 217.18 214.34
Dyadic Effects

Common Language 0.52 0.59 0.65
Colonial Tie 1.89 2.07 2.24
Distance 21.11 21.08 21.05

Sender Effects
Polity 0.02 0.03 0.05
Population 0.59 0.67 0.74
GDP per capita 20.01 0.01 0.02
Natural Disaster 20.06 20.01 0.03
Civil Conflict 20.03 0.00 0.04

Receiver Effects
Polity 20.09 20.05 20.01
Population 0.56 0.73 0.91
GDP per capita 0.09 0.12 0.16
Natural Disaster 20.05 0.05 0.15
Civil Conflict 20.16 20.08 20.01

Random Effects
Common Sender (s2a) 0.26 0.32 0.41
Sender-Receiver (sa,b) 20.02 0.11 0.24
Common Receiver (s2b) 1.43 1.81 2.25

Dependencies
Reciprocity (r) 0.06 0.07 0.09
Error Variance (s2� ) 1.28 1.31 1.33

Latent Dimensions 1 (s2z1) 0.46 0.58 0.73

Latent Dimensions 2 (s2z2) 0.24 0.32 0.42

Latent Dimensions 3 (s2z3) 0.24 0.31 0.41

*Bayesian estimates for 2000, using Equation 1, are the posterior means for the estimated
quantities. Quantile-based, empirical credible intervals of 95% are presented. The number of
observations is 21,756.

68 Parsons et al., Quantifying the International Bilateral Movements of Migrants.
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the latent space model from Hoff.69 The model can be written as follows:

yi;j ¼ b0dxi;j þ b0sxi þ b0rxj þ ai þ bj þ gi;j þ z0izj ; ð1Þ
where

b0dxi;j ¼ dyadic effects : common language; colonial ties; distance

b0sxi ¼ sender effects : population; GDP per capita; polity; natural disaster; civil conflict

b0rxj ¼ receiver effects : population; GDP per capita; polity; natural disaster; civil conflict

ai ¼ random effect of sender

bj ¼ random effect of receiver

gi;j ¼ reciprocity

z0izj ¼ separate latent positions for sender and receiver

yi,j is the response variable, that is, the stock of immigrants from sender country i to
receiver country j in 2000. In addition to the effects of the dyadic covariates (b0dxi;j:
common language, colonial ties, and geographic distance), this model set-up adds
covariates that are specific to sender (b0sxi) and receiver (b0rxj) countries of migration.
These covariates include population, GDP per capita, polity, natural disaster and civil
conflict in both sender and receiver countries.
The model also includes random effects of sender (ai) and receiver (bj) countries.

The rationale is that in addition to the sender and receiver specific covariates already included
in the model, other variables characterizing sender and receiver countries might also affect
migration. Random effects are able to capture country-specific variables that are potentially
important but not included in our model. For example, if data were available, labour market
regulations of both sender and receiver countries and the influence of far-right parties in
receiving countries could also be included. Moreover, random effects of sender (ai) and
receiver (bj) countries can account for the heterogeneity among countries as senders and
receivers of migration. The chances are that some countries are special even after controlling
for all the possible variables that we can name. For example, Mexico is often considered an
unusual case – a country sending large number of migrants to the United States that might
not only be explained by variables such as geographic proximity, population, GDP per
capita, polity, natural disaster and civil conflict.70

Considering gi,j as the residual error term, yi;j ¼ b0dxi;j þ b0sxi þ b0rxj þ ai þ bj þ gi;j is a
typical regression model setup with random effects. Employing such a model assumes
observational independence. However, this assumption is often violated in network data
by the existence of higher-order dependencies. Social network literature makes clear that
second-order and third-order dependencies are prevalent in most network environments.
In the context of directed relationships, second-order dependence refers to what is often

69 Peter D. Hoff, ‘Bilinear Mixed Effects Models for Dyadic Data’, Journal of the American Statistical
Association, 100 (2005), 286–95.

70 We model the random effects as being multivariate normal. In this way, we can estimate their
covariance structure: s2a is the variance of the sender random effects and s2b the variance of the receiver
random effects. Additionally, the covariance between these two components is given by sab.
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described as reciprocity. This means that we expect yi,j and yj,i to be positively correlated. In
the study of international relations, strong reciprocity often exists among a large number of
dyads. Previous research on trade shows that imports from country i to j are more likely to
go up as the movement of commodities in the opposite direction within the same dyad
increases.71 Ward, Siverson and Cao also reveal strong reciprocity in the context of
interstate conflict: if country i initiates a conflict with j, one expects j to reciprocate.72

With regard to the migration network, we lack empirical evidence from previous research
on the reciprocal nature of migration stocks. We can only speculate that at least for some
areas in the world, such as Europe, we might expect high levels of reciprocity in migration.
For example, Germans emigrate to neighbouring countries and create connections between
the German labour market and those of neighbouring countries. This in itself might trigger
migration in the opposite direction: more French, Austrians and Italians going to Germany
to find jobs. Whether this pattern actually occurs and whether reciprocity of migration can
be generalized to other parts of the world is a question that our empirical analysis seeks to
answer. The latent model, therefore, further parameterizes the covariance of the errors
across dyads, that is, the covariance of the errors between gi,j and gj,i, as rs2g , allowing a
specific measure of reciprocity to be estimated by r.
Similar to second-order dependence, third-order dependence is commonly recognized in

the literature of social network analysis. Aspects of this higher-order dependence include
transitivity, balance and clusterability.73 An often-used example in the literature on third-
order dependence considers the following relationships among a triad {i,j,k}. If we know that
i considers j as a friend and j is a friend with k, then the probability that k will also be a
friend with i is likely to be higher than for a random person outside of this triad, since i and k
are at least indirectly connected in the friendship network by virtue of their separate linkages
to j. In other words, knowing something about the relationships in the first two dyads in a
triad often tells us something about the relations in the third dyad. As we think about the
nature of the third-order dependence in some network datasets, a conceptualization of a
somehow ‘unobserved’ or latent ‘social space’ in which every network actor is embedded is
very fruitful. Thus, for example, the observation of two links, i- j and j-k, suggests that i
and k are not too far away from each other in this social space (which is often unobservable),
and therefore are also likely to have a link between them.
The third-order dependence is an expression of the underlying probability of a link

between two actors. We do not observe the complete set of all of these network
characteristics, but we can infer them from the pattern of dyadic linkages. If we can map
out the latent positions of each actor in the ‘social space’, we can then assume that the ties
in the network are conditionally independent. A series of latent models have been recently
developed by Hoff, Raftery and Handcock and by Hoff where latent vectors, say zi and zj,

71 Michael D. Ward and Peter D. Hoff, ‘Persistent Patterns of International Commerce’, Journal of
Peace Research, 44 (2007), 157–75.

72 Michael D. Ward, Randolph M. Siverson and Xun Cao, ‘Disputes, Democracies, and Dependencies:
A Re-examination of the Kantian Peace’, American Journal of Political Science, 51 (2007), 583–601.

73 Stanley Wasserman and Katherine Faust, Social Network Analysis: Methods and Applications
(Cambridge: Cambridge University Press, 1994). Transitivity follows the logic of ‘a friend of a friend is a
friend’. A triad i,j,k is said to be balanced if all pairs of actors relate to one another in an identical fashion,
specifically: yi,j 3 yj,k 3 yk,i>0. The idea is that if the relationship between i and j is ‘positive’ then both
will relate to another unit k identically. Clusterability is a relaxation of the concept of balance. A triad is
clusterable if it is balanced or the relations are all negative. The idea is that a clusterable triad can be
divided into groups where the measurements are positive within groups and negative between groups.
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for any two actors i and j are used to locate the actors in the ‘social space’ in order to
account for third-order dependence.74 The latent model includes an estimate of the latent
positions of each country in the migration network (zi and zj). These latent positions (zi
and zj) index the propensities for country pairs to have similar interaction patterns
towards other countries. Put in a simple way, if two countries share similar positions in
the latent space, they have a higher probability of interacting with each other. In the
context of transnational migration, this means a high level of bilateral migration.

Empirical Findings

We model bilateral migration stock in 2000 as a function of connections between
countries including common language, colonial ties, and geographical distance, and
sender and receiver country characteristics such as polity, population, GDP per capita,
natural disaster and civil conflict. The generalized latent space model we applied also
takes into account sender-country and receiver-country random effects, as well as second-
order and third-order dependencies in network data. Model 1 is estimated by a Bayesian
Markov Chain Monte Carlo (MCMC) procedure.75 Table 3 reports our empirical
findings by showing the 95 per cent confidence intervals of the posterior distributions.76

The estimates of the dyadic effects on migration confirm some of the conventional
wisdom. Sharing a common language and historical colonial ties both increase bilateral
migration. Note that these are two binary variables. Therefore, the predicted logged
difference between a pair of countries that share a common language and a country pair
that does not, all else being equal, is about 0.6. The mean estimate for previous colonial
relationship is much larger than that of common language: the predicted logged difference
between a pair of countries with a colonial tie and a country pair without it, all else being
equal, is about 2.1. Finally, a negative mean estimate of 21.08 illustrates the importance
of geographic proximity for migration. As the distance between countries increases, their
bilateral migration decreases.
In terms of sender and receiver country characteristics, we find a strong validation of

our central argument. The polity of the sending country has a statistically significant and
positive effect on migration: the more democratic a country is, the more migrants it sends,
all else being equal. Equally important, there is a statistically significant but negative
effect of a receiving country’s polity on migration. Ceteris paribus, the less democratic a
country is, the more migration it receives. These two findings reveal an important aspect
of global migration at the end of the twentieth century. Taking both findings together, the
Bayesian estimation reveals that international migration stocks are influenced by the
barriers to entry and freedom of exit from democracies, as well as non-democracies’
willingness to take on immigrants and their ability to prevent exit.
Our findings also indicate that the total population size of both sending and receiving

countries has an important effect on bilateral migration stock: the higher the total
population of a country, the more migration it sends and receives. This finding is
consistent with Lewer and Van den Berg’s recent research on a gravity model of

74 Peter D. Hoff, Adrian E. Raftery and Mark S. Handcock, ‘Latent Space Approaches to Social
Network Analysis’, Journal of the American Statistical Association, 97 (2002), 1090–8; Hoff, ‘Bilinear
Mixed Effects Models for Dyadic Data’.

75 See Hoff, ‘Bilinear Mixed Effects Models for Dyadic Data’, for the detailed procedure of Markov
Chain Monte Carlo (MCMC) estimation. We use empirical Bayes priors with a glm-type approach.

76 Appendix A provides an assessment of the predictive power of the model.
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immigration based on data from sixteen OECD countries for 1991–2000.77 A gravity
model specifies bilateral interaction as a positive function of the attractive ‘mass’ of two
units, and a negative function of distance between them.78 Similar to Lewer and Van den
Berg, our finding here indicates that, in the world of immigration, the attractive masses
are the population size of the sender and receiver countries of migration.79

GDP per capita of the migration-sending country does not have a significant effect on
migration. Our estimation does not lend support to the idea that poverty necessarily
drives people away from their home country in search of a better life. The findings
support the notion that people in extreme poverty often lack the means to travel to other
countries.80 In contrast, GDP per capita of the receiving country (a ‘pull’ factor of
migration) has a significant and positive effect on migration. The estimate indicates that
high living standards (as measured by GDP per capita) attract immigrants.
We find no effect of natural disaster of both sender and receiver countries on migration.

Finally, countries with civil conflicts do not send out more immigrants than countries with
no or fewer incidents of civil conflicts.81 However, a significant and negative effect of a
receiver country’s civil conflict record indicates that people are less likely to move to
countries with civil conflicts. Taken together, these two findings lend support to the
argument that forced migration due to natural disasters and civil war most likely lead to
internal displacement and not necessarily to international migration.
The generalized latent space model includes random sender and receiver country effects

to account for heterogeneity among countries. We find that both the variance of the
receiver random effects (s2b) and the variance of the sender random effects (s2a) are
important and non-negligible. However, the variance of the receiver random effects,
s2b ¼ 1:81, is much more important than the variance of the sender random effects,
s2a ¼ 0:32. Table 4 lists the top ten and bottom ten countries ranked by mean random
effects for sender and receiver countries, respectively, and illustrates this dispersion. This
means that the 148 countries included in our analysis display a much higher level of
heterogeneity as receiving countries of migration than as sending countries of migration.
In other words, after taking into account the effects of the covariates and second-order
and third- order dependencies in the data, migration outflows come more evenly from all
countries, while inflows tend to go to some, but not all, countries.
Also notice that none of the top ten countries ranked by mean random receiver country

effects (led by Jordan) are OECD countries. This ranking suggests that outside the usual
(often narrow) focus on developed countries as migration destination countries, there are
other dynamics that drive international migration that cannot be easily explained by
current immigration theorizing, at least not by the variables we included in the model so far.

77 Joshua Lewer and Hendrik Van den Berg, ‘A Gravity Model of Immigration’, Economics Letters,
99 (2008), 164–7.

78 Kingsley E. Haynes and A. Stewart Fotheringham, Gravity and Spatial Interaction Models (Beverly
Hills, Calif.: Sage Publications, 1984); Ashish Sen and Tony E. Smith, Gravity Models of Spatial
Interaction Behavior (New York: Springer, 1995); Alan G. Wilson, ‘A Statistical Theory of Spatial
Distribution Models’, Transportation Research, 1 (1967), 253–69.

79 Lewer and Berg, ‘A Gravity Model of Immigration’.
80 Hein de Haas, International Migration, Remittances and Development: Myths and Fact, Global

Migration Perspectives No. 30 (Global Commission on International Migration, 2005), see http://
www.gcim.org.

81 Our findings do not change when we replace civil conflict with political terror or low intensity
conflict. The results indicate that low-intensity conflicts and political terror do not lead to emigration.
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In other words, even after controlling for the effects of geographical proximity (distance),
cultural similarity and historical legacies (common language and colonial ties), and a
battery of variables describing the political institutions, level of economic development,
demographies, natural disasters and civil conflicts of sender and receiver countries of
migration, there are still factors that we do not know (yet) that make some developing
countries attractive as the destinations of migration.82

Table 3 also reveals a statistically significant, positive, but weak reciprocity parameter,
r 5 0.07. This finding indicates the existence of the second-order dependencies in the
migration data. Moreover, we capture the third-order dependencies in the data using a three-
dimensional latent space (k5 3). The variances of these three dimensions (s2z1, s

2
z2, s

2
z3) are

important. For illustrative purposes, we collapse these three dimensions to two and display
the latent space in Figure 1.83 Recall that in the latent space, the closer the two countries, the
higher the chance of interactions between them. In the context of transnational migration,
this means a higher level of migration. A closer look at Figure 2 indicates some clustering

TABLE 4 Top Ten and Bottom Ten Countries Ranked by Mean Random Sender and
Mean Random Receiver Country Effects

Sender country
Mean random
sender effect Receiver country

Mean random
receiver effect

Lebanon 1.40 Jordan 3.56
Guyana 1.20 Nepal 2.88
Cape Verde 1.05 Philippines 2.62
Morocco 1.05 Pakistan 2.56
Russia 1.04 Kuwait 2.44
Mexico 0.96 Zaire 2.41
Congo 0.92 Burkina Faso 2.38
New Zealand 0.87 Guinea 2.33
Eritrea 0.85 Uzbekistan 2.31
Kazakhstan 0.78 Ghana 2.05

Brazil 20.83 Saudi Arabia 22.04
Côte d’Ivoire 20.89 China 22.06
Slovenia 20.94 Iran 22.13
Saudi Arabia 20.95 Bangladesh 22.29
Namibia 20.99 C’l Afri. Rep. 22.33
Uganda 21.04 Laos 22.59
Papua New Guinea 21.33 Japan 22.70
Botswana 21.38 Rep. of Korea 23.26
Oman 21.53 Sudan 23.34
Mongolia 21.57 Azerbaijan 23.54

82 A similar story can be told for the top ten countries ranked by mean random sender country effects:
Lebanon (1.40), Guyana (1.20), Cape Verde (1.05), Morocco (1.05), Russia (1.04), Mexico (0.96), Congo
(0.92), New Zealand (0.87), Eritrea (0.85) and Kazakhstan (0.78). After controlling for the effects of
dyadic and sender and receiver specific covariates, there are still factors that we do not know that make
these countries stand out as the main senders of migration.

83 Note that we choose not to display the axes in the figure, because there is no substantive meaning for
the x-axis and y-axis in a figure after multidimensional scaling – the axes only represent relative positions
for countries in the policy space and one can simply rotate the figure (therefore having different values for
the axes) and keep the same configuration for the countries in the space.

Global Migration and Political Regime Type 21



among countries in the latent space. The top-left corner is occupied by the European
countries such as Britain (GBR), France (FRA), Denmark (DNK), Luxembourg (LUX)
and Portugal (PRT). Since our model controlled for the geographic proximity (and other
variables included in the model), some unmeasured factor makes these countries mutually
‘attractive’ as migration destinations. Similar clustering can be found on the right side of the
space where most of the African countries such as Kenya (KEN), Lesotho (LSO) and
Ethiopia (ETH) lie. In short, these positions in the latent space give us more information for
dyadic interactions among countries that go beyond the monadic effects of commonly used
random country effects (ai and bj).
Finally, as robustness checks, we also ran the same latent space model for different

samples of countries. First, we excluded all the former Soviet republics. The rationale
is that the Soviet Union had considerable internal migration (some forced) and when it
split up, many of the people involved were recorded as migrants as the result of changing
country definitions rather than of any movement that they chose to undertake.84 We report
the findings based on all countries excluding fifteen former Soviet republics in Table 5 under
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Fig. 2. Latent positions for countries in migration, 2000

84 Parsons et al., Quantifying the International Bilateral Movements of Migrants.
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TABLE 5 Robustness Checks with Using Different Samples of Countries

Excluding Soviet Republics Excluding Middle East Non-OECD OECD

2.5% Mean 97.5% 2.5% Mean 97.5% 2.5% Mean 97.5% 2.5% Mean 97.5%

Constant 219.53 216.50 213.56 220.41 217.61 214.68 219.02 215.90 212.73 228.89 219.55 28.70
Dyadic Effects

Common Language 0.37 0.45 0.52 0.37 0.45 0.53 0.39 0.46 0.54 20.28 0.15 0.58
Colonial Tie 1.77 1.98 2.17 2.08 2.28 2.48 1.21 1.83 2.51 0.90 1.54 2.15
Distance 21.12 21.09 21.05 21.15 21.12 21.09 21.20 21.16 21.13 21.12 20.94 20.74

Sender Effects
Population 0.58 0.66 0.74 0.58 0.66 0.73 0.52 0.61 0.71 0.54 0.69 0.84
GDP per capita 20.01 0.01 0.03 20.01 0.01 0.02 20.06 20.03 0.01 20.04 20.01 0.02
Polity 0.02 0.03 0.05 0.02 0.03 0.05 0.02 0.03 0.05 0.07 0.17 0.28
Natural Disaster 20.06 20.01 0.03 20.06 20.01 0.04 20.11 20.05 0.00 0.00 0.07 0.15
Civil Conflict 20.03 0.00 0.04 20.04 20.00 0.03 20.02 0.02 0.05 20.13 20.03 0.07

Receiver Effects
Population 0.49 0.68 0.87 0.57 0.78 0.97 0.55 0.75 0.95 0.07 0.58 1.02
GDP per capita 0.10 0.14 0.17 0.08 0.12 0.15 0.04 0.12 0.19 0.05 0.14 0.22
Polity 20.10 20.06 20.01 20.09 20.04 20.004 20.09 20.05 20.01 20.08 0.19 0.49
Natural Disaster 20.04 0.07 0.17 20.07 0.04 0.14 20.12 0.01 0.13 20.02 0.17 0.36
Civil Conflict 20.16 20.08 20.01 20.18 20.10 20.01 20.17 20.08 20.01 20.16 0.12 0.41

Random Effects
Common Sender (s2a) 0.24 0.31 0.39 0.21 0.28 0.35 0.30 0.39 0.50 0.07 0.16 0.31
Sender–Receiver (sa;b) 20.01 0.11 0.25 20.07 0.05 0.18 20.07 0.09 0.25 0.15 0.36 0.73
Common Receiver (s2b) 1.36 1.74 2.19 20.07 0.05 0.18 1.44 1.87 2.42 0.91 1.64 2.78

Dependencies
Reciprocity (r) 0.05 0.07 0.09 0.07 0.10 0.12 0.00 0.03 0.05 0.60 0.67 0.74
Error Variance (s2� ) 1.29 1.32 1.35 1.25 1.28 1.31 1.15 1.18 1.21 0.84 0.99 1.19

Latent Dim. 1 (s2z1) 0.52 0.65 0.83 0.50 0.63 0.81 0.26 0.47 0.75 0.09 0.27 0.51

Latent Dim. 2 (s2z2) 0.21 0.29 0.40 0.23 0.32 0.43 0.23 0.31 0.42 0.07 0.26 0.53

Latent Dim. 3 (s2z3) 0.21 0.30 0.40 0.22 0.31 0.44 0.24 0.46 0.75 0.06 0.25 0.52
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the heading ‘Excluding Soviet Republics’. We also report the findings based on all countries
excluding fourteen Middle Eastern countries under the heading ‘Excluding Middle East’.
We thereby consider the possibility that the ways that some Middle Eastern countries
attract immigrants (especially from their neighbouring countries) are different from general
migration patterns of the world, given their oil-rich status.85 Moreover, we ran the model
separately for non-OECD countries and OECD countries. What we find in the analysis
based on non-former Soviet republics, on non-Middle Eastern countries, and on all non-
OECD countries, almost exactly matches what we found in the previous section covering all
countries. All else being equal, migrants tend to move to countries that are richer, less
democratic and without civil conflict.
However, the findings from the analysis based on the OECD countries suggest that

receiver country’s polity and civil conflict do not have a significant effect on migration.
This is largely due to the lack of variation in polity and civil conflict as receiver country
variables: twenty-five out of thirty current OECD countries have a polity score of 10 and
the average among these thirty countries is 9.31; meanwhile, twenty-six out of thirty
current OECD countries have no incidence of civil conflict. The only outlier is Turkey: it
experienced incidents of civil conflicts during the 1990s. Essentially, this finding goes
along with our initial claim that a scholarly focus on only OECD countries misses the
influence of regime type on migration patterns.
The analysis of OECD countries reveals another interesting aspect of migration. We

observe a high level of reciprocity for within-OECD migration as indicated by a reciprocity
parameter r estimated around 0.7. This detection of a much higher level of reciprocity
(second-order dependence) in the migration data of the OECD countries suggests that, within
the sphere of developed countries, the existence of a migrant stock from a given country in
itself significantly induces the increase in migration stock in the opposite direction.
We also explore whether political regime type interacts with the incentives to migrate

from and to a certain locale.86 In essence, the logic of our theoretical story goes from
characteristics of political regimes (democracy or not) to immigration/emigration policies
to ex-post migration outcomes. A natural theoretical extension is a potentially interactive
effect between regime types and incentives to migrate. For example, one might expect that
entry restrictions for a rich democracy are more severe than for a poor democracy due
to the heightened immigration pressure that might be expected in a more prosperous
economy. Moreover, emigration policies might be less restrictive in rich autocratic
countries than in poor autocratic countries because there is less incentive for people to
leave rich countries. Consequently, we should analyse the interactions between regime
type and GDP per capita (both for sender and receiver countries).
Using the same estimation technique, we display the results in Table 6. The estimation

makes clear that our findings concerning the estimated effects of other variables hardly
change. The mean estimates for the interaction terms between polity and GDP per capita
for both sender and receiver effects are indeed both negative: 20.0002 and 20.0005
respectively. This is consistent with the aforementioned theoretical expectations. For the
interaction between sender polity and sender GDP per capita, a negative sign means that

85 These fourteen countries include Bahrain, Iran, Israel, Jordan, Kuwait, Lebanon, Oman, Saudi
Arabia, Syria, Yemen, Morocco, Tunisia, Algeria and Egypt. Notice that not all these countries are oil-
rich countries. Some of them, for example, those in North Africa, are important sending countries of
immigrants to the oil-rich countries in the region.

86 We would like to thank an anonymous reviewer for this idea.
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as GDP per capita increases, the positive effect of democracy, that is, the negative effect
of autocracy, on emigration decreases, suggesting that as countries become richer the
emigration policies might become less restrictive because there is less incentive for people
to leave. For the interaction between receiver polity and receiver GDP per capita, a
negative sign means that as GDP per capita increases the restrictive effect of democracy
on immigration deepens; in other words, as countries become richer, immigration pressure
heightens, and immigration policies become more restrictive because democracies are more
responsive to public anti-immigration demands.
However, both estimates are far from being statistically significant in terms of the

95 per cent confidence intervals. We plot the interactive effects in Figures 3(a) and 3(b).
The long-dashed lines are the upper and lower bounds of the 95 per cent confidence
interval of the estimated effect. The dark line in between the dashed lines represents the
estimated mean coefficient. Indeed, we can see the interactive effects, both for sender and
receiver countries, are very small by looking at the slopes of the dark lines – the mean

TABLE 6 Posterior Distributions of Estimated Coefficients for Year 2000

2.5% Mean 97.5%

Constant 220.14 217.21 214.16
Dyadic Effects

Common Language 0.52 0.58 0.65
Colonial Tie 1.89 2.07 2.26
Distance 21.11 21.08 21.05

Sender Effects
Polity 0.01 0.04 0.06
Population 0.59 0.67 0.74
GDP per capita 20.02 0.01 0.03
Natural Disaster 20.05 20.01 0.03
Civil Conflict 20.03 0.00 0.04
GDP per capita3Polity 20.00 20.00 0.00

Receiver Effects
Polity 20.09 20.05 0.00
Population 0.54 0.73 0.92
GDP per capita 0.07 0.13 0.19
Natural Disaster 20.05 0.05 0.15
Civil Conflict 20.16 20.08 20.01
GDP per capita3Polity 20.01 20.00 0.01

Random Effects
Common Sender (s2a) 0.26 0.32 0.41
Sender-Receiver (sa;b) 20.02 0.11 0.23
Common Receiver (s2b) 1.44 1.83 2.32

Dependencies
Reciprocity (r) 0.05 0.07 0.09
Error Variance (s2� ) 1.28 1.31 1.34

Latent Dimensions 1 (s2z1) 0.25 0.38 0.67

Latent Dimensions 2 (s2z2) 0.26 0.52 0.71

Latent Dimensions 3 (s2z3) 0.25 0.32 0.41

Notes: Bayesian estimates for 2000, testing an interaction between GDP per capita and polity,
are the posterior means for the estimated quantities. Quantile-based, empirical credible
intervals of 95% are presented. The number of observations is 21,756.

Global Migration and Political Regime Type 25



−0.3

GDP per capita (thousand dollars) of sender countries

po
lit

y 
of

 s
en

de
r 

co
un

tr
ie

s

−0.3

GDP per capita (thousand dollars) of receiver countries

po
lit

y 
of

 r
ec

ei
ve

r 
co

un
tr

ie
s

0.00

N = 148   Bandwidth = 1.575

D
en

si
ty

−0.2

−0.1

0.0

0.1

0.2

0 10 20 30

−0.2

−0.1

0.0

0.1

0.2

0 10 20 30

0.02

0.04

0.06

0.08

0.10

0.12

0 10 20 30 40

(a)

(b)

(c)

Fig. 3. The effects of polity conditional on GDP per capita
Notes: (a) Sender (b) Receiver (c) Density, GDP per capita (thousand dollars).

26 BREUNIG, CAO AND LUEDTKE



coefficients estimated for polity conditional on different levels of GDP per capita. The
two dark lines are almost flat, suggesting that the extent to which GDP per capita
conditions the effects of polity on emigration and immigration is very small. Moreover,
Figures 3(a) and 3(b) also suggest that the effects of sender polity and receiver polity are
significant only for countries with relatively low levels of GDP per capita. However, these
changes in confidence intervals across different levels of GDP per capita could simply be a
function of the number of observations in the data associated with different income
groups. Looking at the distribution of countries according to levels of GDP per capita in
our data, we have many more observations (see Figure 3(c)) for countries with GDP per
capita lower than $10,000: the estimates on the effects of polity when GDP per capita is
relatively low are based on many more observations, which naturally give much narrower
confidence intervals.87

Since the evidence for interactive effects between regime types and income levels (for
both sender and receiver countries) is rather limited, further research in this direction
would be useful. One potential explanation for this non-finding is that labour market
competition between natives and the foreign-born is not restricted to developed, rich
countries. As far back as 1996, a survey in the New York Times found widespread anti-
immigrant sentiment and policies (including mass deportations and anti-immigrant
violence) in countries such as Gabon, Ethiopia, Zambia, Kenya, Thailand, Pakistan,
India, Mexico, Panama, El Salvador and Russia.88

CONCLUSION

This study is motivated by the pressing need for social scientists to explain international
migration networks and model them accurately. Unlike the first great era of globalization,
migration is heavily affected by regime type and policy choice, which in turn has large
political and economic effects, intersecting with other key issues like security, nationalism
and economic prosperity. Thus, migration deserves all the attention that social scientists
give it. However, the literature thus far has been hampered by a narrow focus on either
receiving conditions in the advanced industrial economies, or sending conditions in the
developing world. Given that this dichotomy hardly gives a complete picture of world
migration (witness the 2009 riots in South Africa against migrants from Zimbabwe and
Mozambique, among other fellow developing countries), our analysis attempts to explain
bilateral stocks among all categories of countries.
Our findings confirm some common assumptions but reject others. We confirm existing

scholarship on bilateral effects by finding that linguistic/colonial ties and a lower
geographic distance play a strong causal role in increasing the volume of migration
between two given countries. The linguistic/colonial variable seems to validate theories
based on social networks as independent drivers of migration. If geographic distance can
be taken as a proxy for cultural distance, as suggested by the Deutsche Bank study,89 then
social networks do indeed appear to be an important independent cause of migration.
Some striking results of our study come from factors that affect the volume of

emigration. First, three seemingly important conditions have no statistically significant

87 Andrew Gelman and Jennifer Hill, Data Analysis Using Regression and Multilevel/Hierarchical
Models (New York: Cambridge University Press, 2007).

88 Paul Smith, ‘Anti-immigrant xenophobia around the world’, New York Times, 14 February 1996.
89 Deutsche Bank Research, ‘International Migration: Who, Where and Why?’

Global Migration and Political Regime Type 27



effect on pushing migrants to leave their countries of origin. Wealth, natural disasters and
civil conflict are apparently not important here. We might explain the null finding for
natural disasters and civil conflict by pointing out that a large portion (if not a majority)
of the afflicted people do not leave their country of origin, but instead become ‘internally
displaced persons’.90 The fact that poverty does not push migrants to leave, however,
begs more detailed explanation. Upon first glance, it might appear improbable that
poverty does not cause emigration. However, the work of De Haas shows us that the
poverty–emigration relationship is much more complex than some might suspect.91 In
fact, migrants do not tend to come from the poorest of poor countries. Instead, migrants
tend to come from middle-income countries that are experiencing mid-to-late stages of
development. The reason for this occurrence is that development tends to decimate small-
scale agriculture and causes a rise in economic expectations, which are often not fulfilled
by the domestic labour market in the short term. At the same time, development increases
such trends as education and urbanization, which give potential migrants the skills and
resources to leave their countries of origin, at least until such time as their native country
can satisfy their expectations. This little-studied phenomenon is particularly fascinating
considering that it casts doubt upon the attempts of many rich-world governments to
reduce migrant populations through development assistance to sending countries (for
example, the European Union’s plan to ‘combat’ illegal migration through development
aid). In fact, the implication of our finding is that such efforts may be counter-productive
(if the goal is reducing migration), at least in the short term. If democracies wish to spread
liberal norms and attract necessary foreign labour, while also gaining greater control over
immigration flows, then putting pressure on economically growing autocracies to provide
a social safety net and political rights for immigrants could prove far more fruitful.
With respect to receiving country characteristics, some findings are fairly intuitive:

migrants tend to be attracted to countries that are larger, have more wealth and have less
civil conflict. More importantly, however, the impact of polity (political institutions) is an
important dimension of migration. An initial view might suggest that humans migrate
from non-democracies to democracies, but we find strong support for our expectation
that democracies send more emigrants and receive less immigrants than non-democracies.
The article offers an individual-level and macro-level logic as to why democracies receive
less and send more migrants than non-democracies. At the individual level, the search for
economic well-being trumps any aspiration for the political freedoms offered by
democracy. At the macro-level, it is important to recognize that democracies tend to
block entry and allow exit, while non-democracies tend to block exit and allow entry.
Clearly, a burgeoning agenda for research is to disaggregate these individual and macro-
level push and pull factors of migration in the context of our study. Our empirical findings
indicate a fruitful area for future political science research.
This article should also remind scholars working in international political economy

that, in addition to trade, investment and capital flows, migration is a crucial element of
the international environment.92 However, state incentives and preferences on trade or
finance are often divergent from those for migration. As Hollifield argues, for trade and

90 Messina and Lahav, The Migration Reader.
91 De Haas, International Migration, Remittances and Development.
92 See, for example, David Leblang, ‘Familiarity Breeds Investment: Diaspora Networks and

International Investment’, American Political Science Review 104 (2010), 584–600, for a study on how
human migration affects investment decisions.
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finance invested interests tend to follow market incentives, but with migration this is often
not the case.93 In the case of migration, purely economic arguments are usually
overshadowed by political, cultural and ideological arguments. Thus, developed states are
caught in a ‘liberal paradox’. The rules of the market require openness and factor
mobility, but the rules of the liberal polity and an anti-immigrant public require some
degree of closure. Our article sheds light on this paradox by examining the influence of
regime type on immigration. While we agree with international political economists that
regime type influences the policy options of political leaders, the policy consequences are
reversed – instead of liberalizing, democracies, in comparison to autocracies, are
restrictionist. Human migration is characterized by exiting democracies and entering non-
democratic regimes.

APPEND IX A : PRED ICT IVE POWER OF THE MODEL AND EST IMAT ION TECHN IQUE

Our latent model has a better predictive power than alternative estimation techniques. While the
latent model using a Bayesian Monte Carlo Markov Chain is much more difficult to estimate
compared to a simple OLS regression, the latent model is able to control for higher order depen-
dencies in the data and heterogeneity at sender and receiver and dyadic levels. One way to test
whether the latent model outperforms an OLS regression is to look at the their predictive power.
Figure 4 plots the predicted values of bilateral migration on the actual values, separately for an OLS
and a latent space model. A 458 line is drawn for each plot on which perfect predictions shall fall.
The latent model seems to provide better prediction as the points on the plot are closer to the 458
line. We also calculate the mean root squared error (RMSE) for both OLS and latent models:

RMSE ¼

ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffi
1

n

X
ðyi�byiÞ2

r
;

where byi is the predicted value, yi the actual value, and n is the number of observations. The latent
model has a much smaller mean root squared error (1.35) than the OLS model (1.96).
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Fig. 4. A comparison of in-sample prediction between simple OLS and latent space model.

93 Hollifield, ‘Migration, Trade, and the Nation-State’.
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APPEND IX B : COUNTRY NAMES AND ACRONYMS USED IN F IGURES

Afghanistan (AFG), Albania (ALB), Algeria (DZA), American Samoa (ASM), Andorra (AND),
Angola (AGO), Antigua & Barbuda (ATG), Argentina (ARG), Armenia (ARM), Australia (AUS),
Austria (AUT), Azerbaijan (AZE), Bahamas (BHS), Bahrain (BHR), Bangladesh (BGD), Barbados
(BRB), Belarus (BLR), Belgium (BEL), Belize (BLZ), Benin (BEN), Bermuda (BMU), Bhutan
(BTN), Bolivia (BOL), Bosnia & Herzegovina (BIH), Botswana (BWA), Brazil (BRA), Brunei
Darussalam (BRN), Bulgaria (BGR), Burkina Faso (BFA), Burundi (BDI), Cambodia (KHM),
Cameroon (CMR), Canada (CAN), Central African Republic (CAF), Chad (TCD), Chile (CHL),
China (CHN), Hong Kong (HKG), Macao (MAC), Colombia (COL), Comoros (COM), Congo
(COG), Costa Rica (CRI), Cote d’Ivoire (CIV), Croatia (HRV), Cuba (CUB), Cyprus (CYP),
Czech Republic (CZE), Democratic People’s Republic of Korea (PRK), Democratic Republic of the
Congo (COD), Denmark (DNK), Djibouti (DJI), Dominica (DMA), Dominican Republic (DOM),
Ecuador (ECU), Egypt (EGY), El Salvador (SLV), Equatorial Guinea (GNQ), Eritrea (ERI),
Estonia (EST), Ethiopia (ETH), Fiji (FJI), Finland (FIN), France (FRA), French Guiana (GUF),
French Polynesia (PYF), Gabon (GAB), Gambia (GMB), Georgia (GEO), Germany (DEU),
Ghana (GHA), Gibraltar (GIB), Greece (GRC), Greenland (GRL), Grenada (GRD), Guam
(GUM), Guatemala (GTM), Guernsey (GGY), Guinea (GIN), Guinea-Bissau (GNB), Guyana
(GUY), Haiti (HTI), Honduras (HND), Hungary (HUN), Iceland (ISL), India (IND), Indonesia
(IDN), Iran (IRN), Iraq (IRQ), Ireland (IRL), Israel (ISR), Italy (ITA), Jamaica (JAM), Japan
(JPN), Jersey (JEY), Jordan (JOR), Kazakhstan (KAZ), Kenya (KEN), Kiribati (KIR), Kuwait
(KWT), Kyrgyzstan (KGZ), Laos (LAO), Latvia (LVA), Lebanon (LBN), Lesotho (LSO), Liberia
(LBR), Libyan Arab Jamahiriya (LBY), Liechtenstein (LIE), Lithuania (LTU), Luxembourg
(LUX), Madagascar (MDG), Malawi (MWI), Malaysia (MYS), Maldives (MDV), Mali (MLI),
Malta (MLT), Martinique (MTQ), Mauritania (MRT), Mauritius (MUS), Mayotte (MYT), Mexico
(MEX), Micronesia (FSM), Monaco (MCO), Mongolia (MNG), Montenegro (MNE), Montserrat
(MSR), Morocco (MAR), Mozambique (MOZ), Myanmar (MMR), Namibia (NAM), Nepal
(NPL), Netherlands (NLD), New Caledonia (NCL), New Zealand (NZL), Nicaragua (NIC), Niger
(NER), Nigeria (NGA), Norway (NOR), Oman (OMN), Pakistan (PAK), Palau (PLW), Panama
(PAN), Papua New Guinea (PNG), Paraguay (PRY), Peru (PER), Philippines (PHL), Poland
(POL), Portugal (PRT), Puerto Rico (PRI), Qatar (QAT), Republic of Korea (KOR), Republic of
Moldova (MDA), Reunion (REU), Romania (ROU), Russian Federation (RUS), Rwanda (RWA),
St. Helena (SHN), St. Kitts & Nevis (KNA), St. Lucia (LCA), St. Pierre & Miquelon (SPM),
St. Vincent & the Grenadines (VCT), Samoa (WSM), San Marino (SMR), Sao Tome & Principe
(STP), Saudi Arabia (SAU), Senegal (SEN), Serbia (SRB), Seychelles (SYC), Sierra Leone (SLE),
Singapore (SGP), Slovakia (SVK), Slovenia (SVN), Somalia (SOM), South Africa (ZAF), Spain
(ESP), Sri Lanka (LKA), Sudan (SDN), Suriname (SUR), Swaziland (SWZ), Sweden (SWE),
Switzerland (CHE), Syria (SYR), Tajikistan (TJK), Thailand (THA), Macedonia (MKD), Timor-
Leste (TLS), Togo (TGO), Tokelau (TKL), Tonga (TON), Trinidad & Tobago (TTO), Tunisia
(TUN), Turkey (TUR), Turkmenistan (TKM), Tuvalu (TUV), Uganda (UGA), Ukraine (UKR),
United Arab Emirates (ARE), United Kingdom (GBR), Tanzania (TZA), United States of America
(USA), Uruguay (URY), Uzbekistan (UZB), Vanuatu (VUT), Venezuela (VEN), Viet Nam
(VNM), Yemen (YEM), Zambia (ZMB), and Zimbabwe (ZWE).
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